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Abstract

In response to growing platform market power, governments seek ways to strengthen
the bargaining position of content providers and other suppliers of platforms. Due
to information asymmetries between platforms and regulators, top-down interven-
tions—such as mandated transaction prices— are difficult to implement. This paper
examines the effects of a bottom-up, bargaining-based regulatory alternative: Aus-
tralia’s News Media and Digital Platforms Mandatory Bargaining Code. The Code
mandates that platforms negotiate payments for content with domestic publishers,
backed by final-offer arbitration. Using a difference-in-differences design and granular
data from Google News, I show that the Code significantly altered the composition
of news content. In particular, the share of content from large foreign publishers in-
creased, while that of major domestic publishers declined—consistent with changes in
the relative cost of displaying different types of content.
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1 Introduction

Digital platforms play a central role in today’s technology-driven economy. Some of
the world’s most valuable companies—Google, Amazon, Facebook, Apple, and Microsoft
(GAFAM)—each operate one or more digital platforms and, as of August 2025, collectively
exceed a market capitalization of 14 trillion USD.! Platform markets are characterized by
strong network effects, which reinforce incumbents’ market power and enable platform op-
erators to secure highly favorable terms from their suppliers. As a result, preventing both
current and potential future abuses of this power has become a key priority for regulators

(ACCC 2019; European Commission 2020).

Substantial information asymmetries between regulators and platform operators make
effective regulation of platform markets challenging. Digital platforms connect multiple
user groups—such as consumers, advertisers, and sellers—and often cross-subsidize across
these sides. For example, consumers are typically not charged for access, while adver-
tisers and sellers face complex and often opaque pricing structures. The wide variety of
products and services offered on platforms further complicates regulation, as there is often
no clear transaction price or standard product to evaluate. As a result, top-down regula-
tory tools—such as setting minimum transaction prices—are often poorly suited to digital

markets.

Given these limitations, some regulators have adopted bargaining-based approaches that
delegate price-setting to the transacting parties. A prominent example is Australia’s News
Media and Digital Platforms Mandatory Bargaining Code, enacted in February 2021 as the
first law of its kind in the online news industry. It was soon followed by similar initiatives,
most notably Canada’s Online News Act, which came into force in June 2023.2 These
laws require platforms to negotiate with eligible news publishers over compensation for
displaying their content. If the parties fail to reach an agreement within a fixed timeframe,
each must submit a final offer to a neutral arbitrator. This structure aims to mitigate

information asymmetries by leveraging the fact that the transacting parties are better

! Alphabet (Google), Amazon, Meta (Facebook), Apple and Microsoft: https://web.archive.org/web/
20250829121822/https://companiesmarketcap.com/tech/largest-tech-companies-by-market-cap

2 Another example is Indonesia’s Presidential Decree on Publisher Rights, adopted in February 2024.
Other countries have proposed or are in the process of implementing similar regulations, including the
United Kingdom, New Zealand (Fair Digital News Bargaining Bill), and the United States (with state-
level efforts in California (California Journalism Preservation Act)).
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placed than regulators to assess the two-sided value exchange generated through content
display and audience exposure on the platform. The threat of final-offer arbitration—and
the uncertainty about which proposal will be selected—is intended to discipline both sides

into submitting reasonable offers.

Governments have implemented these bargaining-based compensation schemes for news
publishers largely because of their appealing theoretical properties. However, there is little
empirical evidence on how they function in practice or whether they have any unintended
consequences. Australia’s Bargaining Code provides a compelling setting to evaluate the
effects of bargaining-based platform regulation for at least three reasons. First, the Bar-
gaining Code was the first of its kind, and its effectiveness has direct implications for
regulatory design elsewhere. Second, the large volume of licensing agreements signed be-
tween Google and Australian publishers (Taylor 2021; The Treasury 2022) suggests that
the regulation succeeded in strengthening the bargaining position of news providers. Third,
the policy was announced and implemented in less than a year—a relatively short window

that helps limit potential bias from anticipatory behavior or strategic adjustments.?

I use detailed web-scraped data from Google News in Australia and from two control
countries—New Zealand and South Africa—to assess how the regulation affected content
display. Implementing a difference-in-differences design, I find that while the total num-
ber of articles per publisher remains stable—reflecting the platform’s fixed layout—the
composition of displayed content shifts significantly. Foreign publishers with higher pre-
treatment content shares gain exposure, while domestic publishers—particularly larger
ones—experience a relative decline. A one percentage point increase in pre-treatment con-
tent share is associated with a 0.53 percentage point increase for foreign publishers and
a 0.07 percentage point decrease for domestic ones. These effects are strongest for World
news and for articles shown in top-ranked positions. Results are robust across alternative

specifications, aggregation levels, and placebo tests using alternative treatment groups.

This paper presents empirical evidence of an unintended consequence of the Bargaining
Code: by altering the relative prices of content, it prompted Google News to substitute

toward cheaper sources, specifically foreign outlets and smaller publishers.

3The government announced its intention to develop a mandatory bargaining code on 20 April 2020,
and the Code took effect on 3 March 2021. See Table Al for a detailed timeline.



First, substitution was shaped by the regulation’s jurisdictional scope. The Code applies
only to publishers targeting the Australian market, while Google News Australia continues
to display both domestic and foreign content. Since only Australian publishers must be
compensated, foreign content becomes relatively more attractive. Consistent with this,
I find an increase in the article share of large foreign publishers following the Code’s

introduction.

Second, negotiated reimbursement levels among domestic publishers appear to reflect
differences in bargaining power. Media reports indicate that large outlets secured cus-
tomized revenue-sharing deals, while smaller publishers received standard lump-sum pay-
ments (Turvill 2021).* This likely made smaller domestic publishers relatively cheaper
content providers. Correspondingly, my results show a decline in the share of displayed

content from large domestic publishers after the regulation took effect.

However, the extent to which Google can substitute across content types depends on the
availability of suitable alternatives. Topic-wise, substitution effects are strongest for World
news, where there is a relative abundance of non-Australian English-language content,
followed by the general Headlines section, which covers broadly relevant current affairs
spanning both domestic and international issues. In contrast, substitution is weaker—and
not statistically significant—for domestic Australian news, which rely on local reporting

and cannot be easily replaced by foreign sources.

Publishers also experience larger declines in more prominently ranked articles—those
more likely to be of higher quality—suggesting that, quality-wise, Google may be substi-
tuting away from higher-value content in favor of cheaper alternatives. Since higher-quality
articles are more likely to attract user engagement, such substitution could reduce overall
platform traffic. Moreover, high-quality journalism often has fewer close substitutes due
to its reliance on original reporting and investigative analysis. Nonetheless, the empirical
evidence suggests that, for Google News, cost considerations outweigh other factors when

determining which content to display.®

This paper contributes to three strands of literature. First, this paper illustrates the ef-

fects of employing bargaining-based platform regulation in practice, whereas previous work

4For example, the deal with News Corp reportedly includes a revenue-sharing agreement.
5Cost considerations are particularly relevant if publisher payments are tied to click-based metrics, as
is reported to be the case for larger publishers such as News Corp (Turvill 2021).



has primarily focused on its desirable theoretical properties. In particular, previous work
has shown that the final-offer arbitration mechanism used in such regulation addresses in-
formation asymmetries by incentivizing parties to make offers that reflect the true value of
the transaction, since the cost of arbitration—driven by outcome uncertainty—disciplines
both sides (Farber 1980). Because the arbitrator must select one of the two offers in its
entirety, and the parties do not know in advance which one will be chosen, they are in-
centivized to converge toward reasonable proposals (Celen and Ozgiir 2018; Farber 1980).
Other work has examined how monetary transfers affect news quality and welfare. Sandrini
and Somogyi (2024) show that when transfers can be made conditional on investments in
quality, platforms have incentives to make voluntary payments, as improved content at-
tracts more users. However, these payments fall short of the welfare-optimizing level,
suggesting that regulator-mandated transfers can raise overall welfare. My paper comple-
ments this theoretical work by providing empirical evidence on how such transfers affect

content allocation in practice.

Second, I contribute to the literature on news aggregators by documenting that changes
in the relative cost of content affect article rankings, but these effects are limited to top-
ics for which close substitutes are available. The central trade-off in the economics of
news aggregators lies between a negative business-stealing effect and a positive readership-
expansion effect (Jeon 2018). Jeon and Nasr (2016) show that the presence of an aggregator
improves news quality only when the readership-expansion effect is sufficiently large rela-
tive to the business-stealing effect. To test which of the effects dominate empirically, prior
work has leveraged Google News’s exit from Spain—following the introduction of a so-
called link tax—to assess which of these effects dominates in practice. The evidence points
to both reduced overall traffic to news sites, particularly among smaller outlets (Calzada
and Gil 2020), as well as lower individual-level news consumption (Athey et al. 2021), with
negative downstream effects on newspaper advertising revenues (Calzada and Gil 2020).
Chiou and Tucker (2017) study a dispute between the Associated Press and Google News,
finding that the removal of AP content similarly reduced traffic to the affected outlets
and led to a broader decline in news consumption. Taken together, these findings suggest
that the readership-expansion effect tends to outweigh the business-stealing effect, as total

news consumption declines when aggregators are absent or when key outlets are no longer



featured. I complement this literature by showing that aggregator behavior responds not
only to content availability but also to relative content costs, shaping which articles are dis-
played. The sizable effects on traffic documented in related work suggests that the changes
in article rankings I document likely had meaningful implications for the distribution of

user attention across news outlets.

Third, I contribute to the literature on how aggregator platforms—both in news and
other markets—decide which content to display and in what order, and how these decisions
shape user consumption. For example, Hunold et al. (2020) show that online travel agents
can discipline hotels by downgrading their ranking in response to observing lower prices
offered on the hotels’ own websites or competing platforms. Shifting focus to consumption
effects, Dellarocas et al. (2016) find that longer content snippets reduce the likelihood of
users clicking through to full articles, while Peukert et al. (2024) show that personalized
algorithmic recommendations increase news consumption when sufficient user data are
available. Ursu (2018) further demonstrate that higher-ranked content is substantially
more likely to be clicked—an insight that plausibly generalizes to news aggregators. I
contribute to this literature by showing that platform ranking decisions respond to changes

in content costs, affecting which publishers gain visibility and attention.

The remainder of the paper is organized as follows: Section 2 provides background on
the online media industry and the Bargaining Code; Section 3 describes the data sources
used in the analysis and presents descriptive statistics; Section 4 discusses the empirical

framework; Section 5 presents the results; Section 6 concludes.

2 Background

The shift from print to digital news consumption has fundamentally reshaped the indus-
try’s revenue model (Bhuller et al. 2024). Print subscriptions have declined sharply (Pew
Research Center 2019), while willingness to pay for online news remains low (Chyi 2005).5
As a result, publishers have become increasingly reliant on advertising, yet digital ad rev-
enues have not fully offset the loss of print income (Pew Research Center 2019). Classified

advertising has migrated to specialized online platforms like Craigslist (Djourelova et al.

5 According to a Reuters Media Institute survey across 20 countries, only 17 percent of respondents pay
for online news. In Australia, the figure is even lower at 13 percent (Park et al. 2021).



2025; Seamans and Zhu 2014), while the display advertising market has become highly
concentrated, with Google and Facebook dominating the online advertising supply chain
(ACCC 2019; Srinivasan 2020). These developments have left many publishers increasingly
dependent on digital platforms for monetization, heightening concerns about bargaining

imbalances in the online news industry.

2.1 The Role of News Aggregators

Digital platforms like Google and Facebook have also transformed how users discover and
consume news by aggregating content across publishers and allowing users to browse a large
volume of articles with minimal search effort. Aggregators affect traffic to news websites
through a positive readership expansion effect, as lower search costs facilitate discovery,
and a negative business stealing effect, as aggregators may divert traffic to competitors
or retain user attention on their own sites (Jeon 2018). Empirical evidence suggests that
the readership expansion effect tends to dominate, with publishers experiencing net traffic
gains from aggregator exposure (Athey et al. 2021; Calzada and Gil 2020; Chiou and Tucker
2017). Theoretically, when the readership-expansion effect dominates, the presence of an

aggregator leads to higher-quality content and greater total welfare (Jeon and Nasr 2016).

Even when aggregators increase readership and incentivize higher-quality content, San-
drini and Somogyi (2024) show that mandating transfers from aggregators to publishers
can further increase welfare, provided the payments remain below the threshold at which
platforms would prefer to “go dark”—that is, stop displaying news because the cost exceeds
the value they derive from increased traffic, user engagement, and resulting advertising rev-
enues. Indeed, Song and Manchanda (2025) document a significant decline in engagement
with non-news content on Facebook during the platform’s news blackout, estimated to have
reduced ad revenues by 4.3%. The strategic value of news content to aggregator platforms
is evident in the voluntary payments made by Google and Facebook through initiatives
such as Google News Showcase and Meta’s Journalism Project. However, in the absence
of regulation, and given publishers’ limited bargaining power, such transfers are likely to

fall short of socially optimal levels (Sandrini and Somogyi 2024).

Policymakers have long sought to address the bargaining power imbalance between

platforms and publishers by ensuring fair compensation for news content displayed on



aggregator platforms. Early regulatory efforts focused on strengthening publishers’ control
over linking and excerpting. Germany’s 2013 ancillary copyright law limited excerpts to
fewer than seven words, prompting Google to offer publishers the option to opt out of
Google News—an option many initially exercised but later reversed due to traffic losses
(Calzada and Gil 2020). Spain introduced a similar link tax in 2014, leading Google to
shut down its Spanish Google News service, which only resumed in 2022.” More recently,
the EU Copyright Directive extended similar provisions across the European Union,® with
France most actively enforcing them, including a €500 million fine against Google for
failing to negotiate in good faith.? Yet none of these initiatives led to widespread licensing

agreements.

2.2 The Australian News Media and Digital Platforms Mandatory Bar-

gaining Code

Australia’s Bargaining Code was the first to compel Google and Meta to negotiate sub-
stantial deals with multiple news publishers. To understand this regulatory approach and
its effects, it is useful to consider the structure of the Australian news market and the
context in which the Code emerged. The Australian news media industry is highly con-
centrated, with News Corp alone accounting for over half of daily print circulation and
remaining dominant in digital and television markets (Noam 2016). Traditional print and
TV outlets—News Corp, Nine, Seven, and the public broadcaster ABC—remain the most
prominent players across platforms. Digital news consumption is widespread: 86 percent
of Australians over 18 access news online, but only 13 percent pay for it (ACMA 2020;
Park et al. 2021). Most access news via algorithm-driven platforms—such as social media,
search engines, or aggregators—rather than directly through publisher websites (ACCC
2019).

Given the industry’s growing reliance on digital platforms, the Australian Competition
and Consumer Commission (ACCC) concluded in its 2019 Digital Platforms Inquiry that
dominant platforms—specifically Google and Facebook—hold significant bargaining power

over news publishers (ACCC 2019). Initially, the Australian Government encouraged the

"https://blog.google/products/news/google-news-returns-spain/

Shttps://eur-lex.europa.eu/eli/dir/2019/790/0j

“https://www.theverge.com/2021/7/13/22575647 /google-fine-500-million-french-authorities-news-
showcase
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platforms to negotiate voluntary payments with publishers. When these talks failed, the
government announced on 20 April 2020 that the ACCC would develop a mandatory news
media bargaining code. The Australian News Media and Digital Platforms Mandatory
Bargaining Code officially took effect on 3 March 2021. Table A1 in the Appendix presents

a detailed timeline of the events leading up to the regulation.

The Bargaining Code only applies to platforms that are formally designated by the
Australian Treasurer. It requires those platforms to negotiate with news publishers to
determine fair compensation for displaying news content. A key concern is that platforms
may exploit their market power during negotiations. To address this, the Code imposes a
fixed negotiation period and, if no agreement is reached, requires both parties to submit
a final offer to an independent arbitrator. The arbitrator must then select one of the
two offers in its entirety. This structure—known as final-offer arbitration—is designed to
discipline both parties by making arbitration costly: because the arbitrator cannot split the
difference and must choose one side’s proposal in full, each party is incentivized to submit
an offer that closely reflects the expected outcome. Uncertainty about which offer will be
chosen disciplines both parties to propose reasonable terms, increasing the likelihood of an

agreement without arbitration (Farber 1980; Celen and Ozgiir 2018).

However, as of March 2023—more than two years after its introduction—no platform
has been designated.'’ As a result, the Code does not formally apply. Still, the credible
threat of designation prompted both Google and Facebook to sign over 30 licensing agree-
ments with a broad range of Australian publishers, including smaller outlets (The Treasury
2022). In its review of the Code, the Treasury concluded that it had met its objectives, as
these agreements likely would not have been reached without the regulatory pressure (The
Treasury 2022). Since the Code is not formally enforced, the resulting contracts may align
with some of its provisions while deviating from others. I now turn to the most relevant

aspects of the regulation.

To be eligible for bargaining under the Bargaining Code, news media companies must
meet four criteria—referred to as “tests” in the regulation. First, they must pass the annual

revenue test by earning over AUD 150,000 in annual revenue.'’ Second, they must satisfy

Ohttps://wuw.accc.gov.au/focus-areas/digital-platforms/news-media-bargaining-code/
news-media-bargaining-code, accessed 10 March 2023
1 Approximately USD 107,000 / EUR 99,000 as of May 25, 2022.
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the core news test by producing “core news content”, defined as reporting that investigates,
explains, or covers issues relevant to public debate, democratic decision-making, or matters
of public significance at the local, regional, or national level (paragraph 52A, Australian
Government 2021). Third, they must pass the Australian audience test, which requires
that their content is produced for, and consumed by, an Australian audience—thereby
placing them within the jurisdiction of the Australian Government. Finally, they must
meet the professional standards test, requiring adherence to industry codes or equivalent

rules ensuring editorial independence.

If the parties reach an agreement on compensation, the regulation does not specify the
duration or form of payment. However, if the negotiation proceeds to final-offer arbitration,
each party must submit a final offer specifying a lump-sum payment valid for two years. The
regulation also includes a non-discrimination clause, prohibiting platforms from treating

news media companies covered by the Code less favorably than those not covered.

There is limited public information on these deals due to strict confidentiality clauses,
but they were estimated to generate over A$200 million in annual payments to Australian
news media organizations (Sims 2020), and most were signed for three years.'?> Notably, the
bulk of these payments went to the four largest media companies: News Corp reportedly
secured A$69 million per year, Seven West and Nine each A$30 million, and the public
broadcaster ABC A$25 million (Turvill 2021).' Payments to newspapers in Australia,
where the regulation explicitly requires this, are reported to be considerably larger than
those of comparable or even larger publishers elsewhere. For example, according to these
media reports, Australian news publishers together concluded deals worth more than triple
the value of the deals concluded by British news publishers (Turvill 2021), even though

the UK has a significantly larger media market.

12https ://www.sbs.com.au/news/article/a-meta-sized-question-can-the-australian-government-force-tech-giant
gkboslfvd
13 Available information suggests that larger publishers negotiated individualized, multi-component agree-
ments with Google. For example, News Corp’s deal reportedly includes not only participation in the Google
News Showcase program—Google’s primary vehicle for licensing payments—but also ad-revenue sharing
via Google’s advertising technology services and support for audio and video journalism on YouTube
(News Corp 2021; Turvill 2021). In contrast, smaller publishers appear to have received more standardized
contracts.
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3 Data

3.1 Google News Data

To assess the impact of the Bargaining Code on how news content is displayed, I collect
data from the Australian version of Google News'4 via web scraping between June 2020 and
November 2021. To construct a control group, I also collect data from English-language
versions of Google News in two comparable countries: South Africa and New Zealand.
During scraping, I use a VPN with an IP address located in the respective country to
replicate local access conditions. I randomize the order in which countries are scraped in

each iteration to avoid systematic timing differences.

Google News displays articles in a hierarchical format, grouping up to five articles
covering the same news event into clusters. I refer to these clusters—articles reporting on
the same specific event—as stories. For this analysis, I use data from the Google News front
page, which covers a range of topics. I restrict attention to the Headlines, Australian news,
and World news sections, as these are displayed at the top of the page and load immediately.
The Headlines section, shown at the top, contains up to six stories comprising a mix of
articles on major current events. This is followed by the Australian news and World news
sections, each featuring up to four stories. These sections most closely approximate the
definition of “core news” used in the Bargaining Code to determine which content qualifies

for bargaining (see Section 2).

I record both the rank of each news story on the Google News front page (see the larger
solid box in Figure 1) and the rank of each article within a given story (see the smaller
dashed box in Figure 1). For each article, I also collect the metadata displayed by Google
News: the article title, the publisher name, the link to the publisher’s website, and the exact
publication timestamp. Table A2 summarizes all variables used in the analysis. For the
top-ranked story, all articles are displayed immediately. For the remaining stories, the first
two articles are visible by default, while additional articles are hidden behind a clickable
arrow at the bottom-right of the story box (see Figure Al). I exploit this design feature
to study heterogeneity in treatment effects across more and less prominently displayed

articles.

Mnews.google.com/topstories?hl=en-AU&gl=AU&ceid=AU:en
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Figure 1: The Front Page of the Google News Aggregator in Australia on 1 June 2020.
Larger Solid Box Indicates a Story and Smaller Dashed Box Indicates an Article.
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I aggregate the data at the daily level, where each observation consists of four snapshots
of the Google News front page—one from each quarter of the day. For each quarter, I

randomly select one observation due to occasional missing data.!?

Table 1 presents summary statistics. On average, there are 233 articles per day prior
to the treatment and 234 afterward.!® Reflecting the broader market structure of the
Australian news industry, the distribution of articles across publishers on Google News is
highly right-skewed: most publishers are absent at any given time, while a few dominant
outlets appear regularly. Thus, the average number of articles per publisher remains con-
stant at 0.31 before and after the treatment, but the maximum is considerably higher—71
articles prior and 68 after. This corresponds to an average publisher share of 0.1% in both

periods, with maximum daily shares reaching 28.9% before and 28.1% after the treatment.

New articles—defined as articles appearing on the platform for the first time—follow a

similar distribution to articles overall. On average, there are 87 new articles per day both

'5Missing observations arise when the scraping script fails, for instance due to changes in the Google
News page structure or temporary connectivity issues. The results are robust to using the full set of
available hourly observations.

Each day includes four snapshots.
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before and after the treatment, representing just over one-quarter of all articles in each
time period. The distribution of new articles across publishers is also highly right-skewed:
the average publisher contributes 0.14 new articles per day, while the maximum reaches 31.
This corresponds to an average publisher share of 0.2% in both periods, with maximum

daily shares of 31.6% before and 31.3% after the treatment.

On average, an article remains visible on the platform for 13.2 hours prior to the treat-
ment and 13.1 hours afterward. The average number of publishers represented on the
platform per day is 31.1 before the treatment and 31.5 after.

Table 1: Summary Statistics of news on Google News in Australia.

Before After
Mean Sd p25 p50 P75 Max Mean Sd p25 p50 p75 Max

All Articles

Per Time Period 233 17 221 235 245 276 234 19 224 236 246 280

Per Publisher 0.31 267 0.00 0.00 0.00 71 031 276 0.00 0.00 0.00 68

Share per Publisher 0.001 0.011 0.000 0.000 0.000 0.289 0.001 0.012 0.000 0.000 0.000 0.281
New Articles

Per Time Period 87 15 76 86 97 122 87 16 7 87 97 130

Per Publisher 0.14 1.01 0.00 0.00 0.00 31 0.14 1.03 0.00 0.00 0.00 31

Share per Publisher 0.002 0.012 0.000 0.000 0.000 0.316 0.002 0.012 0.000 0.000 0.000 0.313
Other

Article Duration (Hours) 13.20 11.40 3.00 11.00 21.00 129 13.07 11.12 3.00 11.00 21.00 85

Publisher Count 31.07  5.04 28.00 30.00 34.00 43 31.50 459 29.00 31.00 34.00 49

Note: The summary statistics are based on four snapshots per day aggregated across Headlines, Australian
and World news.

3.2 Data on Publisher Country

I extend the dataset by identifying the country of origin for each publisher. Where possible,
I infer the publisher’s country based on the website’s top-level domain.'” For the remaining
cases, | manually assign publisher countries using information available on the publisher’s

website or, for smaller outlets, their social media pages.

Table 2 reports the share of articles by publisher country. Prior to the treatment, 86%
of articles originate from Australian publishers, 6% from British publishers, 6% from U.S.
publishers, and 4% from other foreign publishers. After the treatment, the shares are 86%,

6%, 6%, and 5%, respectively.

7For example, a website ending in .com.au is assumed to belong to an Australian publisher.
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Table 2: Summary Statistics of news on Google News in Australia by Publisher Country.
Before After
Mean Sd p25 p50 p75 Max Mean Sd p25 p50 p75 Max

Share by Country

Domestic 0.86 0.04 083 086 0.88 0.95 086 0.04 0.83 0.85 0.88 0.95
United States 0.06 0.02 0.05 0.06 0.08 0.13 0.06 0.02 0.04 0.06 0.07 0.10
United Kingdom 0.06 0.02 0.05 0.06 0.08 0.13 0.06 0.02 0.04 0.06 0.07 0.10
Other 0.04 0.01 0.03 0.04 0.05 0.08 0.05 0.02 0.04 0.05 0.06 0.11

Note: The summary statistics are based on four snapshots per day aggregated across Headlines, Aus-
tralian and World news.

4 Empirical Framework

I estimate the following multiple difference-in-differences model using ordinary least squares

panel fixed effects within regressions:

Yite = a1 + B1After,

+mAftery x Domye + yaAftery x MS;. + v3AU. x Aftery

+01Aftery X MS;. x Dom;. + 62AU. x Aftery x MS;. + dgAftery x AU, x Domj,
+11 AU x Aftery x MS;c. x Domj

+:U'ic + Ut + Eite
(1)

The dependent variable Y. is either the share or the count of articles per each publisher
i, time period ¢t and country c¢ on Google News. On the right hand side, After; is a
treatment dummy equal to 1 all time periods after the Bargaining Code has been passed,
AU, is a dummy equal to 1 for the Australian version of Google News, Dom,. is a domestic
publisher dummy equal to 1 for articles from publishers in that country and M.S;. is a
continuous size variable based on the pre-treatment article share on Google News of each
publisher in that country. u;. are website fixed effects and v; are date fixed effects. Time
invariant variables and their interactions are omitted as these are absorbed in the website
fixed effects. Coefficients 73, d2, d3 and 77 (see the bolded terms in the equation above)

jointly constitute the treatment effect. I cluster-bootstrap the standard errors e;. by
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publisher for correct inference (Abadie et al. 2023; Bertrand et al. 2004; Cameron et al.
2008).

I use South Africa and New Zealand as control countries in the main analysis. Both are
predominantly English-speaking, have broadly comparable media markets, and—critically—did
not implement news publisher compensation policies or participate in Google’s News Show-

case program during the observation period.

Initially, I also considered Ireland and Canada as potential control countries. Like South
Africa and New Zealand, they host English-language versions of Google News that feature
a mix of domestic publishers and a substantial share of UK- and US-based outlets. This
structure implies that Google could, in principle, substitute domestic coverage with foreign
(primarily UK or US) content in all four countries—mirroring the type of substitution that

could occur in Australia.

However, as noted in Section 2, Google began rolling out its News Showcase licensing
program in multiple countries during the study period, including Ireland and Canada. Pub-
lic information on the timing and scope of these agreements remains incomplete. Table A3
summarizes the most relevant evidenceon the Google News Showcase. Given the absence
of such deals in South Africa and New Zealand—and the lack of regulatory discussions

similar to Australia’s—I retain these two countries as the primary control group.

Table 3 presents summary statistics for key variables in Australia, South Africa, and
New Zealand. On an average day, Australia features slightly more total and new articles
than either of the control countries. Articles in Australia also exhibit higher turnover, with
an average platform duration of 13 hours, compared to 18 hours in both South Africa and
New Zealand. The share of domestic articles is similar across the three countries: 86%
in Australia, 85% in South Africa, and 86% in New Zealand. The distribution of foreign
articles—across the United States, Great Britain, and other countries—is likewise broadly

comparable.
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Table 3: Summary Statistics: Google News in Australia, South Africa and New Zealand.

Before After
Australia South Africa New Zealand Australia South Africa New Zealand
Mean Sd  Mean Sd  Mean  Sd Mean Sd  Mean Sd  Mean  Sd
All Articles
Per Time Period 233 17.33 220 19.74 204 26.00 234 18.87 213 22.21 212 20.36
Per Publisher 0.31 2.67 0.32 2.75 0.34 3.43 0.31 2.76 0.31 2.94 0.35 3.69
Share per Publisher 0.001 0.01 0.001 0.01 0.002 0.02 0.001 0.01 0.001 0.01 0.002 0.02
New Articles
Per Time Period 87 14.93 61 14.84 60 14.07 87 1590 59 13.69 64 13.93
Per Publisher 0.14 1.01 0.11 0.83 0.11 1.04 0.14 1.03 0.11 0.86 0.12 1.13
Share per Publisher 0.002 0.01 0.002 0.01 0.002 0.02 0.002 0.01 0.002 0.01 0.002 0.02
Share by Country
Domestic 0.8 004 085 0.06 0.86 0.06 0.8 0.04 089 0.04 088 0.04
Us 0.06 002 005 002 006 0.02 0.06 002 005 002 005 0.02
GB 0.06 002 009 0.04 0.08 0.03 0.06 002 006 002 006 0.03
Other 0.04 001 005 002 004 0.01 0.05 002 005 002 005 0.02
Other
Article Duration (Hours) 13 11.40 18 14.35 18 15.28 13 1112 18 13.76 17 1497
Publisher Count 31 5.04 24 4.56 19 4.35 32 4.59 24 5.16 20 4.47

Note: The summary statistics are based on four snapshots per day aggregated across Headlines, Domestic
(Australian, South African or New Zealand) and World news.

The identification of causal effects in a difference-in-differences (DiD) framework relies
on several key assumptions. Most importantly, the parallel trends assumption requires that,
conditional on relevant covariates and in the absence of treatment, the treated and control
units would have followed similar trends over time (Cunningham 2021). Because I estimate
a multiple-differences model, this assumption must hold across all relevant comparisons
(Olden and Mgen 2022). Moreover, since treatment intensity is continuous—proxied by
a publisher’s pre-treatment article share—the parallel trends assumption must also apply

across different levels of treatment exposure (Callaway et al. 2021).

To assess the plausibility of these assumptions, Figures 2 and 3 present monthly event
study estimates of the key outcomes, using publishers in New Zealand and South Africa
as control groups, respectively. To mitigate the influence of long-run secular trends that
could bias the estimates, I detrend the event study coefficients following Dobkin et al.
(2018) and Rambachan and Roth (2019). Alternative specifications including country-
specific time trends are reported in the Appendix. In addition, I aggregate the event
study estimates at a higher temporal aggregation level to smooth out the high-frequency

volatility that is common in news media markets.!®

8 Figures A2 and A3 in the Appendix present event study estimates at the weekly level. Results at both
levels of temporal aggregation support the parallel trends assumption on average. However, the weekly
estimates display greater variability around the mean, reflecting the high volatility of publisher market
shares in news media markets over shorter time intervals.
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Figure 2: Article Share: Monthly event study coefficients with New Zealand as the control
group
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Figure 3: Article Share: Monthly event study coefficients with South Africa as the control
group
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The difference-in-differences design assumes no spillovers from treated to control units
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(Cunningham 2021). While Australian articles account for only 0.03

Finally, the difference-in-differences approach assumes no anticipatory effects (Cunning-
ham 2021). In this context, that implies Google did not adjust its news display behavior
in anticipation of the regulation. While this cannot be definitively ruled out, such antici-
patory adjustments would likely bias the estimated treatment effects toward zero, making
my results a conservative estimate. Moreover, there is little evidence of such behavior:
most licensing agreements were signed shortly before the regulation came into force, and
no payments were made prior to that. As a result, Google would have had limited incentive

to adjust rankings in advance.

5 Results

5.1 Composition of News

Table 4 presents the estimated effects of the Bargaining Code on the composition of articles
shown on the Australian version of Google News. Columns (1) and (2) report results using
publisher article share as the dependent variable, with South Africa and New Zealand as
control groups, respectively. Columns (3) and (4) replicate the analysis using article count

as the dependent variable.

In both specifications, the interaction between the Bargaining Code and the Australian
Google News version is not statistically significant, nor is the triple interaction with
the domestic publisher dummy. This is consistent with the design of the policy, which
changed the relative value of content along two dimensions—publisher size and domestic-

ity—simultaneously.

Consistent with this, I find that, relative to the control group, a one-percentage-point
increase in pre-treatment share is associated with a 0.53 respectively 0.45 percentage-point
increase in article share for foreign publishers in Columns (1) and (2). However, this pos-
itive effect is offset for domestic publishers, where the interaction term is negative and of
similar magnitude: —0.60 (-0.47), leading to a small net decline of 0.07 (0.02) percent-
age points per additional unit of pre-treatment share. Results using article count as the

outcome (Columns 3 and 4) show the same pattern, with estimated effects of comparable
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size.

Table 4: Share & Count of Articles Per Publisher (4 Daily Quarters).
(1) ) (3) (4)

DiD ZA DiD NZ DiD ZA DiD NZ
VARIABLES Article Share Article Share Article Count  Article Count
1.Australia x 1.After -0.000 -0.000* -0.013 -0.015*
(0.000) (0.000) (0.008) (0.008)
1.Australia x 1.After x 1.Domestic 0.001 0.001 0.120 0.243
(0.001) (0.001) (0.119) (0.162)
1.Australia x 1.After x c.ArticleShare 0.530%** 0.446%*** 109.573%** 88.522%**
(0.173) (0.146) (38.188) (32.171)
1.Australia x 1.After x c.ArticleShare x 1.Domestic  -0.596**%* -0.466*** -130.393*** -99.729%**
(0.192) (0.159) (42.257) (35.163)
Constant 0.002%** 0.002%** 0.438%** 0.451%**
(0.000) (0.001) (0.100) (0.118)
Observations 263,168 262,656 263,168 262,656
R-squared 0.034 0.024 0.027 0.017
Publishers 1,028 1,026 1,028 1,026
Time Periods 256 256 256 256
Publisher FE v v v v
Date FE v v v v
Estimator OLS OLS OLS OLS
Model FE FE FE FE

Bootstrapped standard errors in parentheses (200 replications), clustered at publisher level
R p<0.01, ** p<0.05, * p<0.1

Table 5: Treatment Effect (% Change) by Pre-treatment Article Share.
10% Article Share 5% Article Share 1% Article Share
DiD ZA DiD NZ DiDZA DiD NZ DiD ZA DiD NZ
Domestic Publishers -0.660% -0.205% -0.330% -0.103% -0.066% -0.020%
Foreign Publishers 5.300%  4.460%  2.650% 2.230% 0.530%  0.223%

5.2 Source of Compositional Changes

The main results show that the composition of displayed news changes following the in-
troduction of the Bargaining Code. These changes can arise through two channels: (i)
a shift in the type of new articles introduced to the platform, or (ii) a change in article
duration—that is, how long an article remains on the platform after it is first shown. I find

evidence in support of the first channel and present the corresponding results in Table 6.

The regression coefficients in Columns (1) and (2) of Table 6 are broadly consistent
with those in Table 4, indicating that the compositional changes are primarily driven by
the types of new articles introduced on the platform. Column (3) shows a similar pattern,

while the coefficients for the same interactions in Column (4) are directionally consistent

19T find no evidence that article duration changes systematically with the treatment and therefore omit
these results for brevity.
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but not statistically significant. These regressions include fewer observations due to missing

data.20

Table 6: Share & Count of Articles per Publisher (4 Daily Quarters) - New Articles.
1) 2 (3) (1)

DiD ZA DiD NZ DiD ZA DiD NZ
VARIABLES Article Share Article Share Article Count  Article Count
1.Australia x 1.After -0.000* -0.000 -0.009* -0.007
(0.000) (0.000) (0.006) (0.005)
1.Australia x 1.After x 1.Domestic 0.001 -0.000 0.066 -0.016
(0.001) (0.001) (0.056) (0.042)
1.Australia x 1.After x c.ArticleShare 0.573%** 0.539** 29.695* 19.842
(0.203) (0.238) (17.176) (18.085)
1.Australia x 1.After x c.ArticleShare x 1.Domestic  -0.654%*%* -0.555%** -37.021%* -27.873
(0.220) (0.236) (18.067) (17.903)
Constant 0.002%** 0.002%** 0.191%** 0.178%**
(0.000) (0.001) (0.044) (0.045)
Observations 210,456 204,768 210,456 204,768
R-squared 0.021 0.013 0.014 0.017
Publishers 888 864 888 864
Time Periods 237 237 237 237
Publisher FE v v v v
Date FE v v v v
Estimator OLS OLS OLS OLS
Model FE FE FE FE

Bootstrapped standard errors in parentheses (200 replications), clustered at publisher level
ik 50,01, ** p<0.05, * p<0.1

Table 7: Treatment Effect (% Change) by Pre-treatment Article Share) - New Articles.
10% Article Share 5% Article Share 1% Article Share
DiD ZA DiD NZ DiD ZA DiD NZ DiD ZA DiD NZ
Domestic Publishers -0.081% -0.016% -0.041% -0.008% -0.008% -0.002%
Foreign Publishers 5.730%  5.390%  2.865%  2.695%  0.573%  0.539%

5.3 Heterogeneous Effects by News Topic

I further investigate whether the effect size varies by news topic. Substitution toward
foreign content is likely to be more feasible in World news, where international coverage
is more similar across publishers. In contrast, foreign publishers are less likely to cover
domestic Australian news, limiting substitution opportunities in that category. Table 8
supports this hypothesis: the strongest substitution effects are observed in World news,
followed by Headlines, while no statistically significant effects are found in the Australian

news section.

20Gpecifically, I retain observations where an article appears for the first time and the preceding obser-
vation was not more than two hours earlier.
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Table 8: Share of Articles per Publisher (4 Daily Quarters) - by News Topic: World News,
Headlines & Australian News.

(1) 2 () (4) ©) (6)

DiD ZA DiD ZA DiD ZA DiD NZ DiD NZ DiD NZ
VARIABLES Article Share  Article Share Article Share Article Share  Article Share Article Share
World News Headlines Australian News ~ World News Headlines Australian News
1.Australia x 1.After 0.000 -0.000* -0.001 0.000 -0.000%* -0.001*
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
1.Australia x 1.After x 1.Domestic 0.002 0.001 0.002 0.000 0.001 0.004*
(0.001) (0.001) (0.002) (0.002) (0.001) (0.002)
1.Australia x 1.After x c.ArticleShare 0.873** 0.508*** 0.156 0.776%* 0.356** 0.247
(0.413) (0.176) (0.179) (0.384) (0.157) (0.193)
1.Australia x 1.After x c.ArticleShare x 1.Domestic  -1.068** -0.544%** -0.192 -0.857** -0.341%* -0.316
(0.434) (0.196) (0.202) (0.392) (0.169) (0.201)
Constant 0.003*** 0.004%** 0.008*** 0.003%** 0.004%** 0.008***
(0.001) (0.001) (0.002) (0.001) (0.001) (0.003)
Observations 192,512 138,496 60,416 204,544 117,504 60,672
R-squared 0.038 0.023 0.005 0.022 0.015 0.009
Number of web_id 752 541 236 799 459 237
Time Periods 256 256 256 256 256 256
Website FE v v v v v v
Date FE v v v v v v
Estimator OLS OLS OLS OLS OLS OLS
Model FE FE FE FE FE FE

Bootstrapped standard errors in parentheses (200 replications), clustered at publisher level
** p<0.01, ** p<0.05, * p<0.1

5.4 Heterogeneous Effects by Prominence of Display Position

I examine whether treatment effects vary by the prominence of an article’s position on
the Google News front page. In the absence of monetary transfers, article prominence
likely reflects the platform’s perceived content value and should be broadly correlated with
quality. To proxy for display prominence, I distinguish between articles that are immedi-
ately visible upon opening the Google News homepage and those that require clicking an

additional button to view a drop-down list (see Section 3 for details).

Table 9 reports results for visible articles, and Table 11 presents results for non-visible
articles. Tables 10 and 12 summarize treatment effects by publisher nationality and article
visibility.

The results indicate that the positive effect on foreign publishers is smaller among
visible articles—0.406 (0.322) percentage points—compared to 0.764 (0.764) for non-visible
articles. In contrast, the negative effect on domestic publishers is larger for visible articles:
—0.087 (-0.025), versus —0.048 (—0.002) for non-visible articles. This pattern may reflect
differences in the composition of publishers appearing in each location: 528 (530) unique

publishers appear in visible positions, compared to 870 (880) in non-visible positions.
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Table 9: Share & Article Count per Publisher (4 Daily Quarters) - Visible Articles.

M) @ ® @
DiD ZA DiD NZ DiD ZA DiD NZ
VARIABLES Article Share Article Share Article Count  Article Count
1.Australia x 1.After -0.000 -0.000 -0.010 -0.013
(0.000) (0.000) (0.010) (0.011)
1.Australia x 1.After x 1.Domestic 0.001 0.001 0.138 0.190*
(0.001) (0.001) (0.108) (0.113)
1.Australia x 1.After x c.ArticleShare 0.406*** 0.322%* 49.397F** 37.132*
(0.149) (0.148) (19.156) (19.192)
1.Australia x 1.After x c.ArticleShare x 1.Domestic  -0.493*** -0.347** -62.482%** -45.517**
(0.172) (0.153) (22.047) (19.823)
Constant 0.004*** 0.004*** 0.504%** 0.515%**
(0.001) (0.001) (0.121) (0.151)
Observations 135,168 135,680 135,168 135,680
R-squared 0.016 0.010 0.013 0.010
Publishers 528 530 528 530
Time Periods 256 256 256 256
Publisher FE v v v v
Date FE v v v v
Estimator OLS OLS OLS OLS
Model FE FE FE FE

Bootstrapped standard errors in parentheses (200 replications), clustered at publisher level
ik 50,01, ** p<0.05, * p<0.1

Table 10: Treatment Effect (% Change) by Pre-treatment Article Share - Visible Articles.
10% Article Share 5% Article Share 1% Article Share
DiD ZA DiD NZ DiD ZA DiD NZ DiD ZA DiD NZ
Domestic Publishers -0.870% -0.250% -0.435% -0.125% -0.087% -0.025%
Foreign Publishers 4.060%  3.220%  2.030%  1.610%  0.406%  0.322%

Table 11: Share & Count of Articles per Publisher (4 Daily Quarters) - Non-Visible Articles.

o) ® ) )
DiD ZA DiD NZ DiD ZA DiD NZ
VARIABLES Article Share Article Share Article Count  Article Count
1.Australia x 1.After -0.000 -0.000* -0.009* -0.009**
(0.000) (0.000) (0.005) (0.004)
1.Australia x 1.After x 1.Domestic 0.000 0.001 0.025 0.091
(0.001) (0.001) (0.055) (0.073)
1.Australia x 1.After x c.ArticleShare 0.716*** 0.589%** 60.489%** 47.002%**
(0.227) (0.199) (20.924) (17.873)
1.Australia x 1.After x c.ArticleShare x 1.Domestic  -0.764**%* -0.605*** -68.555*** -49.371%%*
(0.240) (0.203) (22.128) (18.372)
Constant 0.002%** 0.002*** 0.211+%* 0.216***
(0.001) (0.000) (0.048) (0.047)
Observations 222,720 225,280 222,720 225,280
R-squared 0.030 0.019 0.025 0.015
Publishers 870 880 870 880
Time Periods 256 256 256 256
Publisher FE v v v v
Date FE v v v v
Estimator OLS OLS OLS OLS
Model FE FE FE FE

Bootstrapped standard errors in parentheses (200 replications), clustered at publisher level
K p<0.01, ** p<0.05, * p<0.1
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Table 12: Treatment Effect (% Change) by Pre-treatment Article Share - Non-Visible
Articles.

10% Article Share 5% Article Share 1% Article Share

DiD ZA DiD NZ DiD ZA DiD NZ DiD ZA DiD NZ
Domestic Publishers -0.480% -0.016% -0.240% -0.008% -0.048% -0.002%
Foreign Publishers 7.640% 5.890% 3.820% 2.945% 0.764%  0.589%

5.5 Placebo Tests

To further corroborate the findings, I conduct placebo tests using publishers in New Zealand
and Ireland as pseudo-treated groups, with publishers in South Africa serving as the control
group. The results, reported in Table 13, are reassuring: the difference-in-differences

estimates are not statistically significant in either specification.

Table 13: Share & Count of Articles per Publisher (4 Daily Quarters), New Zealand and
Ireland.

0] @ ® @

DiD NZ DiD IE DiD NZ DiD IE
VARIABLES Article Share Article Share Article Count Article Count
1.New Zealand/Ireland x 1.After 0.000 -0.000%* 0.003 -0.009**
(0.000) (0.000) (0.005) (0.005)
1.New Zealand/Ireland x 1.After x 1.Domestic -0.000 0.001 -0.084 0.131
(0.001) (0.001) (0.188) (0.124)
1.New Zealand/Ireland x 1.After x c.ArticleShare 0.051 0.230 13.329 49.384
(0.191) (0.195) (40.524) (41.983)
1.New Zealand/Ireland x 1.After x c.ArticleShare x 1.Domestic -0.090 -0.307 -24.378 -61.515
(0.209) (0.204) (44.319) (44.040)
Constant 0.002%** 0.002%** 0.470%** 0.417%%*
(0.000) (0.000) (0.112) (0.092)
Observations 245,820 252,195 245,820 252,195
R-squared 0.042 0.033 0.037 0.032
Publishers 964 989 964 989
Time Periods 255 255 255 255
Publisher FE v v v v
Date FE v v v v
Estimator OLS OLS OLS OLS
Model FE FE FE FE

Bootstrapped standard errors in parentheses (200 replications), clustered at publisher level
*E p<0.01, ** p<0.05, * p<0.1

6 Discussion and Conclusion

This paper presents evidence on the causal effects of a bargaining-based regulation requiring
digital platforms to compensate news publishers for displaying their content. Specifically,
I study the Australian News Media and Digital Platforms Mandatory Bargaining Code
and its impact on content display patterns on Google News Australia. Following the
introduction of the regulation, I find that Google increased the visibility of news from large

foreign publishers while reducing the display of content from large domestic publishers.
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These effects are concentrated in global news topics, where substitution toward foreign
sources is more feasible, and are largely absent in domestic news topics. The observed
substitution patterns appear to be driven by two factors: changes in the relative price of

content and the availability of suitable substitutes across publishers.

These findings underscore the gatekeeping power of digital platforms, while also showing
that this power is constrained by user demand and the substitutability of content. However,
even within these constraints, the platform’s ability to substitute weakens the effectiveness
of the regulation in strengthening the bargaining position of domestic content providers.
Two policy approaches may help mitigate these unintended effects. First, the incentive
to substitute toward foreign publishers would be reduced if similar regulatory frameworks
were adopted in other English-speaking countries. Second, mandating lump-sum payments
across the full distribution of bargaining publishers—rather than tying compensation to
display volume—could reduce substitution incentives, although theoretical work highlights
a trade-off, as lump-sum payments may weaken incentives for investments in quality (San-

drini and Somogyi 2024).

The empirical evidence presented in this paper raises several important questions for
future research. First, it remains unclear how changes in content display on Google News
affect traffic to the impacted publishers—a key determinant of their revenues. Second,
the net revenue effect of mandatory bargaining regulations is ambiguous: even if display
adjustments lead to traffic changes, these must be weighed against the direct transfers
made by Google to publishers. Third, the average quality of news content displayed on
Google News—such as its reliability, accuracy, or topical relevance—may have shifted
in response to the regulation. Fourth, changes in displayed content may influence how
readers perceive current events. For instance, increased exposure to foreign publishers could
broaden informational diversity but may also reduce the relevance of news for domestic
audiences. Fifth, the impact of financial reliance on Google payments on news media
independence is a potential concern, given prior evidence that both creditors (Durante
et al. 2020) and advertisers (Beattie et al. 2021) can influence editorial decisions. These
open questions underscore the need for further research to fully understand the implications

of bargaining-based platform regulation for the news media ecosystem.
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Appendix

Table Al: Timeline of the Enactment of the Bargaining Code.

26 Feb 2019 | Digital platforms enquiry published
20 Apr 2020 | Announcement
19 May 2020 | Concepts paper published
5 Jun 2020 | Submissions to concepts paper
31 Jul 2020 | Draft code published
22 Dec 2020 | Submissions to draft code
Jan-Feb 2021 | Last revisions to the code
3 Mar 2021 | Code takes effect

Figure Al: Story: Visible Articles (left) vs All Articles (right)

US warns Solomon Islands against China military base as
Australian MPs trade blame

US warns Solomon Islands against China military base as
Australian MPs trade blame

. That makes Australia less safe": Opposition continues criticism of « That makes Australia less safe": Opposition continues criticism of
Government over China-Solomon Islands deal Government over China-Solomon Islands deal

& View Full coverage v . US warns against allowing Chinese military base in Solomon Islands,
promises to fast-track reopening an embassy

« ‘Richard Marles has been caught red-handed’

« Solomon Islands pact is a sea change in our security

& View Full coverage A

27



Figure A2: Article Share: Weekly event study coefficients with New Zealand as the control
group.
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Figure A3: Article Share: Weekly event study coefficients with South Africa as the control
group.
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Table A2: Overview of Observed Variables.

Variable Description

Headline Article headline

Publisher Name of the news source as provided by Google

Topic Topic of the story (Headlines, Australian news, World news)
Story rank Rank of a story within a topic

Article rank
Timestamp - published
Timestamp - scraped
Publisher country
Google News country
“Full coverage” link

“Perspectives and context” link

Redirect link

Rank of an article within a story

Time when the article is published on the publisher website
Hourly time when the article is scraped on Google News
Country of origin of the website/publisher

Country of the version of Google News that is scraped

Link to additional news articles on the story (more prominent)
Link to additional news articles on the story (less prominent)
Link to the publisher website (or its YouTube channel)

Image Whether a story contains an image
Snippet First ca 150 characters of the article (not displayed)
Table A3: Google Showcase in Australia and Potential Control Countries.
4 Feb 2021 | Google Showcase launches in Australia
17 Mar 2021 | Reports of ‘informal talks’ in New Zealand
24 Jun 2021 | First reports of deals with Canadian News publishers
20 Sep 2021 | First reports of deals with Irish News publishers
24 Oct 2021 | Google Showcase introduced in Ireland
27 Oct 2021 | Google Showcase introduced in Canada
Table A4: Google News Showcase Launch by Country.
Country Launch Date Source
Poland 09 Feb 2022  https://blog.google/products/news/google-news-showcase-poland /
Portugal 30 Nov 2021  https://blog.google/around-the-globe/google-europe /news-showcase-portugal /
Canada 27 Oct 2021 https://blog.google/products/news/google-news-showcase-canada/
Ireland 20 Oct 2021  https://blog.google/products/news/google-news-showcase-launching-ireland /
Japan 16 Sep 2021  https://blog.google/products/news/googles-support-of-the-news-industry-in-japan/
Colombia 25 Aug 2021  https://blog.google/around-the-globe/google-latin-america/google-news-showcase-launches-colombia/
Austria 21 Jul 2021 https://blog.google/products/news,/google-news-showcase-launching-austria,/
India 18 May 2021  https://blog.google/products/news/google-support-news-showcase-india/
Czechia 20 Apr 2021  https://blog.google/products/news/google-news-showcase-launch-czechia/
Italy 31 Mar 2021  https://blog.google/products/news/google-news-showcase-launching-italy /
Australia 04 Feb 2021  https://blog.google/products/news/google-news-showcase-launches-australia/
Argentina 10 Feb 2021  https://blog.google/products/news/google-news-showcase-launches-argentina-/
UK 10 Feb 2021  https://blog.google/products/news/google-news-showcase-launches-uk /

29



KU LEUVEN

Faculty of Economics and Business

Management, Strategy and Innovation (MSQ
Naamsestraat 69 bus 353

3000 LEUVEN, Belgium

tel. + 32 16 32 67 00

msi@econ.kuleuven.be

https://feb.kuleuven.be/research/MSI/




	voorblad MSI_2506.pdf
	paper MSI_2506.pdf
	Introduction
	Background
	The Role of News Aggregators
	The Australian News Media and Digital Platforms Mandatory Bargaining Code

	Data
	Google News Data
	Data on Publisher Country

	Empirical Framework
	Results
	Composition of News
	Source of Compositional Changes
	Heterogeneous Effects by News Topic
	Heterogeneous Effects by Prominence of Display Position
	Placebo Tests

	Discussion and Conclusion

	Voorblad_MSI_DPS_kaft_achter_2021

