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Abstract

Today, customer service interactions take place in the digital sphere to a considerable 
extent. In fact, several social networking platforms have been reappropriated to this 
end, allowing businesses to engage in conversations with their customers. In this study, 
we investigate the nature of these conversations on Twitter (now X) in three differ-
ent French-speaking countries. We focus on the national train operating companies in 
France (SNCF), Belgium (SNCB) and Switzerland (CFF) and study their Twitter interac-
tions with customers in French, using a corpus linguistic methodology. Our study is 
based on a corpus of more than half a million tweets addressed to and posted by the 
respective companies between 2018 and 2022. The aim of this contrastive study is to 
highlight the linguistic features and communicative strategies used by the respective 
companies and their customers, with a view to uncovering potential features pertain-
ing to the discourse of customer service tweets in French.
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1 Introduction

Social media provide consumers with an easily accessible space for sharing 
their thoughts about and experiences with products and services. This is espe-
cially the case in the context of the railway industry (e.g., Kietzmann et al., 
2011), as the social networking platform Twitter – now called X – is routinely 
used by (dis)satisfied commuters to voice their (dis)satisfaction with their 
travel experience and by train operating companies to provide customer ser-
vice (Howard, 2020). Against this background, it is important for social media 
managers of train operating companies to monitor customers’ positive and 
negative feedback and appropriately respond to their messages. At the same 
time, an investigation of the similarities and differences with regard to the 
communicative strategies and linguistic features used by train operating com-
panies and their customers is all the more relevant and timely, especially when 
considering a comparison between train companies operating in different 
European countries in which varieties of the same language are spoken.

In this study, we address the interactions between social media manag-
ers of national train operating companies and their customers on Twitter in 
three French-speaking countries, i.e., Belgium, France and Switzerland. This 
choice is motivated by the fact that, despite some attention having been paid 
to online Business-to-Consumer (B2C) interactions in the French-speaking 
domain (e.g., Béal and Grégoire, 2022), linguistic studies on French business 
communication in the context of the railway industry are few and far between. 
More precisely, our research aim is to identify the linguistic and communica-
tive properties of both customers’ and service managers’ tweets in Belgium, 
France and Switzerland, with a view to uncovering possible cross-regional dif-
ferences between these three varieties of French. Our study, therefore, adopts 
a contrastive perspective as we will compare the language of tweets addressed 
to and posted by train operating companies in three varieties of French. The 
present study sides with recent work in pragmatics, such as Vladimirou et al. 
(2021), which focused on the features that differentiate customer feedback 
voiced on social media from its counterparts in face-to-face and traditional 
written communication. In addition, as our study investigates the language of 
customer service interactions in three varieties of one and the same language, 



3French-speaking customer service interactions

Contrastive PragmaticS  (2024) 1–30 | 10.1163/26660393-bja10130

i.e., French, it complements previous cross-linguistic studies that compared 
customer feedback in different languages, such as Dutch, English and Italian 
(Cenni and Goethals 2017) and Chinese and English (Feng and Ren 2020).

A key assumption in our present work is that corpus linguistics is a valuable 
method for investigating the linguistic features of business discourse on social 
media (see e.g., Lutzky, 2021; Lutzky and Kehoe, 2022). Our analyses are based 
on an 11.1-million-word corpus comprising French language tweets which 
customers addressed to the national train operating companies in Belgium, 
France and Switzerland and social media managers’ replies. We compiled this 
corpus through the Twitter API, extracting all relevant tweets that were posted 
on Twitter between January 1, 2018 and December 31, 2022.1 The results that 
we will report in this article are based on a combination of corpus linguistic 
analyses. This includes engaging in quantitative approaches, such as keyword 
and collocation analyses, as well as adopting a more qualitative perspective 
when exploring specific instances of language use from our corpus in detail. 
Although several studies have already examined the topic of online customer 
feedback and customer service interactions (see Section 2 for an overview), the 
present study stands out, firstly, because of the large size of the corpus stud-
ied and, secondly, for the original contrastive approach involving the Belgian, 
French and Swiss varieties of the French language.

This article is structured as follows. In the next section, we offer a review 
of previous research on the language of customer feedback and webcare, 
zooming in on discourse-linguistic studies of online complaints in the railway 
context, specifically on Twitter and in the French language. In the Data and 
Methodology section, we present our corpus and our methodological approach: 
we address, in turn, the context of the railway industry in French-speaking 
Europe, the constitution and properties of our dataset, and the nature of the 
analyses that we will report on and interpret in the Findings and Discussion 
section. In the Conclusion section, we summarize our findings, identify the key 
implications of our results, and make suggestions for future work.

2 Theoretical Background

The advent of the online sphere, in particular social media, has dramatically 
altered the communication between companies and customers. In the current 
era of digitalization, customers have abundant opportunities to share their 

1 As our data was compiled before the name change from Twitter to X, we will refer to the 
social networking platform as ‘Twitter’ throughout our article.
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opinions on products or services and offer recommendations to their peers 
(Argenti, 2006), and they routinely make use of these affordances, often in 
the form of messages posted on social media such as Twitter, a platform that 
has become associated with negative customer feedback, such as complaints 
and criticism (Vargo et al., 2019: 1157). As customer feedback may cause lasting 
damage to a company’s reputation and may influence the purchasing deci-
sions of other consumers (e.g., Vermeulen and Seegers, 2009; Von Helversen 
et al., 2018), most companies make use of webcare, a communicative approach 
defined by van Noort and Willemsen (2012: 133) as “the act of engaging in 
online interactions with (complaining) consumers, by actively searching the 
web to address consumer feedback”. In addition to customer care, webcare 
may also serve the goal of reputation management, that is, an organization’s 
desire to establish or consolidate their positive public self-image (Van Noort 
et al., 2015; Willemsen et al., 2013). In recent years, discourse-linguistic studies 
have witnessed a growing interest in the communicative strategies employed 
by companies when dealing with consumer feedback, as well as those used by  
both satisfied and dissatisfied customers in expressing their feelings (see, 
e.g., Decock, 2022). Following-up on these recent developments, our present 
research consists in a corpus linguistic analysis of online customer service dis-
course. We will be focusing both on customer tweets, which can be considered 
as a form of electronic word-of-mouth (eWOM), and on social media manag-
ers’ response tweets that address customers’ eWOM.

In the context of the travel industry, research has explored webcare and 
eWOM, for example, in the airline industry. Vo et al. (2019) documented the 
impact of airlines’ corporate social responsibility practices on consumer tweets 
about service delays. In addition, studies have investigated the efficiency of 
service managers’ responses to customer complaints and requests (Fan and 
Niu, 2016), compared the frequency and speed of responses for different 
British and Irish airlines (Lutzky, 2021), and explored the use of (in)directness, 
politeness, upgraders and downgraders in Twitter interactions between cus-
tomers and European airlines (Cavalieri and Corrizzato, 2022). In contrast to 
the airline industry, little research has been devoted to the use of Twitter in the  
context of train operating companies, despite a growing interest in railway 
tweets, for instance from an Artificial Intelligence perspective in engineering 
(see Dong et al., 2022 for an overview) or in management, as shown in Nisar 
and Prabhakar (2018), who investigated the relationship between consumer 
relationship management and the content of English-language tweets using 
sentiment analysis. In a similar vein, Akhtar and Beg (2020) documented the 
automatic identification of speech acts, such as complaints, suggestions, and 
praise, in Indian tweets. Within the field of linguistic pragmatics, Orthaber 



5French-speaking customer service interactions

Contrastive PragmaticS  (2024) 1–30 | 10.1163/26660393-bja10130

(2019) presented a qualitative analysis of the discourse features associated 
with negative online customer feedback, focusing on an aggressive humor 
style in tweets sent by customers to the Slovenian public transport company. 
Likewise, Lutzky (2021) studied English and Irish train operating companies 
and their interactions with customers on Twitter, delineating the discourse of 
customer service tweets in the respective varieties of English.

Building on a discursive analysis of French, German, and Dutch online busi-
ness complaints, Decock and Depraetere (2018) proposed a new classification 
of written complaints that is based on the identification of the constitutive 
components of a complaint situation and whether or not these components 
are expressed in the complaint message. This new operational definition of the 
speech act of complaint was empirically confirmed by Depraetere et al. (2021), 
and experimentally tested by Ruytenbeek et al. (2023a,b), who investigated 
the impact of complaint (in)directness on the perception of complaints in 
terms of negative emotions and face-threat. Ruytenbeek et al. (2023a,b) found, 
for instance, that the presence of a negative evaluation increases perceived 
customer dissatisfaction. They also showed that the degree of perceived dissat-
isfaction varies according to how the negative evaluation is achieved: compared 
to evaluative adjectives, perceived dissatisfaction grows weaker in the case of 
emoji depicting negative emotions, such as the angry and sad faces emoji.

Depraetere et al. (2021) carried out a small-scale quantitative investiga-
tion of linguistic (in)directness in 200 Twitter complaint threads posted in 
September and October 2018, which involved complaint interactions between 
the Belgian and French national railway companies and their customers. Their 
comparative analyses revealed a number of statistically significant differences 
in terms of the frequencies of complaint component realizations between 
the two datasets. First, they found that the complainable was more often 
expressed by means of what and why interrogative sentences in the Belgian 
tweets compared to the French ones. Second, among the variety of realizations 
of customer dissatisfaction, ironic utterances and negative emoji/emoticons 
were more frequently present in the French tweets than in their Belgian coun-
terparts. Third, regarding the reference to the institution responsible for the 
complainable, Depraetere et al. (2021) observed that this complaint com-
ponent was more often present in the French tweets which also more often 
featured multiple realizations of this component. These realizations included, 
for instance, mentioning the name of the company after the @/# sign and 
addressing the company by using an imperative construction or interjection 
(e.g., Dites). When it comes to the discourse strategies used by the service 
managers of the two train operating companies, the study found that, while 
displays of empathy were used to the same extent in both datasets, apologizing 
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and explaining what happened occurred more often in the responses from 
Belgian service managers. However, these differences concerning corporate 
tweets were not reported to be statistically significant and the specific lexical 
choices made by customer service managers when apologizing and providing 
explanations fell beyond the scope of their article.

Depraetere et al.’s study (2021) contributed to cross-linguistic pragmatic 
research by unraveling differences between French-French and Belgian-French 
online complaint behaviour and service managers’ response to this negative 
feedback. As aptly pointed out by Depraetere et al. (2021), the interpretation 
of such cross-linguistic differences should be done with caution, as it is diffi-
cult to distinguish them from differences in the companies’ customer-oriented 
policies (Blodgett et al., 2006). It is indeed plausible that different commu-
nicative strategies are the result of a complex interplay between, on the one 
hand, cultural norms and values, and, on the other hand, guidelines regarding 
customer feedback management. At the same time, the study underlines that 
it is rather unlikely that Francophone Belgians and French have a culturally 
different complaint behaviour or a different way of reacting to customer com-
plaints. Instead, the results of Depraetere et al.’s (2021) comparative analyses 
could indeed be explained by differences in the response strategies adopted 
by the two professional communities  – a hypothesis that should be investi-
gated in a more systematic manner using, for example, an ethno-pragmatic 
approach probing into the guidelines of train operating companies in different 
countries.

With the exception of Depraetere et al.’s study (2021), no comparative lin-
guistic research has been conducted either on company or customer tweets 
in different varieties of French. Despite the insights provided by their study, 
several questions remain unanswered, mainly due to the small size of their 
dataset (i.e., a total of 200 complaint Twitter threads). For example, would 
the differences found between the French and Belgian samples regarding the 
most frequent strategies used to express dissatisfaction be verified in a larger 
dataset? Moreover, the analysis of a small number of complaints does not 
exhaust the variety of linguistic expressions that can be used by (dis)satisfied 
customers. More generally, while the majority of previous studies have exam-
ined the linguistic features of negative customer feedback such as complaints 
(see e.g., Decock and Depraetere, 2018; Vásquez, 2011; 2014), positive feedback 
has been largely ignored (an exception is Lutzky, 2021). Finally, most previous 
linguistic research of the use of eWOM and webcare on social media consists 
of small-scale, mainly qualitative analyses of messages and C2B interactions 
(but see Lutzky, 2021), with a need for more quantitative approaches to this 
business communication genre, especially in the case of tweets from French 
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speaking customers. In the current study, we will address several of these 
research gaps by exploring Twitter-based customer service in French in three 
different Francophone countries, using a corpus-linguistic methodology.

3 Data and Methodology

In this article, we focus on the national train operating companies in three 
European countries where French has the role of an official or national lan-
guage: Belgium, France and Switzerland. The SNCB (Société Nationale des 
Chemins de Fer Belges), also known by its Dutch name NMBS (Nationale 
Maatschappij der Belgische Spoorwegen), is the national railway operating 
company in Belgium, which was founded in 1926 by the Belgian government. 
By 1958, the railway had been fully nationalised and has since been under 
government operation,2 with the company’s headquarters in Brussels. 
SNCF (Société Nationale des Chemins de Fer Français) was formed in 1938.3 
Operating out of their headquarters in Paris, SNCF has developed into SNCF 
Group, which is the top rail freight operator in France and ranks second for rail 
logistics business in Europe.4 Swiss Federal Railways (Chemin de Fer Fédéraux 
Suisse, CFF) was founded in 1902,5 and has since been operating, with its head-
quarters in Bern.6 Upon being founded, CFF was a government institution, but 
in 1999, the company became a special stock corporation, with its shares being 
held by the 26 Swiss cantons and the Swiss Confederation.7 At present, it is the 
largest rail and transport company in Switzerland.8

In this study, we explore the customer service interactions of these train 
operating companies on the social networking platform Twitter, which was 
renamed X in July 2023, after its takeover by Elon Musk (Milmo, 2023). Twitter 
is a platform that allows its users to exchange short messages of 280 charac-
ters in length, which were originally known as tweets and are today referred 
to as posts, that are public by default. Before the rebranding as X, Twitter had 
become established as a popular site for customer communication that has 

2 https://www.infrabel.be/en/history (accessed 24 October 2023).
3 https://www.britannica.com/topic/Societe-Nationale-des-Chemins-de-Fer-Francais 

(accessed 24 October 2023).
4 https://medias.sncf.com/sncfcom/finances/Publications_Groupe/sncf-group-mobility-partner 

.pdf (accessed 24 October 2023).
5 https://company.sbb.ch/en/the-company/profile/history.html (accessed 24 October 2023).
6 https://www.sbb.ch/de/meta/legallines/impressum.html (accessed 24 October 2023).
7 https://company.sbb.ch/en/the-company/profile/history.html (accessed 24 October 2023).
8 https://company.sbb.ch/en/home.html (accessed 24 October 2023).

https://www.infrabel.be/en/history
https://www.britannica.com/topic/Societe-Nationale-des-Chemins-de-Fer-Francais
https://medias.sncf.com/sncfcom/finances/Publications_Groupe/sncf-group-mobility-partner.pdf
https://medias.sncf.com/sncfcom/finances/Publications_Groupe/sncf-group-mobility-partner.pdf
https://company.sbb.ch/en/the-company/profile/history.html
https://www.sbb.ch/de/meta/legallines/impressum.html
https://company.sbb.ch/en/the-company/profile/history.html
https://company.sbb.ch/en/home.html
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been used for customer service interactions, with its communicative affor-
dances such as retweets and hashtags increasing the spread of eWOM and the 
reply feature facilitating interactive exchanges.

We are interested in the linguistic features of customers’ and social media 
managers’ tweets, as well as in possible cross-linguistic differences between 
the three train operating companies studied. Using the Twitter API, we there-
fore retrieved all French language tweets customers addressed to the CFF, 
SNCB and SNCF,9 as well as the companies’ replies which were posted between 
January 1, 2018, and December 31, 2022. Retweets were excluded from the data. 
As we apply a corpus linguistic methodology in this study, our focus is on the 
verbal characteristics of tweets, and so multimodal content such as images and 
videos does not form part of our corpus. It should be noted that not all tweets 
that we collected contained verbal material, especially tweets from customers, 
some of which consisted of punctuation marks or emoji only.

As indicated in Tables 1 and 2, The French Train Twitter Corpus (FTTC)  
comprises 523,992 tweets and a total of 11.7 million words, which were posted 
by the train operating companies and their customers between 2018 and 2022. 
The largest subcorpus consists of the tweets directed at and posted by the 
SNCF: it includes 433,415 tweets and a total of 9.6 million words; the majority of 
these tweets originated from the company SNCF, i.e., 54% while the remaining 
46% were posted by customers. This difference is strongest in the case of the 
SNCB subcorpus, with 60% of the total being tweets shared by the company. 
While customers tweet less than the three companies studied, their average 
tweet length is similar (22.5 words for corporate response tweets vs. 22 words 
for customers, respectively). As is visible from Tables 1 and 2, the FTTC is not 
optimally balanced, as the SNCF subcorpus is more than five times the size of 
the SNCB one, which itself is more than ten times the size of the CFF subcor-
pus. These asymmetries may be due to the respective density of the railway 
network in these three countries, but it could also be linked to the fact that 
France features among the top twenty countries worldwide when it comes 

9 We faced an important challenge when classifying SNCF tweets into company and cus-
tomer tweets. First, upon visual inspection, we noticed that, on some occasions, customer 
service managers included the @SNCF username in their tweets. This made it difficult to 
distinguish tweets that were posted by customers from tweets that originated from social 
media managers. As the French train operating company (SNCF) appears to use multiple 
Twitter accounts to respond to customer tweets, we decided to use the IDs of all these Twitter 
accounts to identify the tweets from service managers. To do this, we turned the usernames 
corresponding to these accounts into a list of Twitter ID s using the Twitter ID finder online 
tool (https://twiteridfinder.com).

https://twiteridfinder.com
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to the total number of Twitter users,10 whereas Belgium and Switzerland do 
not. While these differences were unavoidable given the corpus compilation 
method, which aimed at including all tweets posted by and addressed to the 
specific companies during a certain timespan, they should nevertheless be 
borne in mind when considering the results of the following analyses.

Table 1 Word count for the French Train Twitter Corpus

SNCB SNCF CFF Total

Company original  
tweets

219,310 33,958 3,032 256,300

Company response 
tweets

953,710 5,163,125 89,395 6,206,230

Customer tweets 728,204 4,392,482 74,207 5,194,893
Total 1,901,224 9,589,565 166,634 11,657,423

Table 2 Tweet count for the French Train Twitter Corpus

SNCB SNCF CFF Total

Company original  
tweets

11,705 1,199 93 12,997

Company response 
tweets

39,001 233,101 3,110 275,212

Customer tweets 33,696 199,115 2,972 235,783
Total 84,402 433,415 6,175 523,992

Using the software WordSmith Tools (Scott, 2022), we carried out different 
types of corpus linguistic analysis centred around an analysis of keywords. 
A keyword analysis involves a target corpus that is compared to a refer-
ence corpus with the aim of uncovering words that appear more frequently 
than expected in the target corpus and are thus ‘key’ (Scott, 2010; Scott and 
Tribble, 2006). In other words, keywords allow insights into those words 

10  https://www.statista.com/statistics/242606/number-of-active-twitter-users-in-selected 
-countries/ (accessed 2 February 2024).

https://www.statista.com/statistics/242606/number-of-active-twitter-users-in-selected-countries/
https://www.statista.com/statistics/242606/number-of-active-twitter-users-in-selected-countries/
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that characterise the target corpus and distinguish it from the reference  
corpus. This analysis enabled us to identify the linguistic features typical of 
customers’ and companies’ tweets, providing insights into the language use  
of customers and social media managers when interacting with each other.

4 Findings and Discussion

To uncover the main linguistic and communicative focus of our three corpora 
comprising interactions between customers and the train operating compa-
nies CFF, SNCB and SNCF on Twitter, we carried out keyword analyses. To this 
end, we created two subcorpora for each train operating company: one with 
all of the corporate response tweets and one including all customer tweets 
addressed to the respective company. We chose not to study companies’ origi-
nal tweets, which include, for example, updates posted by the train operating 
companies or marketing related posts, as we wanted to focus on the interac-
tions between companies and their customers. In Section 4.1, we first discuss 
the top twenty keywords for the Swiss corporate tweets, posted by CFF. To 
uncover cross-regional similarities and differences between the Swiss, Belgian 
and French corporate responses, we then compare these keywords to those of 
the Belgian (SNCB) and French (SNCF) corporate tweets in turn. In Section 4.2, 
we adopt a similar approach for customer tweets.

4.1 Company Tweets
In our first keyword analysis, the results of which are displayed in Table 3, we 
used each of the three subcorpora of corporate response tweets in turn as our 
target corpus and compared it to the respective subcorpus of customer tweets, 
acting as our reference corpus. For example, to uncover the keywords of CFF 
corporate tweets, we used the CFF corporate response tweet subcorpus as our 
target corpus and compared it to the CFF customer tweet subcorpus, acting as 
our reference corpus. We repeated this same procedure for all three corpora 
and the results of our analysis are given in Table 3, which shows the top 20 
keywords in the three corporate response subcorpora.

The examination of the top twenty keywords for corporate response tweets 
in the CFF corpus reveals that apologies are prominent in social media man-
agers’ replies to customers. The top two keywords are navré and désolé (both 
lemmatised forms including also the feminine and plural variants, which 
are used to say ‘sorry’). In addition, the verb forms ( je m’) excuse and (nous 
nous) excusons for the first person singular and plural (‘to apologise’) indicate 
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Table 3 Top 20 keywords in the CFF, SNCB and SNCF corporate subcorpora

N CFF keywords Keyness SNCB keywords Keyness SNCF keywords Keyness

1 NAVRÉ (sorry) 346.51 HÉLAS (alas) 2,024.26 REVERSÉ  
(donated)

6,275.28

2 DÉSOLÉ (sorry) 343.96 PRIE (ask) 1,443.79 ASSOCIATION 
(charity)

5,855.32

3 DIRECTEMENT 
(directly)

256.13 RENSEIGNE 
(inform/s)

919.87 PROUVER  
(to prove)

5,674.87

4 MALHEUREUSEMENT 
(unfortunately)

225.02 TRANSMETS 
(transmit)

895.16 GRÂCE  
(thanks [to])

4,397.38

5 VEUILLEZ (please) 213.38 REMONTE 
(raise/s)

881.12 REGRETTONS  
([we] regret)

3,529.32

6 EXCUSONS ([we] 
apologize)

169.22 FEEDBACK 495.23 RESTONS  
([we] remain)

3,038.62

7 CLIENTÈLE 
(customers)

156.84 SOUHAITEZ  
([you] wish)

435.75 METTONS  
([we] put)

2,974.65

8 FEEDBACK 137.80 PARLEZ  
([you] speak)

393.20 FRAIS (costs) 2,095.59

9 DIALOGUECLIENTELE 
(customer dialogue)

120.75 DÉSAGRÉMENTS 
(inconveniences)

331.27 TRANSMETTONS 
([we] transmit)

1,812.26

10 CONTACT 110.87 POSSIBLES 
(possible)

286.18 DEMANDER  
(to ask)

1,668.45

11 CONSEILLE  
(advise/s)

108.79 TRANSMIS 
(transmitted)

243.91 ÉCHANGE 
(exchange)

1,485.49

12 AGIT ([it] is about) 108.42 MAXIMUM 237.74 DÉSAGRÉMENT 
(inconvenience)

1,390.58

13 TECHNIQUE 
(technical)

106.47 REMONTÉ  
(raised)

226.16 INCLUT (includes) 1,293.61

14 ACTUELLEMENT 
(currently)

96.95 DÉPEND 
(depend/s)

223.68 ENSEMBLE 
(together)

1,290.58

15 TRANSMETTRE  
(to transmit)

94.42 POUVANT  
(able to)

222.69 SURCOÛT  
(extra cost)

1,280.90

16 EXCUSE (apologize) 86.04 TROUVEREZ 
([you] will find)

168.74 CONFIDENTIALITÉ 
(confidentiality)

1,109.38

17 DÉSAGRÉMENTS 
(inconveniences)

85.70 PERTURBÉ 
(disrupted)

163.22 DÉCALEZ ([you] 
shift)

1,080.54

18 CONCERNÉ 
(concerned)

81.32 REVOICI  
(here again)

145.24 POLARSNCF 1,034.64

19 PRIE (ask) 73.32 ADAPTATIONS 
(adjustments)

136.55 RÉALISER (carry 
out)

1,016.69

20 RECOMMANDE 
(recommend/s)

67.43 INSTANTS 134.08 ASSISTANT 965.45
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that staff apologise, also in the name of the company, the adverbial malheu-
reusement (‘unfortunately’) expresses regret, and the noun désagréments 
(‘inconveniences’) at rank seventeen is a typical collocate of apology con-
structions, denoting the inconvenience caused. Examples (1) and (2) illustrate 
several of these keywords, which tend to be followed by the causes of com-
plaint, such as train delays and the lack of available seats, and often include an 
explanation as to why they occurred, such as a technical problem (see also the 
keyword technique at rank thirteen).

(1)   Je suis vraiment désolée pour les désagréments causés. Malheu-
reusement des changements de dernières minutes ne sont pas 
toujours évitables. J’espère que votre prochain voyage avec nous 
sera plus agréable./bdo

   ‘I’m really sorry for the inconvenience caused. Unfortunately, last- 
minute changes cannot always be avoided. I hope your next trip 
with us will be more enjoyable./bdo’

(2)  Je m’excuse pour le manque de place. Dans les heures de pointe,  
il est difficile d’offrir une place assise à chacun. […] /vs

   ‘I apologise for the lack of space. During peak times, it’s difficult to 
offer everyone a seat. […] /vs’

In addition, the top twenty keywords in CFF ’s corporate response tweets 
include several forms that pertain to customer service interactions. Customers 
are politely asked to take action (see the keywords veuillez ‘please’ and prie 
‘ask’) and are advised to contact a specific service or staff directly (see directe-
ment ‘directly’ and contact). In example (3), for instance, a passenger is advised 
to ask about the departure times of replacement busses directly at the sta-
tion. As illustrated in (4), social media managers also tend to acknowledge 
the feedback they have received from customers and promise to forward it 
to the parties concerned (see the keywords feedback, transmettre ‘to pass on’ 
and concerné ‘concerned’). Apart from that, they also request information 
from customers, for example when asking about the specific service they are 
referring to, as in (5) including the keyword agit, which signals aboutness, and 
they provide customers with advice, for instance by using the keyword recom-
mande ‘recommend’. Finally, example (5) also illustrates the keywords clientèle 
and dialogueclientele, which are used to refer to CFF ’s customer service staff  
that customers can contact via a hotline to discuss their specific travel needs 
and issues.
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(3) Les heures de départ des bus de remplacement ne sont pas connues. 
Cependant, il y a suffisamment de bus de remplacement dispo-
nibles. Veuillez vous informer directement sur place. /fh

  ‘The departure times of the replacement buses are not known. 
However, there are enough replacement buses available. Please 
enquire directly on site. /fh’

(4) Merci pour le retour. Nous allons transmettre votre feedback au 
service concerné. […]/gb

  ‘Thank you for your comment. We will pass on your feedback to the 
relevant department. /gb ’

(5) Pouvez-vous nous dire de quoi il s’agit ? En fonction de votre 
demande, je vous recommande de prendre contact avec notre ser-
vice clientèle : dialogueclientele […] /mp

  ‘Can you tell us what this is about? Depending on your request,  
I recommend that you contact our customer service department: 
dialogueclientele […] /mp

When comparing the top twenty keywords for CFF to SNCB in Table 3, one 
notices a difference concerning keywords related to the speech act of apologis-
ing. While there is some overlap in that the keyword désagréments features in 
both lists, for SNCB’s corporate response tweets words such as désolé, navré or 
s’excuser are not among the words with the highest keyness values. However, 
the number one keyword hélas is an interjection that is used to express regret, 
similar to English ‘alas’, and that comes close to the meaning of malheureuse-
ment found among the top keywords for CFF, which corresponds to English 
‘unfortunately’ or ‘sadly’. Examples (6) and (7) illustrate the use of hélas in the 
SNCB subcorpus and they include the phrase suite à (‘following from’) and  
the negation pas (‘not’), with which hélas has a strong collocational relation-
ship (a z-score of 22.92 and 7.60 respectively).

(6) Hélas, suite à un obstacle heurté, le trafic est fortement perturbé. 
^nl

  ‘Unfortunately, following a collision with an obstacle, traffic is 
severely disrupted. ^nl’

(7) Ce train n’est hélas pas encore confirmé, il est possible que celui-ci 
soit supprimé. ^Natacha

  ‘Unfortunately, this train has not been confirmed yet, so it may be 
cancelled. ^Natacha’
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When studying the customer service related keywords in Table 3 in more detail, 
it turns out that the form prie is also a top keyword for SNCB, having the second 
highest keyness value. However, when expanding the context and exploring 
the use of this form in concordance lines, one notices that it almost exclusively 
appears as part of the construction je vous en prie (‘you are welcome’). While 
it is used mainly by social media managers to ask customers to take specific 
action in the CFF subcorpus, in the SNCB data it is used by social media manag-
ers to acknowledge customers’ appreciation, as illustrated in (8).

(8) Je vous en prie. Bonne soirée à vous aussi. ^bd
  ‘You’re welcome. Have a nice evening too. ^bd’

A keyword that is used in a similar manner in both the CFF and SNCB sub-
corpora is feedback. In corporate tweets for SNCB, its top collocates include 
the verbs remonter and transmettre (‘to pass on’; see the keywords remonte, 
remonté, transmets and transmis) and it is thus used by social media manag-
ers to assure customers that they will pass on their feedback, for example, to 
the respective team as in (9). Similar to the CFF, SNCB’s social media manag-
ers also engage in requesting information from customers and providing them 
with details about their travel experience. This is reflected in the keywords par-
lez (‘speak’) and souhaitez (‘wish’) which are used by social media managers 
to ask customers questions, for example, about the exact route they want to 
travel, as in (10).

(9) Bonjour Charles, je remonte votre feedback en interne au service 
concerné. ^Benja

  ‘Hello Charles, I’m passing on your feedback internally to the 
department concerned. ^Benja’

(10) Bonsoir, quel trajet souhaitez-vous effectuer ? ^nl
  ‘Good evening, which route would you like to take? ^nl’

At the same time, the verb souhaitez appears frequently in the construction si 
vous souhaitez (‘if you wish’), which is the most frequent three-word cluster in 
which the keyword occurs. Si vous souhaitez introduces a conditional clause 
explaining how customers can carry out a specific action. In addition, the key-
word trouverez (‘find’) indicates that social media managers inform customers 
where they can find specific information, for example about possible changes 
to their train journey, as reflected in the keywords possibles and adaptations 
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(‘changes’). In addition, SNCB’s social media managers also tend to communi-
cate that they will enquire about the issues passengers are experiencing with 
the promise to get back to them in a couple of moments, as illustrated in (11) 
through the keywords renseigne (‘enquire’) and instants (‘moments’). Their 
following tweet, in which they share the respective information, is often intro-
duced by the phrase me revoici (‘me again’) which conveys that they are back 
to update passengers on a specific concern, such as a train not stopping at a 
station due to a technical problem, as in (12).

(11) Bonjour. Je me renseigne en interne et reviens vers vous d’ici 
quelques instants. ^Elisa

  ‘Hello. I’m looking into it internally and I’ll get back to you in a few 
moments. ^Elisa.’

(12) Me revoici : malheureusement ceci fait suite à un souci technique 
du train, navré pour cela. ^Lemmy

  ‘Here I am again: unfortunately this is due to a technical problem 
with the train, sorry about that. ^Lemmy.’

The top keywords in corporate response tweets by SNCF share some simi-
larities to CFF and SNCB as Table 3 shows. They include forms that pertain 
to the speech act of apologising, such as désagrément (‘inconvenience’) and 
regrettons (‘we regret’), as well as the verb transmettons (‘we transmit’) which 
social media managers use when promising customers to pass on messages to 
the dedicated team. In addition, the construction mettons (quelqu’un) dans la 
boucle (‘we put someone in the loop’) appears frequently in SNCF ’s corporate 
responses to inform customers that they are forwarding their tweet to a spe-
cific department, such as SNCF Gares et Connexions represented by the handle 
@ConnectGares in (13), which manages SNCF stations.

(13) Bonjour Christophe, nous mettons @ConnectGares dans la boucle 
pour les avertir. Bonne journée.

  ‘Hi Christophe, we’re putting @ConnectGares in the loop to warn 
them. Have a nice day.’

Concerning differences between SNCF ’s top twenty keywords and those identi-
fied for CFF and SNCB, the keyword restons in the construction restons à votre 
disposition (‘remain at your disposal’) indicates social media managers’ willing-
ness to answer further questions from their customers, as in (14). Furthermore, 
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the keywords ensemble (‘together’) and confidentialité (‘confidentiality’) reveal 
that SNCF explicitly encourages customers to contact staff via a private direct 
message. They do so, on the one hand, by suggesting that they could investigate 
an issue, for instance relating to their ticket pass, together via direct message, 
as in (15). On the other hand, they also ask customers to contact them privately 
to ensure confidentiality and allow for an issue to be investigated in more 
detail, as in (16).

(14) Bonjour, à cette heure, aucune perturbation n’est à prévoir pour 
votre trajet ce soir. Nous restons à votre disposition si besoin.

  ‘Hello, at this time, no disruption is expected for your journey this 
evening. We remain at your disposal if necessary.’

(15) Bonsoir, nous allons regarder ensemble votre abonnement en DM, 
merci de nous rejoindre ici: URL

  ‘Good evening, we will look into your ticket together via DM, thank 
you for joining us here: URL’

(16) Bonjour, Afin d’effectuer de plus amples recherches, et par mesure 
de confidentialité, vous pouvez nous contacter en DM ici: URL Bien 
à vous

  ‘Hello, In order to carry out further research, and for confidentiality 
reasons, you can contact us by DM here: URL Kind regards’

Several of SNCF ’s top keywords listed in Table 3 cluster and co-occur together 
in tweets. This is illustrated in (17), where a social media manager explains 
that requesting a reimbursement (see the keyword demander ‘to request’) or 
changing a ticket to a different day (échange ‘change’) is possible free of charge 
(sans frais) and without additional cost (surcoût). This tweet was posted in 
December 2019, when SNCF experienced a longer period of industrial action 
(Chrisafis, 2019) that resulted in social media managers’ having to repeatedly 
answer customers’ questions about these topics. These strike related words 
are therefore key because they were used more frequently than expected in 
SNCF ’s tweets during the time of industrial action in late 2019 and early 2020.  
Likewise, the top four keywords in Table 3 cluster in the tweet quoted in (18), 
which was repeatedly posted in June and July 2019 when SNCF engaged in 
supporting the organisation Capital Filles, an NPO that aims to offer equal edu-
cational and professional opportunities to young women from disadvantaged 
backgrounds. Similarly, the keyword polarSNCF in example (19) does not per-
tain to the train operating company’s core business but to an annual award for 
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a crime novel that was launched by the SNCF workforce and that went to the 
novel receiving most votes from the public.11 The keywords in SNCF corporate 
response tweets thus include next to customer service related keywords also 
ones that pertain to exceptional circumstances, such as industrial action, and 
the company’s engagement with topics and values pertaining to diversity and 
culture.

(17) Bonjour, vous pouvez demander le remboursement ou l’échange 
pour la date de votre choix de votre billet sans frais ni surcoût, sur 
le site & l’appli.

  ‘Hello, you can ask for a refund or exchange of your ticket for the 
date of your choice at no charge or extra cost, on the website & app.’

(18) Merci de nous prouver que #TousLesButsSontPossibles. Grâce à 
vous 1€ a été reversé à l’association @CapitalFilles

  ‘Thank you for proving that #AllGoalsArePossible. Thanks to you,  
€1 was donated to the @CapitalFilles charity.’

(19) Merci pour votre tweet! En tant que #TeamPolarAventure, voilà 
une sélection d’histoires qui pourrait bien attiser votre curiosité …  
URL 👀 #PolarSNCF URL

  ‘Thank you for your tweet! As a #TeamPolarAdventure, here’s a 
selection of stories that might just spark your curiosity … URL 👀 
#PolarSNCF URL’

4.2 Customer Tweets
In our second keyword analysis, the results of which are displayed in Table 4, 
we replicated the method previously applied to customer service managers’ 
tweets and used it to analyse the linguistic content of customers’ tweets. 
Table 4 thus lists the top 20 keywords in the CFF, SNCB and SNCF customer 
subcorpora.

Most of the top 20 keywords in the CFF customer tweets refer to the variety 
of issues customers experience. The keyword with the second highest keyness 
value is the negative particle rien (‘nothing’), which indicates that customers 
deplore the absence of certain features, as in (20), where rien appears twice 
in a tweet criticising that CFF is not implementing enough safety measures to 
protect its passengers during the COVID-19 pandemic. In addition, customers 

11  https://www.sncf.com/en/group/culture/celebrating-comics (accessed 20 February  
2024).

https://www.sncf.com/en/group/culture/celebrating-comics
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Table 4 Top 20 keywords in the CFF, SNCB and SNCF customer subcorpora

CFF keyword Keyness SNCB keyword Keyness SNCF keyword Keyness

1 COMMENT  
(how)

122.11 COMMENT  
(how)

1,065.06 GENS (people) 5,004.25

2 RIEN  
(nothing)

83.37 CONTRÔLEUR 
(ticket inspector)

905.88 DOIS (must) 4,581.03

3 GENS  
(people)

79.69 MIN (minute) 862.82 GRÈVE (strike) 4,454.81

4 VU (seen) 73.12 GENS (people) 854.21 CONTRÔLEUR 
(ticket inspector)

3,815.54

5 OK 61.41 DOIS (must) 567.75 HONTE (shame) 3,646.03
6 PAYER  

(to pay)
56.37 APPLI (app) 476.11 DIT (says/said) 3,557.93

7 DOIS (must) 55.24 WAGONS  
(coaches)

366.88 [DU] COUP  
(that is why)

2,969.54

8 SEMBLE  
(seem/s)

45.85 DOMMAGE  
(pity)

292.14 MERDE (shit) 2,894.12

9 DEBOUT 
(standing)

44.27 HEIN (huh) 263.75 BANDE (bunch) 2,792.54

10 PARLE  
(speak)

44.27 BRAVO 248.47 MONDE (people) 2,691.43

11 DITES  
([you] say)

43.67 MARRE (fed up) 243.56 USAGERS (users) 2,423.08

12 DOMMAGE  
(pity)

40.73 COMBIEN (how 
much/many)

243.19 RENTRER  
(to return)

2,290.28

13 SAVOIR  
(to know)

39.82 VEUX (want) 227.36 VEUX (want) 2,158.63

14 SAVEZ  
([you] know)

37.95 DEBOUT  
(standing)

218.94 TU (you) 2,079.32

15 IMPOSSIBLE 37.49 BONDÉ  
(crowded)

204.59 SUPER 1,976.06

16 SEMAINES 
(weeks)

35.15 BJR (bonjour –  
hello)

188.98 PAYE (pay) 1,954.45

17 BRAVO 34.79 HONTE (shame) 180.98 ATTENDS (wait) 1,680.11
18 QUAI  

(platform)
34.28 SYMPA (nice) 180.28 WAGON (coach) 1,614.20

19 HONTE  
(shame)

33.20 MERDE (shit) 174.56 PAYÉ (paid) 1,608.39

20 DIT  
(says/said)

33.02 USAGERS  
(users)

167.87 BRAVO 1,589.11
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complain about the fact that they have to stand on crowded trains, as indi-
cated by the keyword debout (‘standing’, rank 9 in Table 4). The verb payer, in 
the majority of its uses, pertains to customers complaining about high prices 
that do not match the service provided. This is illustrated in (21), where payer 
co-occurs with the keyword honte (’shame’). Other keywords related to issues 
with the railway services are gens (‘people’) and semaines (‘weeks’), as in exam-
ple (22), where a customer complains about train delays that have been going 
on for several weeks and crowded trains with people having to sit on the floor, 
also in first class. These keywords show that customers are concerned about 
time and the duration of certain issues and they include their fellow passen-
gers, which allows them to amplify the scale of their complaint.

(20) C’est bien ce que je pensais, à part les nettoyages plusieurs par  
jour, rien n’est mis en place. Pas de sieges condamnés, plus de wag-
ons, rien … C’est aux personnes de faire attention. Déplorable.

  ‘It’s just as I thought, apart from cleaning several times a day, noth-
ing has been put in place. No banned seats, no additional carriages, 
nothing … It’s up to people to be careful. Pathetic.’

(21) franchement payer un abonnement général à ce prix et voyager 
dans ces conditions, c est une honte […]

  ‘Frankly, paying this much for a general season ticket and travelling 
in these conditions is a shame […]’

(22) bonjour, qu’est-ce qui de passe avec tous les retards de train depuis 
quelques semaines? De plus est-ce normal que des gens en soi-
ent assis par terre étant donné que tout est plein  …? (Meme en  
1ere classe …)

  ‘hello, what’s been going on with all the train delays over the last 
few weeks? And is it normal for people to be sitting on the floor as 
everything is full …? (Even in 1st class …)’

In addition, Swiss customers routinely express their disappointment with 
CFF ’s service provision using the keyword dommage (‘pity’) and they evalu-
ate their travel experience. When studying the concordance lines in which the 
keyword bravo appears, it turns out that this expression, which is generally 
associated with the speech act of congratulating, is used in a sarcastic man-
ner in the majority (80%) of its uses in the CFF customer subcorpus. This is 
the case in (23), where the noun bordel (‘mess’) and the phrase en avoir marre  
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(‘to be fed up’) contribute to the interpretation of bravo as sarcastic. This find-
ing for Swiss Twitter data aligns with Depraetere et al.’s (2021) study of Belgian 
and French data, which found that customer dissatisfaction toward railway 
companies is regularly expressed using sarcasm.

(23) Bravo pour ce beau bordel 17:45–18:00 Genève Russin  … Y’en à 
marre

  ‘Well done with this fine mess 17:45–18:00 Geneva Russin … Fed up 
with it’

While around half of the top twenty keywords for CFF in Table 4 relate to issues 
customers are experiencing and the complaints they voice, it also features the 
somewhat unexpected keyword semble (‘seems’), an epistemic modal of uncer-
tainty, which in the context of customer tweets, serves to mitigate the severity 
of the complainable. In example (24), for instance, a customer points out that 
neither of the two ticket validators seems to be working (see also the keyword 
quai ‘platform’). By including the modal semble, the message conveyed is soft-
ened and it is rendered more polite.

(24) aucun des 2 oblitérateurs de la gare de Bassecourt ne semble fonc-
tionner. Celui du quai 1 a une lumière rouge et celui du quai 2 pas 
mais le billet ne rentre dans aucun

  ‘neither of the two ticket validators at Bassecourt station seems to 
work. The one on platform 1 has a red light and the one on platform 
2 doesn’t but the ticket cannot be validated on either’.

The top keyword in CFF customer tweets is comment, which indicates that 
CFF customers are interested in the way a certain situation came about or may 
be resolved. Comment is thus used frequently in requests for information and 
so are the keywords savoir ‘to know’ and its second person plural form savez, 
which ask social media managers to share specific information (e.g., j’aimerais 
savoir ‘I’d like to know’). At the same time, these keywords appear in the con-
text of complaint situations, as in (25) where a customer asks how they may be 
reimbursed.

(25) […] Comment faire pour rembourser mon billet dégriffé initial? 
Merci

  ‘[…] How can I get a refund for my original reduced-price ticket? 
Thank you’
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In addition, the keywords parle (1st or 3rd person singular of infinitive par-
ler ‘to talk’) and dit (3rd person singular of infinitive dire ‘to say’) indicate 
that customers clarify what they are talking about (e.g., je parle d’un billet 
de train CFF ‘I’m talking about a CFF train ticket’) or report on the informa-
tion they have received (e.g., le site CFF dit ‘the website says’). Dites is mostly  
used to address service managers and functions as a discourse marker with 
a meaning similar to hey, while the keyword ok acknowledges receipt of 
information.

When comparing the top 20 keywords for CFF to those for SNCB in Table 4, 
it turns out that there is some overlap. The top keyword for CFF and SNCB 
is the same, the adverbial comment, and so are several keywords referring to 
the issues experienced by customers, i.e., gens, debout, dois and dommage. 
Customers tweeting SNCB also use the negatively evaluative word honte to 
describe the company’s service provision and the exclamation bravo, which 
as before also shows sarcastic uses in this data set (in more than 60% of its 
occurrences). As for the CFF, the keyword min at rank 3, which is an abbrevia-
tion for minutes, indicates that time is also a concern for SNCB customers, who 
inquire, for example, if trains that are delayed considerably will be running at 
all, as in (26).

(26) j’attends le train Louvain-liege de 10h27. 33 min de retard annoncé. 
Il roule? Ou pas?

  ‘I’m waiting for the 10:27 train Louvain-Liege. 33 min delay 
announced. Is it running? Or not?’

This is also reflected in the keyword combien which appears in the three-word 
cluster combien de temps (‘how much time’) in almost half of its occurrences 
(49%). In addition to keywords signalling the speech act of requests, such as 
combien, the top 20 customer keywords for the SNCB include further inter-
actional features, such as the abbreviation bjr, which stands for the greeting 
bonjour (‘hello’), as well as the discourse marker hein (‘isn’t it’), which is used to 
elicit a response to a question or ask for confirmation of a point made.

Further causes for complaint that the top 20 keywords reveal include the 
SNCB app (see appli at rank 6) that is not always working reliably, as well as 
the shortage of train carriages (see wagons at rank 7) which leads to crowded 
trains (see bondé at rank 15). In (27), for instance, a customer complains about 
a train being crowded as it consists of only 3 instead of the usual 9 carriages 
during rush hour. They underline their frustration through the use of the 
English phrase as fuck, describe their experience as une dinguerie (‘lunacy’), 
and express their hatred for the company ( je vous hais ‘I hate you’). In addition 
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to honte, the frustration that passengers feel about these complainables is 
reflected in the keyword marre, which expresses customer dissatisfaction  
(en avoir marre ‘to be fed up’) and the derogatory merde (‘shit’), as illustrated 
in (28), where a customer deplores constant problems with and rising prices 
for SNCB’s services.

(27) Je vois ça sur ma tl alors que je suis actuellement dans un train 
debout bondé as fuck. Il a 3 wagons AU LIEU DE 9 en heure de 
pointe c’est une dinguerie comment je vous hais. […]

  ‘I’m seeing this on my timeline while I’m currently standing on a 
train crowded as fuck. There are 3 carriages INSTEAD OF 9 at rush 
hour, it’s lunacy how I hate you. […]’

(28) De la merde la sncb tout le temp des problèmes et en plus les prix 
augmente pour un service déplorable

  ‘Shitty sncb, problems all the time and on top of that prices are 
going up for a terrible service.’

Sympa, which appears at rank 18 in Table 4, does not unanimously convey a 
positive connotation in SNCB customer tweets. In fact, it is used in around one 
fifth of its occurrences to make suggestions and indicate which steps could be 
or could have been taken by the company, as in (29). At the same time, around 
40% of all uses of sympa appear in a negative context (e.g., pas sympa) or with 
a sarcastic meaning, as in (30), where a customer expresses the opposite of 
what they are saying as they clearly did not have a good start to their day.

(29) ça serait sympa de prévenir quand vous supprimez des trains svp
  ‘It would be nice if you could let us know when you are cancelling 

trains please.’

(30) deux trains annulés. Pas de train pendant une heure à Zaventem … 
Sympa le début de la journée 😔

  ‘two trains cancelled. No train for an hour at Zaventem … Nice start 
to the day 😔’

For the SNCF, the top 20 keywords in customer tweets show some similari-
ties to those identified for CFF and SNCB. In fact, twelve keywords also appear 
among the top keywords of the CFF or SNCB, indicating that they contribute 
towards the discourse of customer service tweets in French. These twelve 
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keywords, several of which were illustrated and discussed above, pertain to 
train travel and complainables, such as gens, usagers, wagon, contrôleur, paye 
and payé, verbs indicating what customers want or have to do (see veux, 
dois) or reporting on the information they have received (see dit), as well as 
examples of derogatory or sarcastic language use (e.g., honte, merde, bravo).  
A striking difference between SNCF customer tweets and the other two subcor-
pora concerns the higher keyness value of derogatory expressions, with honte 
appearing at rank 5 in Table 4 and merde at rank 8. In addition, bande (de) at 
rank 9 is a productive nominal expression which translates as ‘bunch of ’ and is 
usually followed by an insult, as in (31).

(31) Bande de chiens déjà que vos trains sont en retard et que vous faites 
grève une fois par semaine la moitié des trains sont annulés vous 
avez un boulot vous le ratez

  ‘Bunch of dogs already your trains are late and you go on strike once 
a week half the trains are cancelled you have a job you fail at.’

In this example, a customer refers to SNCF as a bunch of dogs, complaining 
about trains being delayed or cancelled, and the company going on strike regu-
larly. In fact, the keyword grève (‘strike’) at rank 3 in Table 4 introduces a new 
complainable that is unique to the SNCF when considering the top keywords 
across the three companies’ subcorpora. In addition, the keywords rentrer 
(‘return’) and attends (the first person singular of attendre ‘to wait’) pertain to 
further consequences or causes of complaint.

However, the top twenty keywords in SNCF customer tweets do not 
exclusively include forms pertaining to complaints and expressing negative 
evaluation. In addition, there are also interactive keywords, such as the second 
person singular pronoun tu, which is generally used to address the company 
in an informal manner. The keyword coup appears, in almost half of its occur-
rences, as part of the two-word cluster du coup, a discourse marker with a 
meaning similar to ‘that is why.’ The keyword super, finally, may be used with  
a sarcastic tone, similar to the keyword bravo, as illustrated in (32), where a cus-
tomer refers to a train delay as super and underlines their discontent through 
the use of angry emojis. At the same time, super can also be part of a thanking 
expression in response to a tweet from a service manager, with merci being its 
top collocate in one position to the right (z-score of 18.15), as illustrated in (33).

(32) super le retard du jeudi soir bonsoir 🤬😡
  ‘great, the delay on Thursday evening, good evening 🤬😡’
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(33) Super merci :) Vous me confirmez donc que si je loupe ma corres-
pondance je pourrai être replacée sur le train d’après au départ de 
bordeaux pour Paris?

  ‘Great thanks :) So you’re confirming that if I miss my connection  
I’ll be able to get on the next train from Bordeaux to Paris?’

5 Conclusion

In this study, it was our aim to identify the main linguistic and communicative 
characteristics of the Swiss-, French- and Belgian-French Twitter interactions 
between European train operating companies and their customers. To this end, 
we compiled three corpora of tweets posted by and addressed to the CFF, SNCB 
and SNCF between 2018 and 2022, creating subcorpora for corporate and cus-
tomer tweets. Using a corpus linguistic methodology, we carried out keyword 
analyses to uncover the words that characterise customer tweets addressed to 
the three train operating companies as well as those that are typical of corpo-
rate replies.

Studying the top 20 keywords of corporate response tweets revealed sev-
eral tendencies regarding the French-speaking discourse of customer service 
tweets. We found that, while all three subcorpora include expressions of regret 
and apologies, such as désagréments (‘inconveniences’), these are more promi-
nent for the CFF, which indicates that the service managers of the CFF have a 
stronger tendency to apologize for inconveniences caused in comparison with 
their French and Belgian French counterparts. Several keywords pertain to 
customer service interactions and indicate that social media managers work-
ing for the CFF and SNCB use features of polite language use when requesting 
information from passengers and providing advice. While all three companies 
promise to forward customer feedback to the relevant teams, the SNCF differs 
from the CFF and SNCB in several regards. The keyword analysis showed that 
SNCF staff often encourage customers to contact them via direct message and 
thus attempt to move the conversation from a public to a private level. This 
finding aligns with the results of Orthaber (2023: 285–325), who also observed 
this practice in the responses of a Slovenian train company to its customers 
on Facebook. We also saw that the SNCF uses standard responses, for example 
during times of industrial action, with several keywords clustering in the same 
tweet, and they do not only use Twitter for customer service purposes. In addi-
tion, they engage in the webcare goal of reputation management (van Noort 
et al., 2015) by discussing CSR initiatives and aim to generate user engagement 
through, for example, issuing awards for the best crime novel.
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For the top 20 keywords in customer tweets, our keyword analyses revealed 
that there is some overlap between tweets addressed to the CFF, SNCB and 
SNCF. Customers of all three companies tend to mention specific complain-
ables in their tweets, such as crowded trains or high ticket prices, they express 
negative evaluation through the keyword honte (‘shame’), and they use sarcasm 
in their tweets (e.g., bravo). While Depraetere et al. (2021) observed sarcastic 
utterances to be more frequent in French than in Belgian customer tweets, we 
provide evidence that positive evaluative words, such as bravo and sympa, are 
often used with a sarcastic intent to convey dissatisfaction in all three sub-
corpora. However, the SNCB customer tweets feature more keywords that are 
derogatory in nature, compared to the CFF and SNCB, and they also have higher 
keyness values. The CFF and the SNCB, on the other hand share the same top 
keyword comment (‘how’), which indicates that their customers are interested 
in knowing how an issue came about and may be solved (see also combien 
‘how much’ for the SNCB). Our results thus confirm and complement previ-
ous findings by Depraetere et al. (2021), who found that complainable-related 
questions including what and why were more frequent in the Belgian (SNCB) 
customer tweets compared to the French (SNCF) ones.

Building on Depraetere et al. (2021), the present study contributes to 
cross-linguistic pragmatic research by uncovering differences between Swiss-, 
French-  and Belgian-French online feedback and social media managers’ 
responses to this feedback. As aptly pointed out by Depraetere et al. (2021), one 
ought to be careful when trying to interpret such cross-linguistic differences, as 
they cannot easily be disentangled from differences in the companies’ policies 
bearing on service interactions. Nevertheless, our study makes an important 
contribution to practice, with a view to improving customer service provision. 
For example, by focusing on the most significant complainables (as shown 
in our keyword analyses) rather than having to navigate through a very large 
number of tweets, companies will be able to identify and address those aspects 
of their service provision that customers deem most problematic. Our findings 
also show that the complainables are similar across the three companies and 
French-speaking countries studied, indicating that customers share the same 
concerns and highlight comparable issues when contacting customer service 
on Twitter. In addition, our analyses of the keywords used by the service man-
agers highlight the relative prominence of the communicative strategies they 
adopt, allowing the companies studied to potentially adjust their response 
policies in the future, for example by paying more attention to empathic 
language use or interactional dynamics. Several of the keywords uncover cor-
porate policies of asking customers to contact them via direct message or get 
in touch with a specific service team directly. As previous research pointed out  
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(e.g., Van Herck et al. 2020), such communicative strategies are often not 
appreciated by customers, thus opening up a potential opportunity for adopt-
ing more efficient means of interaction. At the same time, our results have 
revealed that while companies such as the SNCF engage in the full range of 
approaches to webcare, including marketing and reputation management, the 
CFF and SNCB mainly focus on using Twitter for customer service interactions. 
There is thus room for expansion in their practice to benefit from the diverse 
possibilities that webcare has to offer.

While our research has provided new insights into the French-speaking 
customer service interactions of three European train operating companies 
online, there is a need for future studies to expand on our approach. Further 
research could, for instance, explore the perception of specific words and 
expressions, such as derogatory language use, by fellow customers or customer 
service managers. Using examples from our dataset, experimental studies 
could also investigate the impact of different realizations of service manag-
ers’ apologies on dependent variables such as, for instance, perceived sincerity 
and the effectiveness of the communicative strategy. In addition, our corpora 
could facilitate the testing of sarcasm detection algorithms (bravo, super) by 
using hashtags (#honte ‘shame’). Finally, we believe that additional linguistic 
insights into online customer discourse could be gained by running specific 
queries (e.g., the modal uses of savoir in Belgian French compared to pou-
voir in France) and incorporating other types of corpus linguistic analyses, 
such as multi-word expressions, to explore the use of template responses in 
French-speaking customer service interactions.

References

Akhtar, Nadeem, and Mira Mohd. Sufyan Beg. 2021. Railway Complaint Tweets Iden-
tification. In: Neha Sharma, Amlan Chakrabarti, Valentina Emilia Balas and Jan 
Martinovic (eds.), Data Management, Analytics and Innovation. Advances in Intel-
ligent Systems and Computing, vol. 1174. Springer, 195–207.

Argenti, Paul A. 2006. How technology has influenced the field of corporate commu-
nication. Journal of Business and Technical Communication 20(3): 357–370. http://
dx.doi.org/10.2139/ssrn.828926.

Béal, Mathieu, and Yany Grégoire. 2022. How do observers react to companies’ humor-
ous responses to online public complaints? Journal of Service Research 25(2): 
242–259. https://doi.org/10.1177/1094670521989448.

Blodgett, Jeffrey G., Donna Hill, and Aysen Bakir. 2006. Cross-cultural complaining 
behavior? An alternative explanation. Journal of Consumer Satisfaction, Dissatisfac-
tion and Complaining Behavior 19: 103–117.

http://dx.doi.org/10.2139/ssrn.828926
http://dx.doi.org/10.2139/ssrn.828926
https://doi.org/10.1177/1094670521989448


27French-speaking customer service interactions

Contrastive PragmaticS  (2024) 1–30 | 10.1163/26660393-bja10130

Cavalieri, Silvia, and Sara Corrizzato. 2022. “We’re sorry for any inconvenience caused.” 
Pragmatic aspects of handling complaints in customer-airline company tweets. 
Lingue e Linguaggi 53: 101–115. https://doi.org/10.1285/i22390359v53p101.

Cenni, Irene and Patrick Goethals. 2017. Negative hotel reviews on TripAdvisor: A cross-
linguistic analysis. Discourse, Context & Media 16: 22–30. https://doi.org/10.1016 
/j.dcm.2017.01.004.

Chrisafis, Angelique. 2019. Christmas travel in France likely to be disrupted as strikes 
continue. The Guardian, 19 December. https://www.theguardian.com/world/2019 
/dec/19/christmas-travels-likely-to-be-disrupted-as-french-strikes-continue.

Collins, Luke C. 2019. Corpus Linguistics for Online Communication. A Guide for 
Research. London: Routledge.

Decock, Sofie. 2022. Discursive approaches to webcare: A closer look at apologies, con-
versational human voice, legitimation, and emotion regulation. Discourse Context 
& Media 45: 100575. https://doi.org/10.1016/j.dcm.2021.100575.

Decock, Sofie, and Ilse Depraetere. 2018. (In)directness and complaints: A reassess-
ment. Journal of Pragmatics 132: 33–46. https://doi.org/10.1016/j.pragma.2018.04.010.

Depraetere, Ilse, Sofie Decock, and Nicolas Ruytenbeek. 2021. Linguistic (in)direct-
ness in Twitter complaints: a contrastive analysis of railway complaint interactions.  
Journal of Pragmatics 171: 215–233. https://doi.org/10.1016/j.pragma.2020.09.026.

Dong, Kaitai, Igor Romanov, Colin Mclellan and Ahmet F. Esen. 2022. Recent text-
based research and applications in railways: A critical review and future trends. 
Engineering Applications of Artificial Intelligence 116: 105435. https://doi.org/10.1016 
/j.engappai.2022.105435.

Fan Ying and Run Hong Niu. 2016. To tweet or not to tweet? Exploring the effective-
ness of service recovery strategies using social media. International Journal of 
Operations & Production Management 36(9): 1014–1036. https://doi.org/10.1108 
/IJOPM-10-2013-0461.

Feng, Wei, and Ren, Wei. Impoliteness in negative online consumer reviews: A cross-
language and cross-sector comparison. Intercultural Pragmatics 17(1): 1–25. https://
doi.org/10.1515/ip-2020-0001.

Howard, Jeffrey M. 2020. Trains, Twitter and the social licence to operate: An analysis 
of Twitter use by train operating companies in the United Kingdom. Case Studies on 
Transport Policy 8(3): 812–821. https://doi.org/10.1016/j.cstp.2020.06.002.

Jansen, Bernard J., Mimi Zhang, Kate Sobel, and Abdur Chowdury. 2009. Twitter power: 
Tweets as electronic word of mouth. Journal of the American Society for Information 
Science and Technology 60/11: 2169–2188. https://doi.org/10.1002/asi.21149.

Kietzmann, Jan H., Kristopher Hermkens, Ian P. McCarthy, and Bruno S. Silvestre. 2011. 
Social media? Get serious! Understanding the functional building blocks of social 
media. Business Horizons 54(3): 241–251. https://doi.org/10.1016/j.bushor.2011.01.005.

Lutzky, Ursula. 2021. The Discourse of Customer Service Tweets. London: Bloomsbury.

https://doi.org/10.1285/i22390359v53p101
https://doi.org/10.1016/j.dcm.2017.01.004
https://doi.org/10.1016/j.dcm.2017.01.004
https://www.theguardian.com/world/2019/dec/19/christmas-travels-likely-to-be-disrupted-as-french-strikes-continue
https://www.theguardian.com/world/2019/dec/19/christmas-travels-likely-to-be-disrupted-as-french-strikes-continue
https://doi.org/10.1016/j.dcm.2021.100575
https://doi.org/10.1016/j.pragma.2018.04.010
https://doi.org/10.1016/j.pragma.2020.09.026
https://doi.org/10.1016/j.engappai.2022.105435
https://doi.org/10.1016/j.engappai.2022.105435
https://doi.org/10.1108/IJOPM-10-2013-0461
https://doi.org/10.1108/IJOPM-10-2013-0461
https://doi.org/10.1515/ip-2020-0001
https://doi.org/10.1515/ip-2020-0001
https://doi.org/10.1016/j.cstp.2020.06.002
https://doi.org/10.1002/asi.21149
https://doi.org/10.1016/j.bushor.2011.01.005


28 Lutzky and Ruytenbeek 

10.1163/26660393-bja10130 | Contrastive PragmaticS  (2024) 1–30

Lutzky, Ursula, and Andrew Kehoe. 2022. Using corpus linguistics to study online data. 
In: Camilla Vásquez (ed.), Research Methods for Digital Discourse Analysis, 219–236. 
Bloomsbury.

Milmo, Dan. 2023. Elon Musk reveals new Twitter logo X. The Guardian, July 24 
https://www.theguardian.com/technology/2023/jul/24/elon-musk-reveals-the 
-new-twitter-logo-x.

Nisar, Tahir M., and Guru Prabhakar. 2018. Trains and Twitter: Firm generated content, 
consumer relationship management and message framing. Transportation Research 
Part A: Policy and Practice 113: 318–334. https://doi.org/10.1016/j.tra.2018.04.026.

Orthaber, Sara. 2019. Aggressive humour as a means of voicing customer dissatisfac-
tion and creating in-group identity. Journal of Pragmatics 152: 160–171. https:// 
doi.org/10.1016/j.pragma.2018.11.002.

Orthaber, Sara. 2023. (Im)politeness at a Slovenian Call Centre. Advances in (Im)polite-
ness Studies. Cham: Springer. https://doi.org/10.1007/978-3-031-43320-7_7.

Ruytenbeek, Nicolas, Decock, Sofie, and Ilse Depraetere. 2023a. Experiments into the 
influence of linguistic (in)directness on perceived face-threat in Twitter complaints. 
Journal of Politeness Research 19 (1): 59–86. https://doi.org/10.1515/pr-2019-0042.

Ruytenbeek, Nicolas, Decock, Sofie, and Ilse Depraetere. 2023b. The influence of 
linguistic choices on perceived face-threat in Twitter complaints: An experimen-
tal approach. Journal of Politeness Research 19 (1): 87–122. https://doi.org/10.1515 
/pr-2021-0031.

Scott, Mike, and Christopher Tribble. 2006. Textual Patterns. Key Words and Corpus 
Analysis in Language Education. Amsterdam: John Benjamins.

Scott, Mike. 2010. Problems in investigating keyness, or clearing the undergrowth and 
marking out trails. In: Marina Bondi and Mike Scott (eds.), Keyness in Texts. Amster-
dam: John Benjamins, 43–57. https://doi.org/10.1075/scl.41.04sco.

Scott, Mike. 2022. WordSmith Tools version 8 (64 bit version) Stroud: Lexical Analysis 
Software.

Van Herck, Rebecca, Sofie Decock, and Bernard De Clerck. 2020. “Can you send us a 
PM please?” Service recovery interactions on social media from the perspective 
of organizational legitimacy. Discourse, Context & Media 38: 100445. https://doi 
.org/10.1016/j.dcm.2020.100445.

Van Noort, Guda and Lotte M. Willemsen. 2012. Online damage control: The effects 
of proactive versus reactive webcare interventions in consumer-generated and 
brand-generated platforms. Journal of Interactive Marketing 26: 131–140. https://doi 
.org/10.1016/j.intmar.2011.07.001.

Van Noort, Guda, Lotte M. Willemsen, Peter Kerkhof, and Joost W. M. Verhoeven. 
2015. Webcare as an integrative tool for customer care, reputation management, 
and online marketing: A literature review. In: P. J. Kitchen and E. Uzunoğlu (eds.), 

https://www.theguardian.com/technology/2023/jul/24/elon-musk-reveals-the-new-twitter-logo-x
https://www.theguardian.com/technology/2023/jul/24/elon-musk-reveals-the-new-twitter-logo-x
https://doi.org/10.1016/j.tra.2018.04.026
https://doi.org/10.1016/j.pragma.2018.11.002
https://doi.org/10.1016/j.pragma.2018.11.002
https://doi.org/10.1007/978-3-031-43320-7_7
https://doi.org/10.1515/pr-2019-0042
https://doi.org/10.1515/pr-2021-0031
https://doi.org/10.1515/pr-2021-0031
https://doi.org/10.1075/scl.41.04sco
https://doi.org/10.1016/j.dcm.2020.100445
https://doi.org/10.1016/j.dcm.2020.100445
https://doi.org/10.1016/j.intmar.2011.07.001
https://doi.org/10.1016/j.intmar.2011.07.001


29French-speaking customer service interactions

Contrastive PragmaticS  (2024) 1–30 | 10.1163/26660393-bja10130

Integrated Communications in the Postmodern Era. London: Palgrave Macmillan, 
77–99. https://doi.org/10.1057/9781137388551_4.

Vargo, Chris, Harsha Gangadharbatla, and Toby Hopp. 2019. eWOM across channels: 
comparing the impact of self-enhancement, positivity bias and vengeance on 
Facebook and Twitter. International Journal of Advertising 38(8): 1153–1172. https: 
//doi.org/10.1080/02650487.2019.1593720.

Vásquez, Camilla. 2011. Complaints online: The case of TripAdvisor. Journal of Prag-
matics 43: 1707–1017. https://doi.org/10.1016/j.pragma.2010.11.007.

Vásquez, Camilla. 2014. The Discourse of Online Consumer Reviews. London: Bloomsbury.
Vermeulen, Ivar E., and Daphne Seegers. 2009. Tried and tested: The impact of online 

hotel reviews on consumer consideration. Tourism management 30(1): 123–127. 
https://doi.org/10.1016/j.tourman.2008.04.008.

Vladimirou, Dimitra, Juliane House, and Dániel Kádár. 2021. Aggressive complain-
ing on Social Media: The case of #MuckyMerton. Journal of Pragmatics 177: 51–64. 
https://doi.org/10.1016/j.pragma.2021.01.017.

Vo, Tam Thien, Xinning Xiao, and Shuk Ying Ho. 2019. How does corporate social 
responsibility engagement influence word of mouth on Twitter? Evidence from the 
airline industry. Journal of Business Ethics 157(2): 525–542. https://doi.org/10.1007 
/s10551-017-3679-z.

Von Helversen, Bettina, Katarzyna Abramczuk, Wiesław Kopeć, and Radoslaw Nielek. 
2018. Influence of consumer reviews on online purchasing decisions in older 
and younger adults. Decision Support Systems 113: 1–10. https://doi.org/10.1016 
/j.dss.2018.05.006.

Willemsen, Lotte, Peter C. Neijens, and Fred A. Bronner. 2013. Webcare as customer 
relationship and reputation management? Motives for negative electronic word 
of mouth and their effect on webcare receptiveness. In: Sara Rosengren, Micael 
Dahlén, and Shintaro Okazaki (eds), Advances in Advertising Research (Vol. IV) 
The Changing Roles of Advertising. Wiesbaden: Springer Gabler, 55–69. https://doi 
.org/10.1007/978-3-658-02365-2_5.

 Biographical Notes

Ursula Lutzky is Associate Professor at the Vienna University of Economics 
and Business. Her research interests include business communication, dis-
course studies, pragmatics, and corpus linguistics. Her recent work has focused 
on the study of language in large corpora of digital discourse, such as blogs and 
microblogs. Her monograph, The Discourse of Customer Service Tweets (2021), 
explores the linguistic and communicative features used by companies and 
their customers when engaging in customer service interactions on Twitter.

https://doi.org/10.1057/9781137388551_4
https://doi.org/10.1080/02650487.2019.1593720
https://doi.org/10.1080/02650487.2019.1593720
https://doi.org/10.1016/j.pragma.2010.11.007
https://doi.org/10.1016/j.tourman.2008.04.008
https://doi.org/10.1016/j.pragma.2021.01.017
https://doi.org/10.1007/s10551-017-3679-z
https://doi.org/10.1007/s10551-017-3679-z
https://doi.org/10.1016/j.dss.2018.05.006
https://doi.org/10.1016/j.dss.2018.05.006
https://doi.org/10.1007/978-3-658-02365-2_5
https://doi.org/10.1007/978-3-658-02365-2_5


30 Lutzky and Ruytenbeek 

10.1163/26660393-bja10130 | Contrastive PragmaticS  (2024) 1–30

Nicolas Ruytenbeek is an assistant professor in digital and multilingual com-
munication at the Department of Linguistics (KU Leuven). In his research 
activities, he addresses the production and comprehension of speech acts in 
relation to face-threat and (im)politeness in digital settings, weaving together 
the fields of philosophy of language, pragmatics, psycholinguistics and busi-
ness communication.


