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Color-Dependent Prediction Stability of
Popular CNN Image Classification Architectures

Fraction of identical classification to reference (d=0) per hue shift Fraction of identical classification to reference (g=1.00) per saturation shift
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—Behavior seems independent ot training data,
—Behavior is inherited through franster learning,
—Larger archifectures appear less sensifive,
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(And yes, additional pre—processing during training alleviates the problem..)

Code and exira P\OTS available al HTTPS://GITLAB.COM/EAVISE/LME/NNCOLORSTABILITYANALYSIS-PAPER!
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