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Various theoretical approaches have provided us with insights to explain
the pattern of migration flows. Economic theory considers migration to be
a reaction to labor market and economic incentives. Cultural theories pre-
dict that migration flows will occur according to a center-periphery pat-
tern, while social network analysis assumes that migrants follow already
established migration networks. We test these three approaches simultane-
ously, using OECD and Eurostat data on the migrant inflow into the
European countries between 1980 and 2004. The analysis demonstrates
that migration flows react to economic incentives, mainly with regard to
the labor market, but also to cultural and colonial linkages. There is no
indication that the importance of the colonial past is declining over time.
The response of migration patterns to shortages in the labor market is
shown to be highly efficient, while the analysis shows that immigrants are
not attracted by high levels of social expenditure.

 

INTRODUCTION

 

Since the 1960s migration to Western Europe has increased substantially,
despite the fact that since the early 1970s various countries have adopted
restrictive legislation with regard to the entry of foreigners into the country
(Castles and Miller, 2003; Krieger, 2004; OECD, 2006). These legal obstacles
apparently have not prevented an ever-increasing number of persons to settle
in Western Europe, either in the form of economic or labor migrants, political
asylum seekers, or in the form of various procedures with regard to family
reunification (Zlotnik, 1998). We know far less, however, about why migrants
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specifically decide to settle in a particular country and why they tend to avoid
others. Furthermore, these preferences seem to shift over time. In recent years,

 

e.g.

 

, the countries in southern Europe have experienced a huge increase in the
number of people seeking entrance into the country (Venturini, 2004). If we
assume that migrants typically seek better living conditions (Kalter, 1998),
from a purely economic point of view it would make sense that countries with
the highest living standards would attract a disproportional number of
migrants, which does not seem to be the case. Certainly, the Scandinavian
countries offer among the highest standards of living and the best material
conditions in the world, while the available material does not seem to indicate
that migrants are overwhelmingly attracted to the Scandinavian countries
(Bengtsson, Lundh, and Scott, 2005). In the current state of research, there is
no clear-cut answer to the question why migrants seem to prefer some
countries over others: “At present, there is no single theory widely accepted by
social scientists to account for the emergence and perpetuation of international
migration throughout the world, only a fragmented set of theories that have
developed largely in isolation from one another” (Massey 

 

et al

 

., 1998:17).
Migration always involves two distinct decisions: migrants leave their

country of origin but they also have to decide in which host country they want
to settle. Push factors have been investigated quite extensively and our knowledge
on why migrants decide to leave their country of origin is well developed
(Hatton and Williamson, 1994, 1998). This, however, still leaves open the
question why migrants are attracted to a specific country. We know by now
migrants leave their country mainly because of economic reasons, and they
expect better living conditions elsewhere, but this still leaves unresolved the
question why they decide to move to country A instead of to country B.

Building on previous analyses, in this article we concentrate on the 

 

pull
factors

 

: what attracts migration to European countries? We can distinguish at
least three possible approaches to explain the pull factors determining a coun-
try’s attractiveness for migrants. Economic and labor theories assume that
migrants react to shortages in the labor market, thus providing for an equilib-
rium in labor markets, both in their country of origin and in the country they
head to. Cultural and world system theory assumes that migration patterns
reflect center/periphery relations in the world system. Migrants typically move
from the periphery to the center, in terms of linguistic dominance or cultural
hegemony. A third, social capital or social network approach basically assumes
that migrants are attracted by the fact that other migrants from the same ethnic
group have already settled in the receiving society, thus allowing for the occur-
rence of networks of recruitment (Massey 

 

et al

 

., 1998).
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Each one of these theories has been used in contemporary research on
migration patterns. In the current article, however, we want to reach a better
understanding of the validity of these theoretical approaches by taking two
additional steps in the analysis. First, we use a broad comparative data set of
migration patterns, covering 21 European countries. Our scope, therefore, is
much broader than in earlier research efforts that have tended to concentrate
on just one specific ethnic group or one country for a more limited time period.
Using such a broad data set provides us with a sufficient number of observa-
tions to develop a robust multivariate and multilevel test for these competing
theories. Second, we build various models to explain migration flows over a 25-
year period, thus reducing the risk that our observations would be influenced
by temporary or transitory phenomena.

In this article, we first give a review of the hypotheses that have been put
forward to explain the pull factors in migration patterns. Subsequently, we
present the data and methods that we will use to test the hypotheses we can
derive from this literature. In the subsequent sections, we elaborate on the eco-
nomic, cultural, and network explanations of migration patterns.

 

LITERATURE REVIEW

 

Overviews of the literature on the causes of international migration invariably
start with the presentation of the “push-pull framework,” which has its origins
in liberal economic theories, some of them dating back to the late nineteenth
century (Castles and Miller, 1994:19). These theories focus on economic
factors to explain migration as they assume that the supply and demand effect
(at the macro level) and individual cost-benefit analyses (at the micro level)
eventually lead to the establishment of an equilibrium on the labor market,
reached by the aggregate effect of individual decisions to migrate to another
country. These theories typically lead to the conclusion that people migrate
from low income to high income economies, or from regions experiencing a
downward economic trend to regions experiencing economic expansion
(Borjas, 1995).

These traditional push-pull theories have been subject to much criticism,
often due precisely to their association with economic theory, which has come
to be perceived as too narrow a focus on a complex phenomenon such as migra-
tion. Critics would argue that the concepts were developed in an industrial era,
and as such, they no longer offer the best perspective on migration in a post-
industrial, globalizing world (Massey 

 

et al

 

., 1998:12). From an empirical per-
spective, too, it has been ascertained that people leaving their country do not



 

 

 

M

 

  

 

E

 

 

 

C

 



 

479

 

typically originate from the poorest countries, as cost-benefit approaches
would suggest, but rather from regions undergoing rapid social and economic
change (Castles and Miller, 1994:22). Moreover, traditional push-pull theories
fail to provide a sound explanation for between-country differences, for differ-
ences between individuals – 

 

i.e.

 

, the microstructural causes of migration – and
for the resilience of certain flows whose original causes have disappeared or
diminished (Portes and Böröcz, 1989:607, 612).

Another more recently developed strand of theories situates migration in
a broader context than that of a transfer of people between two nation-states.
For instance, according to world systems theory, which developed out of
historical-structural theory, migrant flows are triggered when capitalist economic
relations enter non- or pre-capitalist societies. Various types of links are created
between core capitalist countries and countries situated in the periphery of this
core. Among these links enduring cultural ties are of crucial importance, such
as the vestiges of colonization in the organization of the education system in
former colonies (Massey 

 

et al

 

., 1998:40), which is one of the factors that con-
tribute to the attraction of former colonial subjects to their former colonizer.

Portes and Rumbaut (1996:273), too, situate migration in a context of
structural unbalancing of peripheral societies under the influence of core
capitalist countries, as described in various versions of the world system theory.
Apart from historical causes such as occupation, colonization, or active recruit-
ment of foreign laborers, this kind of structural unbalancing may also be
brought about by means of mass communication, which spreads information
on Western lifestyle and shapes consumption expectations in the culturally
peripheral societies.

Whereas the theories discussed so far aim to identify what initially
attracts migrants to their destination countries, other theories have been devel-
oped to explain why migration flows may become persistent once they have
been initiated.

These theories generally focus on networks linking migrants to a variety
of people, both migrants and nonmigrants, in their society of origin and at
their destination. Such migration-facilitating networks tend to enlarge over
time, reducing the costs and risks of migration for ever-greater numbers of
migrants. At the same time, migration becomes institutionalized through the
workings of various private and voluntary organizations active in the field
(Castles and Miller, 1994:25; Massey 

 

et al

 

., 1998:448ff). In this way, migration
may become the norm rather than the exception for the people within the net-
works: “To the extent that migration abroad fulfils the goals of individuals and
families, the process continues to the point that it becomes normative” (Portes
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and Rumbaut, 1996:276). In this way, migrant flows may be perpetuated
despite the disappearance of their initial causes.

Given the empirical nature of this article, we do not feel the need to
express a preference for any one of these approaches as our purpose is indeed
to explore the empirical validity of each one of these theoretical frameworks.
As Massey 

 

et al

 

. (1998:12) point out, the traditional push-pull framework pro-
vides a categorization of migrations and of factors that play a part in migration,
but it does not constitute a theory 

 

per se

 

. Therefore, the concept of push and
pull factors is not necessarily associated exclusively with liberal economic the-
ory; push and pull factors can be discerned in other theories as well. Further-
more, Massey 

 

et al

 

. (1998) argue that these various theoretical approaches do
not exclude one another, and they do not necessarily contradict one another.
It is also striking to observe that these theoretical approaches do not even men-
tion the role of the state, which would lead to the implicit assumption that
political authorities do not really have an impact on the migration patterns into
their country.

This theoretical literature does, however, provide us with a set of testable
hypotheses on the causes and characteristics of international migration
(Massey 

 

et al

 

., 1998:50). In the remainder of this article, we want to test
these three hypotheses, mainly relying on the OECD and Eurostat data set
with regard to international migration patterns. We will also include a number
of political control variables, to ascertain whether political systems actually
have an impact on immigration patterns and figures.

 

HYPOTHESES

 

The review of the literature in the previous section leads to the formulation of
a number of specific hypotheses about the effects of pull factors that could be
responsible for a country’s attractiveness to migrants.

Economic theory is most straightforward: it is assumed that migrants will
respond to incentives operating within the labor market. Perceived shortages
of skilled or unskilled labor will lead to the influx of new worker groups. In
this view, migration is mainly seen as a mechanism to balance supply and
demand on the labor market (DaVanzo, 1978; Borjas, 1995; Feld, 2005). This
hypothesis can be operationalized by investigating the relation between various
economic indicators (economic growth, income, income/capita, unemployment,
etc.) and the influx of migrants into the country (Borjas, 1989; Stark, 1991).
An additional research question in this approach is how efficient migration is
in achieving an equilibrium in the labor market. Typically we could assume
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that there will be a time lag between the shortage on the labor market and the
influx of new migrants. If migration is an efficient mechanism, this time lag
could be very short, while a longer time lag could be considered an indicator
for inefficiency.

The world system theory paradigm, on the other hand, stresses the role of
cultural elements. Here it is assumed that migrants will tend to move from peripheral
to central countries. In this approach, migration is seen as a form of cultural
hegemony and Massey 

 

et al

 

. state that this paradigm leads to the hypothesis: 

 

International migration is especially likely between past colonial powers and their
former colonies, because cultural, linguistic, administrative, investment, transporta-
tion, and communication links were established early and were allowed to develop
free from outside competition during the colonial era, leading to the formation of spe-
cific transnational markets and cultural systems. (1998:41)

 

This hypothesis can be operationalized by ascertaining whether the former
colonial powers still attract migrants mainly from their former colonies, or
whether this pull effect tends to diminish over time now that most former
colonies are independent for at least four decades.

Finally the social networks explanation stresses the effect of chain migra-
tion. Once ethnic communities will have settled in a host country, for whatever
reason, this allows future cohorts of this community to gain easier entrance.
Often these new arrivals will be attracted by the presence of family members
or other networks, offering them various resources in the new society. In the
literature, however, there is some disagreement about the question how
extended this phenomenon really is (Krissman, 2005). This view can be sum-
marized in the hypothesis:

 

The size of the migratory flow between two countries is not strongly correlated to
wage differentials or employment rates, because whatever effects these variables have
in promoting or inhibiting migration are progressively overshadowed by the falling
costs and risks of movement stemming from the growth of migrant networks over
time. (Massey 

 

et al

 

., 1998:45)

 

This hypothesis leads to the rather straightforward claim that once an ethnic
community has settled in a host country, this will lead to a continuation of this
migration pattern. As we will observe later on, however, this hypothesis is most
difficult to test with the currently available figures. While economic and
cultural pull factors tend to be universal, and they tend to attract people from
different countries, the network effect is of course a very specific pull factor
which only exerts an influence on people from that one specific ethnic group,
not on others.
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In our analysis we will also include a number of control variables to assess
the impact of historical and political circumstances. To operationalize the demo-
cratic character of a country we included the score of every country on the
Freedom House Index, and whether or not the country has implemented any
legislation to combat discrimination. Not all countries, however, have open
policies toward immigration (Stalker, 2002). To operationalize openness, we
included information on whether the country allows non-EU-citizens the right
to vote, the length of required stay on the territory in order to be granted citi-
zenship status, and whether or not the country has ever implemented a policy
of regularization. Finally, since not all countries have the same capacity to
implement their policy, we also included the score on the corruption percep-
tion index of Transparency International. The assumption is that countries
with high rates of (perceived) corruption will find it harder to effectively con-
trol migration toward their country.

 

DATA AND METHODS

 

Despite various efforts to reach standardization and to increase comparability,
it remains notoriously difficult to obtain reliable and comparable statistics on
migration movements (Lemaître, 2005). The reason is that every country uses
its own procedures to identify immigrants, with varying rules on, 

 

e.g.

 

, length
of residence and legal status.

 

2

 

 Since the 1980s, however, the OECD has been
strongly involved in the collection of statistics on the international flow of
migration. Originally this data collection effort was inspired mainly by the
OECD focus on the functioning of the labor market, but since then the data
collection has expanded its scope to a more encompassing form of registration.
In any case, OECD figures are the only available data set offering a wealth of
comparative data on migration toward Europe during the final two decades of
the twentieth century. While we fully realize these data are not always as reliable
as we would like them to be, we do believe that the wide scope of the data set
offers a competitive advantage, compared to some other studies that have
focused on just one country, or on a limited numbers of years. The OECD data
set, on the other hand, allows us to reconstruct the migration toward all highly
industrialized countries, for every year between 1980 and 2004. Although we
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Throughout this article, we only refer to legal forms of migration, since this is the only form of
migration on which any kind of comparable data are available. Undocumented migration
probably is an increasingly important form of immigration, but this form of migration remains
completely outside the scope of this article.
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have to admit that at the onset of this research project we shared some of the
reservations with regard to the quality of the OECD data, we also decided that,
in the end, the proof of the pudding is in the eating. If our analysis would show
that there are distinct patterns that can be correlated in a significant manner,

 

e.g.

 

, with macroeconomic data, this would be a finding of interest. This would
not necessarily mean of course that the OECD data are sufficiently valid, but
at least we could assume that the margin of error tends to be stable across
countries and across time. If the errors would be completely random and
changing over time, this would almost automatically imply that we would not
be able to detect stable explanatory patterns.

It has to be stressed in this respect that the OECD data only cover legal
migration. Our analysis, therefore, is only valid for legal migration. Self-
evidently, we do know that various governments have expressed concern about
what they perceive as the rise in illegal immigration into European countries.
Figures on illegal immigration, however, can only be estimates, and they are not
the result of any official recordings (Cornelius 

 

et al

 

., 2004). As such, we did not
consider it wise to include these estimates in our statistical analysis.

It also has to be mentioned here that the OECD data set is not exactly
user-friendly for this kind of analysis. The older data are available only in
printed format, and had to be inputted in a data set manually. Nevertheless, we
succeeded in building a data set, which contains, for almost all OECD Mem-
ber States and for almost every year between 1980 and 2004, figures on:

– the stock of foreigners within the country;
– the total number of foreigners arriving in the country during that year,

divided across the country of origin. Where data were missing, we could
rely in some instances on figures from Eurostat, the statistical office of the
European Union. This massive data set therefore allows us to investigate
the various hypotheses we have set out in the preceding sections.

 

A LOOK AT THE FIGURES

 

There can be little doubt that migration toward the industrialized countries in
Western Europe is an increasingly important phenomenon (Table 1). Table 1
shows that, in the last two decades, Europe has encountered an increasing
inflow of immigrants: from 1980 to 1990, Europe received, each year, about
1.1 million immigrants while this number increased to an average of about 2
million between 1991 and 2004. To summarize it roughly: the number of
immigrants Europe receives on average rises by 84,000/year. This observed rise
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in migration inflow can be attributed to almost every European country: except
for Finland and Greece, all European countries received significantly more
immigrants in the 1990s and the first years of the twenty-first century than in
the 1980–1990 period. The increase is strongest in Germany: while that
country (East and West combined) received 515,000 immigrants in the 1980s;
this was up to 750,000 in the ten years between 1995 and 2004. For the United
Kingdom, Spain, and Italy we can also observe substantial increases.

This increasing inflow of immigrants is also reflected in the evolution in
the stocks of the foreign population in the different European countries. It has
to be remembered here that OECD and Eurostat figures include “foreigners,”

 

i.e.

 

, inhabitants who are not a citizen of the country. This implies that former
immigrants who are naturalized and have received citizenship are no longer

TABLE 1
MIGRATION TRENDS IN OECD EUROPEAN MEMBER COUNTRIES

Stock Foreign Population Inflow Foreign Population

1980 2004
Trend 

1980–2004
1980–1990
(avg/year)

1991–2004
(avg/year)

Trend annual
evolutiond

Austriac 3.82 9.59 +5.77 − 81,586 +8,046
Belgium 8.92 8.41 −0.51 40,447 59,830 +1,470
Czech Republic 1.73 2.48 +0.75 1,352 14,657 +1,518
Denmark 1.78 4.97 +3.20 14,457 20,906 +493
Finland − 2.08 − 12,618 9,857 −208
France 6.89 5.47b −1.42 64,248 102,378 +2,777
Germany* 5.69 8.16 +2.47 515,455 748,312 +10,767
Greecec 1.87 6.92b +5.05 36,167 30,538 +15
Hungary − 1.40 − 8,136 16,900 +808
Irelandc 2.59a 5.63 +3.05 21,000 27,979 +565
Italy 0.37 3.89c +3.51 90,364 175,899 +1,765
Luxembourg 24.68 39.42 +14.75 7,261 10,343 +231
Netherlands 3.68 4.32 +0.64 55,434 79,681 +1,559
Norway 2.02 4.64 +2.62 16,158 23,334 +688
Poland 0.13 0.13 +0.00 1,704 16,627 +1,248
Portugalc 0.52 4.32 +3.80 − 24,842 +4,576
Sloveniac 0.06a 2.30 +2.24 − 5,069 +483
Spain 0.49 4.63 +4.14 21,782 185,847 +17,696
Sweden 5.07 5.18 +0.10 36,082 43,710 +640
Switzerland 4.13 20.42 +6.30 72,543 91,085 +1,095
United Kingdom 3.14a 4.81 +1.67 − 231,585 +26,085
OECD Europe 3.32 5.30 +1.97 1,068,695 2,000,965 +84,130

Source: OECD, Eurostat, and own calculations by the authors. Stock in percentage of total population; flow in absolute
numbers.

*Before 1989 this is the sum of the scores for East and West Germany.
aData for 1990 instead of 1980 are used due to missing values.
bData for 2000 instead of 2002 are used due to missing values.
cSome missing values are present. Averages per year are calculated on the figures for the available inflow statistics.
dResults from an OLS-regression analysis. Virtual annual evolution of the migration inflow to the country (absolute
numbers).



 M  E C 485

included in these figures. The official figures on “foreign nationals” are there-
fore an underestimate of ethnic diversity in general. Even taking into account
this limitation, the population of almost every European country has become
more ethnically and culturally diverse between 1980 and 2004. The only
exceptions here are Belgium and France, and it has to be remembered that in
both countries a substantial number of resident foreigners have received
citizenship. On average, about 3.3 percent of the population in the European
countries in 1980 had foreign citizenship, and this was up to 5.3 percent in
2004. Substantial increases can be found in Luxembourg, Switzerland, Greece,
and Austria.

When we plot the figures from Table 1 in Figure I, we can observe that
the upward trend in migration flows can be found in all European regions.
Since 1990, the countries in Central and Eastern Europe, too, have experi-
enced a rapid rise in the number of immigrants entering the country. Although
patterns might vary between countries, the general trend line is clearly up. For
recent years, the strongest increase can be found in southern and Eastern
Europe.

After this overview, we can now proceed to the test of our hypotheses.
First, we test the economic theory, followed by a test of the theory of cultural
hegemony and, finally, a test of the network theory.

TESTING THE ECONOMIC HYPOTHESES

Ideally, we wanted to test all of our hypotheses simultaneously to assess and
compare their validity. One has to remember, however, that our data set only
provides us with information on 21 cases or countries. This implies that the
number of independent variables that we can enter simultaneously will have to
be limited. Therefore, we gradually build our model by running separate
models for each of the three approaches we listed in our theoretical section.
Subsequently, we focus on the variables that proved to be significant in the
economic, cultural, or network models and we include all of these variables in
our final model.

In this analysis, the dependent variable is the immigration flow into the
country, for the years between 1980 and 2004. Each inflow figure (the number
of people entering a specific country in a specific year) is seen as a separate
observation. This leaves us with 426 observations in total. However, these 426
observations are not independent, since they are clustered within 21 countries.
As we have seen in Table 1, at least some similarity between inflows into one
and the same country is present. The inflow figures for Germany or the UK, for
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Figure I. Migration Flows to European Countries 1980–2004
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example, are systematically higher than those for countries such as Luxemburg
or Slovenia. Standard statistical techniques, such as multivariate regression
analysis, are not appropriate to analyze this kind of clustered data. Given the
nested or clustered structure of the data set, we have to use general linear mixed
modeling (Verbeke and Molenberghs, 2000). This statistical method renders
it possible to distinguish different levels of analysis: in this case we can make a
distinction between level I effects (the year within the country series) and
level II effects (the country, which serves as a higher level). Technically, this

Source: OECD and Eurostat, 1980–2004, and own calculations by the authors.

Figure I. (Continued) 
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differentiation between the two levels is obtained by specifying so-called
random effects, such as country-specific intercepts or slopes. Furthermore, the
observations within a country are not considered as having a random order.
Instead, they are modeled as an evolution over time, by including a time-
variable, indicating the year of the observation.

In each one of the following models, we included a number of basic con-
trol variables. First of all, a time effect was applied to control for the fact that
we are dealing with time series. As immigration flows have shown not to evolve
in a linear way, a quadratic time effect (time2) was included as well. Because the
data show that the evolution of immigration strongly differs from one region
to another, these time effects were allowed to vary over the countries (by means
of random slopes for time and time2). Furthermore, we also included the
population figure of the host country (population host country) to control for
the simple fact that large countries will attract a larger number of migrants
than small countries.

In all models, both dependent and independent variables were standard-
ized before the analysis. By consequence, the reported parameters can be inter-
preted as standardized parameters, i.e., they can be compared in magnitude.

In our first model, we test the economic explanation for the attractiveness
of a country. In this model we try to predict the migration flow by using the
following independent variables:

– unemployment rate: percentage of the active population that is registered
as unemployed;

– economic growth: real GDP growth (percentage change on the previous
year);

– GDP per capita, as an indicator for the wealth of a country;
– total social expenditure (in percentage of GDP).

All of these measurements could be obtained from the OECD economic
data sets. For the first two indicators, figures are available for separate years in
our time range. As we also wanted to detect how efficient migration patterns
react to changing economic circumstances, we experimented with various time
lags in our models, e.g., using unemployment rates from the same year as the
observation (t), one year earlier (t − 1), and so on. For the final two variables
the information in the OECD data sets is less complete, so that averages over
5- (social expenditure) or 10-year time periods (GDP per capita) had to be
included in the model. Despite the fact that we also searched in other inter-
national comparative economic data sets, we did not succeed in obtaining
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information for every country/year combination. Especially for the 1980s,
reliable economic statistics, e.g., for Eastern Europe, proved to be a problem.
Therefore, only 275 of the initial 426 observations could be used to test the
economic explanation.

Table 2 summarizes the result of the economic explanatory model. First
of all, we have a look at the effects of the basic control variables. The quadratic
time effect is rather hard to interpret, because country-specific deviations were
allowed by specifying random slopes for these variables. As could be expected,
the population figure of the host country is one of the main determinants of
the influx of immigrants. Obviously, countries with a large number of inhab-
itants – thus, larger countries – attract more immigrants.

The results in Table 2 show that most hypotheses derived from the
literature on economic explanations for migration are not confirmed in this
analysis. Gross domestic product/capita is not significantly related to the influx
of migrants, indicating that migrants do not systematically select the richest
countries among the OECD member states. Neither is there a significant
relation with the percentage of social expenditure, indicating that migrants do not
select countries with a generous social security regime. Unemployment is the
only variable with a significant impact. The effect is negative: low unemploy-
ment figures seem to attract migrants, and thus migration indeed primarily
seems to function as a mechanism to restore imbalances in the labor market.
Economic growth does not seem to be related to immigration figures. As we
will see later, however, the absence of a significant effect for economic growth

TABLE 2
AN ECONOMIC EXPLANATION FOR MIGRATION FLOWS TO EUROPE

Fixed Effects Estimate SE t-value p-value
Intercept −0.055 0.141 −0.39  0.7000
Time −0.208 0.160 −1.30  0.2097
Time2 0.369 0.190 1.94  0.0683
Population host country 0.861 0.166 5.17 < .0001
GDP per capita −0.044 0.045 −0.98  0.3273
Social expenditure 0.080 0.048 1.68  0.0953
Unemployment t − 1 −0.131 0.061 −2.15  0.0327
Real GDP growth t − 2 0.012 0.016 0.79  0.4279

Random Effects Estimate SE Z-value p-value
Variance random intercept 0.366 0.132 2.78  0.0028
Variance random slope time 0.381 0.153 2.50  0.0063
Variance random slope time2 0.607 0.227 2.68  0.0037
Residual variance 0.021 0.002 9.83 < .0001

Note: Entries are results from a general linear mixed model for 1980–2004 immigration flows to European countries.
N = 275.
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is due to the high (negative) correlation with unemployment. If unemploy-
ment is dropped from the model, economic growth turns out to coincide sig-
nificantly with higher levels of immigration. Overall, however, unemployment
is a better explanatory variable than economic growth.

The estimates of the random effects show that the largest part of the total
variance can be attributed to the country level. In other words: the differences
between countries are larger than the fluctuations over time within countries.
The random slopes for both time and time2 are significant, which indicates that
the evolutions over time vary across countries.

The model reported in Table 2 accounts for 36.2% of the variance across
time within countries (level I) and for 36.9% of the variance between the coun-
tries (level II).3 It has to be acknowledged, however, that the largest part of the
explanatory power is derived from the control variables (the quadratic time
effect and the population figure of the host country).

In Table 2, we included the unemployment figures of the year just prior
to the observation of the immigrant flow (t − 1). We did so after testing various
time lags in the model (Table 3). Table 3 reports the values for the unemploy-
ment variable in comparable models as the one reported in Table 2. For reasons
of clarity, all the other variables included in our model are not repeated here.
Based on the size of the standardized parameter, we conclude that unemploy-
ment gives the best prediction of migration flows if the time lag is 1 year. The
observations for t (the same year) or t − 2 one would also be significant, but
t − 1 results in the strongest estimate.

3The proportional reduction of the mean squared error of prediction at both levels was used as
a measure for the explained variance (R2). This mean squared error of prediction can be calculated
as σ2 + τ2 (level I) and σ2 + τ2/n (level II or country level), where σ2 is the residual variance, τ2

the variance of the random intercept and n the harmonic mean of the group sizes. As Snijders
and Bosker (1994) suggest, the presence of random slopes was not taken into consideration in
the calculation of the explained variance.

TABLE 3
STANDARDIZED EFFECT PARAMETER FOR UNEMPLOYMENT WITH DIFFERENT TIME LAGS

Estimate SE t-value p-value

Unemployment t −0.049 0.023 −2.16 0.0322
Unemployment t − 1 −0.085 0.041 −2.11 0.0367
Unemployment t − 2 −0.066 0.033 −2.01 0.0455
Unemployment t − 3 −0.038 0.025 −1.53 0.1286
Unemployment t − 5 0.019 0.022 0.87 0.3869

Note: Entries are results from a general linear mixed model for 1980–2004 immigration flows to European countries. Five
different models, like Table 2, are included. In this table we report only the various unemployment variables; all other
results are not repeated.
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This comparison shows that migration is not just a powerful, but also a
rather efficient, mechanism to restore imbalances on the labor market. After
one year only, migration flows react to signals from the labor market. It falls out
of the scope of this article to determine the exact causal mechanism responsible
for this effect. It might be that potential immigrants are specifically attracted
by all kinds of job offers; another possible explanation is that government agen-
cies become more lenient in their admission procedures and decisions when
there is a shortage on the labor market. Self-evidently a combination of both
factors is also possible, but for the moment we can reserve this for future
research.

A similar analysis was performed to determine the optimal time lag for
the variable “real GDP growth.” Here, a time lag of two years leads to the best
results (Table 4). Given the literature on economic cycles, it seems plausible
that the time lag for GDP growth is larger than for unemployment. In an
economic growth cycle, we first observe a rise in GDP figures; this is followed
by shortages on the labor market, and in a next phase this leads to attracting
new immigrants. Again, however, determining exact causal mechanisms falls
outside of the scope of this article.

To summarize, the economic analysis did not reveal any significant
effects for GDP/capita, evolution in GDP, or social expenditure in the host
country. It did reveal, however, that migration patterns respond to increased
demands on the labor market, with a reaction time or time lag of approxi-
mately one year.

TESTING THE WORLD SYSTEM APPROACH: COLONIAL PAST

Subsequently, we turn to our effort to test the cultural theories on immigration.
First, we operationalized the “center/periphery” approach in a rather

TABLE 4
STANDARDIZED EFFECT PARAMETERS FOR ECONOMIC GROWTH WITH DIFFERENT TIME LAGS

Estimate SE t-value p-value

Real GDP growth t −0.016 0.008 −1.94 0.0535
Real GDP growth t − 1 0.008 0.006 1.36 0.1747
Real GDP growth t − 2 0.027 0.013 2.00 0.0464
Real GDP growth t − 3 0.022 0.012 1.79 0.0750
Real GDP growth t − 5 0.022 0.016 1.37 0.1721

Note: Entries are results from a general linear mixed model for 1980–2004 immigration flows to European countries. Five
different models, like Table 2, are included. In this table we report only the various GDP growth variables; all other
results are not repeated.
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straightforward manner, by simply calculating the distance to the equator of
the host country. If we assume that migrants typically arrive in Europe from
southern countries that can be considered economically peripheral, we might
assume that their first “port of arrival” will be the Southern European
countries. In this cultural approach, however, the stress is on cultural
domination, which is expressed by the former colonial ties. As an independent
variable, we therefore included the total number of inhabitants of the former
colonies of the host country. For most European countries this figure is 0, but
there are also countries with huge former colonial empires. All former British
colonies combined now have 1,980,000,000 inhabitants (figures for 2005), for
France this is 272,000,000; for Portugal 223,000,000, and for Belgium
79,000,000 inhabitants. If the cultural explanation is correct, we might assume
that the former colonial powers will still attract migrants from their former
colonies. Table 5 is constructed in the same manner as Table 2: time, time2, and
the population of the host country are included as control variables. Unlike our
economic analysis, this model is not plagued by missing values, so we can use
all 426 observations.

As the results in Table 5 indicate, the distance from a country to the
equator does not influence the inflow of migrants. The colonial past of a country,
on the other hand, seems to play an important role in contemporary migration
fluxes. This finding supports the cultural approach: the more inhabitants in the
former colonies of a country, the larger the immigration flows that country
receives. This effect is even highly significant. This cultural model explains 22.4

TABLE 5
A CULTURAL EXPLANATION FOR MIGRATION FLOWS

Fixed Effects Estimate SE t-value p-value
Intercept −0.053 0.171 −0.31  0.8289
Time −0.005 0.167 −0.03  0.9744
Time2 0.151 0.189 0.80  0.4354
Population host country 0.057 0.028 2.06  0.0399
Distance to equator −0.002 0.032 −0.07  0.9444
Pop. former colonies 0.195 0.068 2.89  0.0041

Random effects Estimate SE t-value p-value
Variance random intercept 0.644 0.214 3.02  0.001
Variance random slope time 0.544 0.189 2.87  0.002
Variance random slope time2 0.704 0.241 2.92  0.002
Residual variance 0.081 0.006 13.64 < .0001

Note: Entries are results from a general linear mixed model for 1980–2004 immigration flows to European countries.
N = 426.
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percent of the evolutions over time (level I) and 24.4 percent of the differences
between countries (level II).4

Table 5 indicates that the former colonial powers still attract a substantial
number of immigrants. It has to be remembered that our data cover the entire
1980–2004 time period. While we could expect that the colonial past still
makes a difference in the early 1980s, one wonders whether this effect is still
as powerful in the current, increasingly globalizing world. This question can be
answered by specifying an interaction term between time and the variable
“population of former colonies.” When using this variable, however, it has to
be remembered that the British Commonwealth, by itself, accounts for about
one-third of the entire world population, which is much higher than that of
any of the other colonial empires. Furthermore, the United Kingdom is noto-
rious for the fact that its immigration statistics do no always live up to Euro-
pean standards. To account for this obvious outlier, we conducted the analysis,
first using all observations (n = 426), and second omitting the UK (n = 413).
In our first model, we simply confirm the fact that the number of inhabitants
of the former colonies has a significant effect on the current number of immi-
grants entering the country. When we subsequently also include an interaction
effect, this also exerts a significant effect. This indicates that, all countries com-
bined, the effect of the colonial past still seems to be rising.

However, in the final columns of Table 6 we repeat exactly the same
models, this time omitting the UK observations. The simple model again con-
firms the importance of the number of inhabitants of the former colonies. It is
quite remarkable to observe that this variable remains highly significant, even
after removing the 2 billion inhabitants of the British Commonwealth from
our analysis. When we subsequently also include the interaction with time, we
see remarkable differences. The interaction term is not significant in this
model, indicating that if we do not take into consideration the United Kingdom,
the impact of the former colonial past does not seem to increase over time.
Our initial observation of the influence of the colonial past, therefore, can

4The proportions of explained variance of the economic and cultural models should not be
compared directly, because the number of observations in this second model is substantially
larger than in the first model. It is also worth noting that in this cultural model the population
of the host country has a much smaller effect than in the previous economic model. Here, too,
the different number of observations is responsible for the difference. In the economic model we
mainly had to exclude Eastern European countries for the 1980s, due to missing economic data.
These are precisely the years and countries where the ratio “immigration/population of host
country” is small. Therefore, the effect of the population figure of the host country was
overestimated in the economic model.
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be attributed completely to the United Kingdom and its huge former colonial
empire. It has to be remembered however, that this implies that the impact of
the colonial past does not significantly change over time; it simply seems to
remain stable and it does not diminish or increase significantly.

The analysis reported in Tables 5 and 6, however, only covers general
immigration patterns. We see that the former colonial powers still attract a
significantly larger number of immigrants. We do not know, however, whether
these immigrants are indeed originating from the former colonies. A stricter
test, therefore, is that for each one of the former colonial powers we can calcu-
late the proportion of immigrants originating from the former colonies. That
way we can ascertain in a more direct manner whether the colonial heritage
becomes more or less important in explaining immigration patterns and
attractiveness to immigrants (Table 7).

We can observe that in the 1980s more than half of all immigrants in the
United Kingdom actually originated from the Commonwealth countries. In
recent years, this proportion has declined, and in the most recent figures, about
a quarter of all UK immigrants still originate from the former colonies. In the
Netherlands, too, we can observe that the importance of the former colonies
(Suriname and Indonesia) has declined substantially in recent decades. In
France and Southern Europe, however, we can observe exactly the opposite

TABLE 6
CULTURAL EXPLANATION MODELS, WITH AND WITHOUT UK

Fixed Effects

Model without Interaction

All Countries (N = 426) Without the UK (N = 413)

Estimate SE t-value p-value Estimate SE t-value p-value

Intercept −0.053 0.171 −0.31  0.7597 −0.052 0.177 −0.30  0.7709
Time −0.005 0.167 −0.03  0.9752 0.040 0.168 0.24  0.8162
Time 0.150 0.189 0.80  0.4354 0.087 0.187 0.47  0.6472
Population host country 0.058 0.016 3.68  0.0003 0.061 0.015 4.04 < .0001
Pop. former colonies 0.194 0.051 3.80  0.0002 0.168 0.063 2.68  0.0078

Fixed Effects

Model with Interaction Effect

All countries (N = 426) Without the UK (N = 413)

Estimate SE t-value p-value Estimate SE t-value p-value

Intercept −0.065 0.175 −0.37  0.7125 0.075 0.199 0.38  0.7096
Time 0.000 0.168 0.00  0.9996 0.080 0.155 0.52  0.6116
Time 0.143 0.185 0.77  0.4476 0.085 0.185 0.46  0.6504
Population host country 0.074 0.015 4.84 < .0001 0.062 0.015 4.14 < .0001
Pop. former colonies 0.313 0.050 6.28 < .0001 0.863 0.597 1.45  0.1489
Time x pop. former colonies 0.066 0.014 4.65 < .0001 0.215 0.183 1.18  0.2398

Note: Entries are results from a general linear mixed model for 1980–2004 immigration flows to European countries. 
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trend. In Spain and Portugal the percentage of immigrants arriving from
former colonies has even increased substantially. If we compare all the figures,
it is clear that we cannot arrive at a simple and unequivocal answer to the ques-
tion whether or not the importance of the colonial heritage declines. This
seems to be the case for the northern countries (UK, the Netherlands), but not
for France and the Southern European countries. These contradictory trends
explain why, overall, there is no interaction between time and colonial past, and
on an aggregate level we observe a stability of the relation. This implies that,
almost half a century after decolonization, the former colonial heritage still
continues to shape migration patterns to Europe.

WORLD SYSTEM HYPOTHESES: LANGUAGE

The hypotheses derived from world system or hegemony theory, however,
might also be operationalized in a slightly different manner. Cultural

TABLE 7
INFLOW FROM FORMER COLONIES

Year UK France Spain Portugal Italy Belgium Netherlands

1980 − 34.44 − − − − −
1981 − 35.60 − − − − 6.35
1982 60.07 37.88 − − − − 4.89
1983 54.92 32.09 − − − − 8.23
1984 58.20 28.79 − − − − 4.56
1985 60.66 26.50 − − − − 6.93
1986 59.79 27.68 − − − − 7.01
1987 57.59 28.72 − − − 7.06
1988 56.70 31.14 − − − − 4.97
1989 55.23 31.58 − − − − 6.73
1990 54.85 26.21 − − − 3.50 8.36
1991 54.92 24.31 − − − 3.45 7.91
1992 55.93 19.29 − − − 4.89 8.29
1993 52.70 22.85 − 18.18 − 4.34 8.95
1994 43.11 19.92 − 14.04 − 3.90 4.22
1995 51.24 34.55 21.54 14.00 3.70 1.86 2.56
1996 30.09 33.45 19.16 8.33 12.22 1.54 2.22
1997 27.98 36.22 16.25 9.09 9.35 1.22 3.39
1998 31.71 34.22 19.06 23.08 10.09 1.38 3.92
1999 26.41 35.81 26.34 20.95 13.88 1.17 2.30
2000 21.64 38.55 47.23 23.90 11.49 1.17 2.30
2001 28.69 33.09 44.19 17.86 11.99 2.12 2.33
2002 − 37.60 32.70 28.13 10.08 1.85 2.54
2003 − 50.42 37.11 39.52 − 1.60 3.26
2004 − 47.84 18.58b 36.17 − 1.52 3.07
Trend Annual Evolutiona −2.04 +0.43 +1.58 +2.15 +0.64 −0.21 −0.23

Notes: Entries are percentage of the total migration inflow originating from a former colony.
aResults from an OLS-regression analysis, summarizing annual trends.
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hegemony is expressed not only by the colonial past, but also by language. The
center position of the UK, France, and Spain does not refer only to their
history, but also to the fact that their official languages are being spoken by a
large population in various continents. The number of persons worldwide that
(officially) speak a language can be seen as an indicator of the dominance of
that particular language. Countries where a dominant language is being spoken
(like Spain or France), will attract more immigrants than countries where this
is not the case (like Sweden or Poland), according to the cultural approach. To
test this hypothesis, the number of persons that officially speak the language of
the immigration country was included as an independent variable. Take France
as an example: the value of this variable is the sum of the inhabitants of all the
countries where French is the major official language. Obviously, there will be
a strong correlation between the former colonial past and the current language
use. In most former French colonies, French is still the official language, and
with regard to English the same holds for most Commonwealth countries. The
correlation between the variables “population of the former colonies” and
“users of official language” is .55, and this multicollinearity implies that both
variables cannot be included simultaneously in the analysis. Therefore, we need
a separate model if we want to test the language factor (Table 8).

The analysis shows that European countries whose official language is
spoken by a large number of persons outside the country indeed attract a larger
number of immigrants. However, the effect of language dominance is smaller
than that of the colonial past (Table 6). Therefore, we opt for including colo-
nial ties rather than language dominance in the final model.

TABLE 8
EFFECTS OF DOMINANCE OF THE LANGUAGE ON MIGRATION

Fixed Effects Estimate SE t-value p-value
Intercept −0.022 0.189 −0.12  0.9072
Time 0.014 0.190 0.07  0.9423
Time2 0.158 0.216 0.73  0.4727
Population host country 0.125 0.016 7.60 < .0001
Language 0.038 0.011 3.44  0.0007

Random effects Estimate SE t-value p-value
Variance random intercept 0.673 0.241 2.80  0.0026
Variance random slope time 0.600 0.226 2.65  0.0040
Variance random slope time2 0.784 0.291 2.69  0.0036
Residual variance 0.098 0.008 12.35 < .0001

Note: Entries are results from a general linear mixed model for 1980–2004 immigration flows to European countries.
N = 351. Belgium, Luxembourg, and Switzerland not included because these countries have more than one official
language.
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NETWORK APPROACH

Finally, the network approach predicts that the presence of migrant
communities in a settler country or city facilitates further immigration. These
ethnic communities make entrance easier for persons coming from their native
country, by providing them with useful information or contacts. Over time,
this process would lead to chain migration. The network approach will be
tested by including the stock of foreign population at the beginning of the
decade as an independent variable.5 However, a word of caution is in order
here. The network approach has to be considered a micro- or meso-level
theory: it explains why the settlement of certain ethnic communities shows
particular patterns. Our model, on the other hand, is situated at the
macrosociological level. So rather than performing a stringent test for the
existence of chain migration, the macro-level model will try to grasp a process
that essentially takes place at the micro or meso level. It can be argued, however,
that if the current stock of immigrants does not seem to have an effect on the
subsequent number of immigrants coming in, this implies that the network
approach does not offer a good explanation for the total number of immigrants
a country receives (macro level). Nevertheless, on a micro or meso level it might
still be the case that individual immigrants or groups of immigrants are
attracted by the presence of their relatives or acquaintances in the host country.
Again, this is outside the scope of the article.

Table 9 indicates that the initial size of the stock of foreigners in the
country does not have a bearing on the subsequent number of immigrants.
Indeed, as we saw in Table 1, in 1980 Southern and Eastern European coun-
tries had a very small stock of foreigners, while in recent years they have become
rather popular as settler countries. If migration patterns where only dependent
on chain migration, these changes over time would be hard to explain, since
immigrants would simply have to continue to go to the countries in which they
already have networks available. This is obviously not the case. Again, we have
to stress here that various explanatory variables might be at work on various
levels. An individual immigrant deciding to settle in, e.g., Poland or the
Slovak Republic, might still make this decision based on his or her individual

5Given the fact that we mainly rely on OECD data, we have simply adopted the terms used by
the OECD itself. “Migrants” or “immigrants” are being used to designate those entering the
country; “foreigners” is the term used to designate those officially residing in the country without
full citizenship status. To avoid any confusion we thought it was preferable to use exactly the
same terms as our data source.
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networks. On a macro level, however, the stock of foreign nationals already
present in the country does not seem to be a good explanation for the current
attractiveness of the country for immigrants.

POLITICAL CONTROL VARIABLES

Thus far we have not included any political and historical variables in our
analysis, and indeed, the theoretical approaches that we want to test in this
article could be criticized on the ground that they do not even address the role
political systems can play in controlling immigration. Nevertheless, it seems
crucial that if we want to arrive at a comprehensive explanation of immigration
patterns, we also need to include at least some information on political
variables.6 As we already mentioned in sections 2 and 3, we included various
country-level measurements in the model in order to detect possible influences
of policy systems.

Again we proceeded in the same manner as with earlier analyses. Grant-
ing voting rights to non-EU nationals, granting naturalization “easily,” or a
high score on the Freedom House Index seem to be not-related to immigration
figures. At first sight, there is some influence from the presence of legislation
against discrimination: countries with such legislation (mostly in Northern
Europe) tend to attract fewer immigrants. This finding, however, does not
prove to be stable: if we exclude the countries where we do not have full-time
series on unemployment, the relation disappears.

6We would like to thank the anonymous reviewers for this journal for suggesting this additional
information in the model.

TABLE 9
A NETWORK EXPLANATION MODEL

Fixed Effects Estimate SE t-value p-value
Intercept −0.010 0.171 −0.06  0.9530
Time 0.002 0.177 0.01  0.9913
Time2 0.156 0.204 0.76  0.4537
Population host country 0.123 0.015 8.17 < .0001
Stock foreign population 0.002 0.004 0.42  0.6731

Random effects Estimate SE t-value p-value
Variance random intercept 0.606 0.203 2.98  0.0014
Variance random slope time 0.557 0.201 2.77  0.0028
Variance random slope time2 0.739 0.264 2.80  0.0026
Residual variance 0.092 0.007 12.75 < .0001

Note: Entries are results from a general linear mixed model for 1980–2004 immigration flows to European countries.
N = 426.
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Including political and historical variables, therefore, does not seem to
add much to the statistical analysis of the theoretical approaches we want to
discuss here. This does not imply, of course, that state policies do not matter.
First of all, it should be mentioned that it is hard to discover significant
effects of variables at the country level, given that our analysis only includes 21
countries. In other words, it is possible that the role of state policies does play
an important role, but that we fail to discover it because of lack of statistical
power. Second, state policies mediate the effect of the labor market and
colonial linkages we discovered in paragraphs 6 and 7. It is not unlikely that
the states functions as a gatekeeper, regulating immigration flows to fulfill the
needs of the labor market. However, up till this moment, we have no empirical
evidence to corroborate this process. Furthermore, it should be noted that
government policies also can have an effect on economic prosperity and/or
unemployment figures, so that in an indirect manner, too, government policies
will still have an effect on immigration figures.

Our conclusion is that, with the data that are available thus far, it is not
possible to develop an adequate and comprehensive measurement of state
policies in the field of integration, migration, and discrimination policies. Several
information-gathering efforts are under way (see, e.g., Bell, Chopin, and Palmer,
2006), so we do hope that our understanding of the effect of government
policies can continue to grow in the years ahead.

AN INTEGRATED MODEL

Finally, we can now arrive at the construction of a more integrated model,
simultaneously entering all the independent variables that proved to be
significant in our earlier analyses. Again, time and population of the host
country are included as control variables. From the economic analysis we keep
the strongest variable, which is unemployment at t – 1. From the cultural
model, we keep the population of the former colonies. Given the fact that our
network model did not lead to significant results, we did not include any
variables from that model. Since none of our political or historical variables
proved to be stable and significant, they too were not included in this final
model.

Our final model, therefore, can be considered a simultaneous test for the
economic and cultural models we discussed in our literature section (Table 10).
The model shows that both our time variables do not have a significant effect.
Self-evidently we have seen in Table 1 that migration flows tend to increase
over time, but apparently we can explain this increase by our other independent
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variables, so that the time variables themselves remain not significant. Second,
the population of the host country remains strongly significant, showing that
large countries attract more immigrants than small countries. However, we
were mainly interested in the final two variables: unemployment and colonial
past. Both variables remain significant and the strength of the parameters is
roughly the same (−0.126 versus 0.109). This implies that both the economic
and cultural frameworks turn out to be complementary rather than mutually
exclusive: they both possess a certain validity. The unemployment variable is
just slightly more powerful but this difference should not be overinterpreted.
The model presented in Table 10 is more than satisfying: it explains 26.7% of
the variance between year observations (level I) and 26.9% of the variance
at the country level (level II). Using the entire 1980–2004 OECD data set we
can therefore safely arrive at the conclusion that European countries receive
more immigrants if their unemployment rates are lower. Typically, immigra-
tion flows react within a year to a shortage on the labor market. Second,
the former colonial powers still attract significantly more immigrants than
countries without a former colonial past. This finding is consistent with
theories on enduring patterns of cultural hegemony. To express our findings
in a more formal manner, our conclusion could be that:

Q(I) = β0 + β1 P H C 
+ β2 U ( − 1) 
+ β3 P F C

Or to put it differently: the number of immigrants a European country
receives annually can be seen as the function of a constant, combined with the

TABLE 10
AN INTEGRATED MODEL FOR PULL FACTORS IN MIGRATION

Fixed Effects Estimate SE t-value p-value
Intercept 0.006 0.271 0.02  0.9817
Time −0.284 0.358 −0.79  0.4386
Time2 0.356 0.239 1.49  0.1530
Population host country 0.420 0.090 4.66 < .0001
Unemployment t − 1 −0.126 0.056 −2.25  0.0252
Pop. former colonies 0.109 0.041 2.62  0.0094

Random Effects Estimate SE z-value p-value
Variance random intercept 1.511 0.547 2.76  0.0029
Variance random slope time 2.882 1.303 2.21  0.0135
Variance random slope time2 1.391 0.574 2.42  0.0077
Residual variance 0.023 0.002 10.96 < .0001

Note: Entries are results from a general linear mixed model for 1980–2004 immigration flows to European countries.
N = 296.
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population figure of the country itself, the unemployment rate in the previous
year, and the combined population figure of all the former colonies.

DISCUSSION AND CONCLUSIONS

Massey et al. (1998) already noticed that we have access only to a “fragmented
set of theories” to explain migration patterns. The ambition of this article has
been to integrate these various approaches and to integrate them in a fully
comparative model. This model was developed by using the OECD data set on
migration trends for the 1980–2004 period. While we do have some doubts
regarding the validity of this data set, it is striking that we found some very clear
and significant results, indicating that this data set maybe is not 100 percent
reliable, as various authors have indicated, but that nevertheless the data set can
be used to reconstruct clear structures in the flow of migrant populations in
Europe. Our results indicate that both the economic and the cultural approach
can help us to determine the structure of migration patterns. With regard to the
economic factor, it seems clear that potential immigrants do not systematically
select countries with the highest GDP nor do they seem particularly attracted to
countries with a generous social security system. In the current social and political
debate on migration in Europe, these findings can have a particular relevance.
Immigrants, on the other hand, do seem clearly attracted by shortages in the labor
market, exactly as economic theory would predict. They even react quite efficiently
to labor market shortages with a time lag of approximately one year. It has to be
remembered here that we only take into account official immigration figures.
With regard to undocumented immigrants, we can assume that they will not be
attracted by social expenditure level since they mostly are excluded from receiving
social benefits. Illegal migrants, however, are also known to respond to signals from
the (informal) labor market. Therefore, if we could arrive at a general measurement
of immigration, including legal and illegal immigrants, this would probably even
strengthen the power of labor market variables. Such an estimate, however, is
completely impossible given the absence of reliable figures on undocumented
migration. Since we do not have sufficient information to include government
policies in our models, we would urge further research on this specific relation.

An interesting question for further research, however, is how exactly the
equilibrium between labor market incentives and immigration patterns is
reached. To put it simply: how does someone in Ecuador find out that there is
a job shortage in Spanish agriculture? Network position, active recruitment, or
deliberate government policy might be possible mechanisms here, but this is
to be further investigated in future research.
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Second, however, the former colonial past continues to play a role. Espe-
cially countries like Spain, Portugal, Italy, and France increasingly attract
immigrants from their former colonies. For the UK the percentage of Com-
monwealth settlers is going down, but it remains on a very high level. A boom-
ing economy like Germany, a country with a limited colonial past, still seems
to attract a relatively limited number of immigrants. Again, we only establish
macro trends in this respect. It remains to be investigated why exactly immi-
grants are being attracted to the former colonial power. Partly, this might be an
effect of language as our analysis demonstrates. For someone who was raised
in a former French colony, it remains easier to relocate to France than to relocate
to Germany. Government policy, too, might make a difference, granting a
favored entry procedure to inhabitants of the former colonies. It also has to be
remembered that communication and transportation lines are still being
structured according to the colonial heritage. For example, direct flights from
Kinshasa (Democratic Republic of Congo) are still controlled by French and
Belgian airline companies, rendering it more plausible that citizens of Congo
will arrive in France or Belgium, rather than in Germany or the UK. Again, this
is a promising question for future research.

Looking back at the analysis, maybe the most interesting finding is that
we succeeded in finding stable explanatory factors and in explaining a substan-
tial proportion of the variance. First of all, this implies that the OECD figures
may not be completely reliable, but that in any case there is a clear structure in
them. At least the migration figures are significantly related to unemployment
figures and we know that great care is being taken to standardize unemploy-
ment figures within OECD countries. But more substantively, it means that
clear and well-defined pull factors are at work. Immigrants do not settle
randomly, or in the “easiest” country. They are clearly attracted by shortages in the
labor market, and by historical ties to a host country. The lessons to be learned
from this finding are on the one hand that we cannot undo the former colonial
history, but on the other hand that immigration seems to be an efficient mech-
anism to restore imbalances on the labor market. In the ongoing debate about
the future immigration policy of Western European nations, we think these
findings at least merit further consideration.
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