
1 

Data Envelopment Analysis and Social Enterprises: Analysing 

Performance, Strategic Orientation and Mission Drift 
 

Abstract. This study  endorses the use of data envelopment analysis, which uses benefit-of-the-doubt 

weighting to evaluate the social, economic and overall performance of social enterprises. This  

methodology is especially useful for creating composite indicators based on multiple outputs 

expressed in different measurement units, and allows for enterprise-specific weighting of the different 

objectives. Applying this methodology on a unique longitudinal dataset of Flemish sheltered 

workshops suggest that social enterprises may face different types of mission drift. Further, our results 

show that top-performing social enterprises are more economically and socially efficient than low 

performers. These top performers also have a stronger economic orientation, which sheds new light 

on the balance between social and economic orientations in social enterprises.  
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Introduction 

Despite an impressive rise in the number of empirical studies in the social entrepreneurship literature, 

very few studies have addressed the performance of social enterprises (Ebrahim and Rangan 2014; 

Gulland 2011; Battilana and Lee 2014). Performance of social enterprises is complicated by their 

distinctive hybrid nature. Social enterprises operate at the crossroads of economic and social logics, 

and thus aim to achieve both social and economic performance simultaneously. This implies that such 

enterprises must embrace both social and economic organisational principles (De Clercq and Voronov 

2011). These contrasting principles may result in social–business tension, which social enterprises must 

balance in order to achieve sustainability (Bruneel et al. 2016).  

Stimulated by political and social trends that have made the environment of the social sector more 

competitive, social enterprises appear to be under pressure to become more business-like and adopt 

more profitable strategies (Wellens and Jegers 2014; Eikenberry and Kluver 2004). This has led to 

ethical trade-offs between the economic and social missions of social enterprises (André and Pache 

2016), and this growing pressure on social enterprises may threaten their commitment to 

accomplishing their social missions (Ramus and Vaccaro 2014; Battilana et al. 2012). Thus, social 

enterprises are increasingly in danger of mission drift, which occurs when social enterprises abandon 

their social mission in favour of their economic mission (Battilana et al. 2012). 

Although a substantial body of literature addresses how social enterprises may prevent mission drift 

(Smith et al. 2013; Ramus and Vaccaro 2014), we still lack an understanding of how to identify mission 

drift. Since assessment of dual performance plays an ethical role in social enterprises’ strategic 

reflections on the potential risk of mission drift (Bull 2007; Ebrahim et al. 2014), performance 

measurement should be a central aspect of social entrepreneurship. More specifically, accurate 

measurement tools for social enterprises have a two-fold monitoring objective: (i) to report on social 

and economic performance; and (ii) to identify mission drift.  

Operationalisation of performance measurement for social enterprises remains a daunting task 

because it must take account of a broad range of economic and social impacts (Chen et al. 2015; 

Ebrahim and Rangan 2014). As Certo and Miller (2008, p. 268) report, “performance for social 

enterprises is less standardized and more idiosyncratic to the organization”, which makes performance 

measurement complex for a wide range of social enterprises (Gulland 2011). Therefore, this study 

builds on the reasoning that performance measurement should simultaneously reflect both social and 

economic objectives and the strategic orientation of social enterprises (e.g. Zahra et al. 2009; Certo 

and Miller 2008; Battilana and Lee 2014). Such methods should allow for unequal weighting of the 

social and economic objectives, as attending to these objectives is a matter of relative priority which 
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varies across organizations (see Stevens et al., 2015b). Data envelopment analysis (DEA), which uses 

benefit-of-the-doubt (BoD) weighting, can be used for this purpose. It is especially useful for creating 

composite indicators based on multiple outputs expressed in different measurement units, and it 

allows for enterprise-specific weighting of the different objectives. 

The study also makes several contributions to the current literature on social entrepreneurship and 

strategic management. First, it enhances our understanding of the social, economic and overall 

performance of social enterprises. DEA highlights empirically the social enterprise’s position in relation 

to social and economic outcomes. In drawing on a longitudinal dataset, this article takes an important 

step forward with respect to empirical weaknesses of the current literature, in terms of small sample 

sizes and short timescales (Battilana and Lee 2014). 

Second, the dynamic features of DEA also allow us to monitor the social enterprise’s mission 

orientation over time. Specifically, following the BoD logic, we can track shifts in the relative weightings 

attributed to social and economic missions (e.g. Cherchye et al. 2007a, 2007b; Belu 2009; Kuosmanen 

and Kortelainen 2005). These weightings are strong indications of the amount of attention devoted to 

the respective missions (Cherchye et al. 2007b), informing us about their relative priority and thus the 

organization’s strategic orientation (Stevens et al. 2015b). As a result, changes in weights can be used 

as a proxy for analysing potential mission drift, which is considered mainly in terms of a decrease in 

the strategic priority of social goals in favour of economic goals (Doherty et al. 2014). Hence, DEA 

provides an opportunity to specify empirically whether social enterprises are operating ethically at the 

crossroads of social and economic performance, and which direction they are tending to follow over 

time. 

Third, we make a significant methodological contribution to the strategic management literature by 

using DEA to study the performance and mission drift of social enterprises. DEA has been used 

extensively in the literature on organisational efficiency, but very few strategic management studies 

have drawn on this method. As recently observed by Chen et al. (2015), this is surprising, as DEA 

provides an opportunity to analyse the competitive advantage of organisations. 

Drawing on a unique longitudinal dataset containing the full population of Flemish sheltered 

workshops, which are work-integration social enterprises, this paper shows how DEA can be applied 

to measure performance and track potential mission drift. Our findings shed new light on mission drift 

in social enterprises. In contrast with the argument of previous literature that social enterprises face 

mission drift in sacrificing their social mission in favour of their economic mission, our findings show 

that social enterprises may face different types of drift. The bottom performers face mission lock-in, 

meaning that they systematically over-emphasise social objectives and lose sight of economic aspects. 
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Consequently, they are unable to improve both social and economic performance over time. Our 

findings further show that social enterprises may face “reverse” mission drift, where they pay greater 

attention to social performance at the expense of economic performance. Our study also provides a 

more nuanced perspective on the ethical challenges of social enterprises by revealing new insights on 

“good” and “bad” behaviours of social enterprises. We show that top-performing social enterprises 

have greater economic and social efficiency than poor performers. Interestingly, these top performers 

also have a stronger economic orientation, shedding new light on the balance between social and 

economic orientation in social enterprises. Specifically, social enterprises with a greater emphasis on 

commercial activities to realise economic goals, as reflected in their stronger economic orientation, 

also achieve better social performance. Thus, social enterprises that place a relatively high emphasis 

on the economic tend to have better success over time, thereby achieving long-term sustainability. 

Social Entrepreneurship and Dual Objectives 

In line with a substantial body of literature encouraging a broad definition of social enterprises, we 

define social entrepreneurship as entrepreneurship with an embedded social purpose, which is 

sustainable through trading (Stevens et al. 2015a). Derived from this broad definition, social 

enterprises thus position themselves between two ends of a continuum, or the so-called social 

enterprise spectrum, between economic and social missions (Dees 1998). Consequently, they differ in 

the extent to which they adhere to their social and economic missions, resulting in a continuum of 

possibilities with varying degrees of attention to social and economic goals (Stevens et al. 2015a). 

While economic goals relate to an organisation’s financial sustainability, a broad definition of social 

goals captures their impact on the local community, the environment, society in general, and people 

working in the organisation. 

As a result of their dual objectives, social enterprises must manage the idiosyncratic, paradoxical 

tension between their desire to create social value and their maintenance of economic efficiency for 

organisational sustainability (see e.g. Battilana et al. 2015; Dacin et al. 2010). Since these dual 

objectives are not necessarily aligned, and may even conflict, the literature suggests that ethical 

challenges and instability may arise (Battilana et al. 2012), resulting in mission drift (Ebrahim et al. 

2014). In the context of social entrepreneurship, this happens especially if a firm over-emphasises its 

economic objectives and neglects its social ones (Young et al. 2012), placing it in danger of breaking its 

social traditions and moving abruptly from the social to the economic end of the social enterprise 

spectrum. While previous studies have enriched our understanding of how social enterprises may deal 

with these challenges (Battilana et al. 2015), we lack a systematic analysis of the sustainability of their 

commitment to social and economic objectives over time. A complication of performing such studies 
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is the lack of a methodology allowing for the measurement of both the social and economic 

performance of social enterprises. 

Performance Measurement of Hybrid Social Enterprises 

Current Tools for Performance Measurement of Hybrids 

There are two main streams of research on performance measurement for social enterprises. First, in 

line with the traditional belief that social value is created by non-profits and economic value is created 

by for-profits (Maas and Liket, 2011), it is unsurprising that substantial research has focused purely on 

either social or economic value. Within this one-dimensional performance approach, some have 

adopted measurement practices from the private sector, such as expenditure and operating expense 

ratios, to measure solely economic performance (Kaplan 2001). Others have employed methods such 

as SROI analysis, social scorecards, social auditing, corporate social responsibility scores, eco-efficiency 

measurements, and even life satisfaction ratings as a means to measure purely social performance 

(see Maas and Liket 2011; Kaplan 2001; Kuosmanen and Kortelainen 2005; Flockhart 2005; Kroeger 

and Weber 2014).  

These different approaches have proved useful for organisations that have a purely social or economic 

mission, such as private companies and charities. However, their usefulness for social enterprises has 

tended to be disappointing, as they neglect the crucial assumption that social entrepreneurs pursue 

social and economic missions simultaneously (Dacin et al. 2010). This parallels Zahra et al.’s (2009) 

notion that the performance measurement of social enterprises should reflect their “total wealth” 

creation (i.e. social and economic wealth); for example, Battilana et al. (2012, p. 55) report that “a 

critical step will be the development of measurement and reporting systems that recognize both social 

and financial value”.  

The second stream of research takes these calls into account by using multidimensional frameworks 

that blend different types of value creation. Methods such as “balanced scorecards” (e.g. Bull 2007; 

Kaplan 2001), blended value accounting (e.g. Nicholls 2009), blended return on investment (e.g. 

Flockhart 2005) and the competitive analysis matrix for social entrepreneurs (e.g. Boschee 1995) are 

profound examples. However, these approaches do not provide the numerical outputs necessary to 

make consistent comparative analyses across organisations, nor adequate theory testing through 

statistical analysis. More specifically, current approaches are unsystematic (Hart and Haughton 2007; 

Gulland 2011), are frequently subjective in the importance attached to the dual goals (Flockhart 2005), 

are contextually bounded (Millar and Hall 2012), often fail to yield a final standardised figure for 

performance (Rotheroe and Richards 2007), and have limited comparability across enterprises 

(Kroeger and Weber 2014). 
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In short, while one-dimensional measures do not represent the total performance of social enterprises, 

multidimensional approaches face incommensurability problems. Accordingly, these measurement 

methods are useful management tools for individual organisations (Kaplan 2001), but not for cross-

sectional or longitudinal empirical analyses. Consequently, most empirical social entrepreneurship 

studies focus on single or multiple case studies (Dacin et al. 2011; Gulland 2011). Although these 

studies provide valuable insights, lack of empirical work on large-scale databases limits our 

understanding of social enterprises, and particularly the tension between social and economic 

objectives (Certo and Miller 2008). 

Challenges in Measuring the Performance of Social Enterprises 

The lack of a standard performance methodology in social entrepreneurship raises many questions 

about measuring the dual performance of social enterprises. How can we measure social and economic 

performance? How can we aggregate these sub-indicators? How can we deal with social enterprises’ 

heterogeneous mission orientation? How can we compare the performance of different social 

enterprises? So far, scholars have shed light on two key practical and methodological issues that need 

to be addressed to answer these questions: first, the aggregation of different objectives in a 

meaningful way while allowing for the idiosyncrasy of each firm; and second, handling different 

objectives with different units of measurement (i.e. normalisation). 

The first concern relates to an assumption that social enterprises face a distinct challenge in trying to 

optimise performance across multiple dimensions as they pursue multiple objectives simultaneously; 

yet these firms are free to choose which route to follow, and thus differ in the extent to which they 

adhere to their social and economic missions (Stevens et al, 2015a). Consequently, goal duality should 

be meaningfully aggregated and aligned in an appropriate performance measure that reflects the 

route between the dual objectives being pursued, and thus captures blended value creation (Battilana 

et al. 2012). However, measuring social and economic goals together causes an aggregation problem, 

as there is no obvious way of weighting strategic goals (e.g. Cherchye et al. 2007a). Part of the problem 

relates to the fact that it is often more convenient to fix the relative importance of goals for the whole 

sample. Nevertheless, as discussed by Cherchye et al. (2007b), fixing the weightings of goals, for 

example by attributing equal weightings, is often thoroughly misleading.  

The second concern relates to the normalisation problem of aggregating sub-indicators that have no 

common, meaningful measurement unit (see Cherchye et al. 2007a). In the context of social 

entrepreneurship, social and economic indicators are expressed in different measurement units, both 

non-financial and financial. For instance, WISE offering jobs to disadvantaged people may express their 
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social performance in terms of the number of people hired by the organisation, while expressing their 

economic performance through classical monetised indicators (Crucke and Decramer 2016). 

Taken together, measuring the performance of social enterprises requires consideration of their dual-

objective and idiosyncratic orientation, necessitating the use of composite indicators. For social 

enterprises, these composite indicators need to incorporate both social and economic objectives 

simultaneously and allow for enterprise-specific weighting. One such approach is the nonparametric 

programming technique known as data envelopment analysis (DEA), which uses so-called benefit-of-

the-doubt (BoD) weighting. 

DEA has been shown to be instrumental in overcoming the problems of aggregation and normalisation 

(see Cherchye et al. 2007a). Although DEA was first introduced in the literature on organisational 

efficiency, it has received increasing attention as a management tool in economic and strategic 

management literature. For instance, DEA has already proved able to address the challenges of 

environmental performance measurement, in terms of eco-efficiency (e.g. Chen and Delmas 2011; 

Kuosmanen and Kortelainen 2005) and corporate social responsibility (e.g. Belu 2009; Lu et al. 2013; 

Sun and Stuebs 2013). Several recent studies have used DEA to measure social and economic efficiency 

in microfinance institutions (e.g Basharat et al. 2015; Martínez-Campillo et al. 2016; Gutiérrez-Nieto et 

al. 2009; Bharty and Chitnis 2015) and fair trade shops (Bellucci et al. 2012). Nevertheless, these studies 

have bypassed the advantage of BoD weightings of creating a composite indicator of dual objectives 

in order to take into account and map the strategic orientation of these organisations. 

Weighing up the Benefit of the Doubt using Data Envelopment 

Analysis 

DEA is a performance benchmarking technique which assesses how efficiently firms transform inputs 

into outputs (Chen et al. 2015). The DEA literature addresses ways of measuring the efficiency of a 

sample of similar entities, given their input and output quantities, in settings in which one has no 

knowledge of the “functional form” of a production function (Cherchye et al. 2007b). In a one input–

one output case, an intuitive way of expressing efficiency is: 

𝑌0

𝑋0
 

(1) 

 

with input 𝑋0 ∈ ℝ+and output 𝑌0 ∈ ℝ+. The higher this efficiency score, the better the firm is 

performing. Using these scores, it is even possible to rank all available firms in a dataset to identify the 

top and bottom performers (Cherchye et al. 2007b). In a realistic multiple input–multiple output case 

with inputs 𝑋0 ∈ ℝ+
𝑚 and outputs 𝑌0 ∈ ℝ+

𝑠 , it is useful to retain a single composite indicator 

representing performance. Therefore It is necessary to aggregate the inputs and outputs in some way: 
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𝛩 =
𝑢1𝑌01 + ⋯ + 𝑢𝑠𝑌0𝑠

𝑣1𝑋01 + ⋯ + 𝑣𝑚𝑋0𝑚
=

∑ 𝑢0𝑟𝑌0𝑟
𝑠
𝑟=1

∑ 𝑣0𝑖𝑋0𝑖
𝑚
𝑖=1

=
𝑢0𝑌0

𝑇

𝑣0𝑋0
𝑇 

(2) 

 

The weightings 𝑣0 ∈ ℝ+
𝑚, 𝑢0 ∈ ℝ+

𝑠  allow the importance of certain inputs (outputs) to be emphasised 

over other inputs (outputs). Except when all inputs and outputs have a monetary value (e.g. in US 

dollars), the choice of appropriate weightings is debatable and depends on the viewpoints of different 

stakeholders or different firms. To avoid such debate, the weightings for each firm can be derived such 

that every firm has the best possible performance (Cherchye 2001). This prevents organisations from 

claiming that their performance is being evaluated with an unfair weighting scheme, as any other 

weighting scheme would only worsen their position with respect to the other organisations in the 

sample.  

Interestingly, DEA has been labelled as a “benefit-of-the-doubt” approach. This label derives from one 

of DEA’s main conceptual starting points: that an appropriate weighting scheme for an organisation 

can be retrieved from the dataset itself (Cherchye et al. 2007a). Thus, DEA endogenously identifies the 

most favourable weighting scheme for an organisation, given the whole population. Specifically, DEA 

solves an optimisation problem, whereby all possible efficiencies are calculated under all possible 

weighting schemes for each observation of the whole population. Based on this optimisation problem, 

the most favourable weighting scheme is obtained for each organisation. Importantly, Cherchye (2001) 

shows that these weights can be used as proxies for the strategic priority of objectives. This approach 

has been well-established in the context of policy performance assessment to aggregate indicators 

that reflect country-specific policy priorities (e.g. Zaim et al. 2001; Cherchye and Kuosmanen 2006). 

Moreover, DEA has proved to be particularly appropriate when there is no clear profit maximisation 

objective (Belu, 2009) or when prior weighting of the objective is ambiguous (Cherchye 2001; Cherchye 

et al. 2007a; Kuosmanen and Kortelainen 2005; Chen and Delmas 2011). Consequently, these 

weightings can justifiably be used as proxies for the priority of social and economic goals, and thus for 

the position of social enterprises on the continuum. 

DEA Formulation 

DEA was pioneered in the seminal works of Charnes et al. (1978) and Banker et al. (1984). Charnes et 

al. (1978) proposed the following nonlinear programming problem to evaluate firm 0 against all other 

n firms. Note that minimising 
𝑣𝑋0

𝑇

𝑢𝑌0
𝑇 is equivalent to maximising 

𝑢𝑌0 
𝑇

𝑣𝑋0
𝑇, as discussed earlier: 

1

𝛩
≡ min

𝑣,𝑢

𝑣𝑋0
𝑇

𝑢𝑌0
𝑇  

(3.1) 
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𝑠. 𝑡. : 
𝑣𝑋𝑗

𝑇

𝑢𝑌𝑗
𝑇  ≥ 1,     𝑗 = 1, . . , 𝑛 

(3.2) 

𝑢, 𝑣 ≥ 0 (3.3) 

This delivers an efficiency score θ situated between 0 and 1. Note that weightings 𝑢 and 𝑣 are 

calculated following the BoD, and thus the most favourable weightings are applied for each 

organisation. Apart from non-negativity, the above DEA program has complete freedom to choose 

appropriate weightings 𝑢 and 𝑣. For BoD composite indicators in particular, there remains the inherent 

difficulty that weightings may take unreasonable values (Kuosmanen and Kortelainen 2005). For 

example, in the context of social enterprises, it would be unrealistic for these firms to have zero-

weightings for any of their outputs. In such cases, the firms would have a pure social or economic 

focus, conflicting with the assumption that social enterprises are hybrid organisations. To improve the 

realism of an application, expert knowledge of the strategic weighting schemes of the sample can be 

included. Such additional information regarding trade-offs between different inputs and outputs can 

be incorporated by adding suitable weighting restrictions to the model (for a discussion, see Cherchye 

et al. 2007b). In particular, we can add K restrictions of the form: 

                             𝑢𝑄𝑘
𝑇 − 𝑣𝑃𝑘

𝑇 ≤ 0, 𝑘 = 1, … , 𝐾,             with 𝑃𝑘 ∈ ℝ𝑚 and 𝑄𝑘 ∈ ℝ𝑠 (3.4) 

For the setting of a social enterprise, one can simulate the two-ended continuum by imposing relative 

weighting restrictions for the outputs in the form 
1−𝑝

𝑝
≤

𝑢1

𝑢2
≤

𝑝

1−𝑝
, with 0 ≤ 𝑝 ≤ 1, and p representing 

the maximum attention allocated to financial relative to social performance. This weighting restriction 

results in a two-ended continuum with borders p and 1-p. For example, by setting p = 0.8, the two-

ended continuum allows firms to have varying levels of attention between 0.2 and 0.8 distributed 

between social (u1/(u1+u2)) and economic (u2/(u1+u2)) goals. 

Advantages of Using Data Envelopment Analysis for Performance Measurement of Social Enterprises 

Using the BoD composite indicators of DEA to examine the performance of social enterprises offers 

several distinct advantages over the currently available performance tools discussed above. First, DEA 

is a nonparametric methodology, meaning that it does not resort to parametric or functional 

specifications, but rather “lets the data speak for themselves” (Cherchye et al. 2013, p. 1148). Thus, 

DEA may be particularly useful when data and/or information is limited for any reason, as it simply 

compares the reported inputs and outputs of the firm being evaluated to those of other firms 

operating in a similar environment (Cherchye et al. 2014). This is a particularly important advantage in 

the case of social entrepreneurship, where available data is limited and information on the 

idiosyncratic relative importance of objectives is scarce.  
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Second, DEA is characterised by BoD weighting. If a firm performs well on a particular dimension, a 

high relative weighting is allocated to that dimension. Because good performance on a particular 

dimension has been recognised as a good indicator of its strategic priority, the calculated weightings 

may be used as proxies for the organisation’s mission orientation (Cherchye et al. 2007b). In effect, 

BoD weighting assumes that a firm’s performance reflects its strategic priority, and thus its position on 

the two-ended continuum. Moreover, shifts in weightings may reflect changes in the priorities of 

organisational objectives over time and thus its mission orientation (Gonin et al. 2012). As Cherchye 

(2001) illustrates that DEA weightings provide an accurate indication of true priorities between 

objectives, this appears to be a reasonable assumption. For example, his paper explains how DEA 

allows governmental policy priorities to be estimated.  

Third, with respect to this BoD advantage, DEA does not require prior (subjective) judgements about 

weightings. Nevertheless, prior information can still be incorporated into the framework by adding 

additional weighting restrictions, which should be justified on appropriate normative grounds (for a 

discussion, see Cherchye et al. 2007b). In the context of social entrepreneurship, this may be useful 

whenever prior information is available on the possible boundaries of the two-ended continuum. 

Lastly, DEA is invariant to measurement units for both input and outputs. This property is extremely 

useful in the context of social enterprises because it facilitates comparisons of efficiency across 

different social enterprises without concern for measurement units of social and economic 

performance.  

Analysing Performance and Mission Drift in Social Enterprises using 

DEA: The Case of Work-Integration Social Enterprises 

Motivation and Sample Selection 

We consider the case of WISE in Flanders, Belgium. These organisations aim to re-integrate long-term 

unemployed people into the regular labour market by hiring them to produce products and services 

that are sold in a competitive marketplace. In particular, we examine the complete population of 

Flemish sheltered workshops that employ people with disabilities as this constitutes a homogenous 

groups of social enterprises (Crucke and Knockaert 2016). The social mission of these workshops is to 

help integrate people with disabilities into society by offering them meaningful job opportunities. 

These firms receive subsidies to compensate for productivity loss arising from employing people with 

disabilities. In addition to these subsidies, they also rely on financial revenues from commercial 

activities to achieve long-term sustainability. 

DEA is a technique for assessing the relative efficiency of a 'comparable' (i.e. ‘homogeneous’) group: 

this assumption implies that the organizations under study belong to one production frontier (Golany 
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& Roll, 1989). Hence, focusing on this homogeneous population of social enterprises provides 

important methodological advantages for the use of DEA. Sheltered workshops share several key 

characteristics: (1) a social mission of employing people with disabilities, (2) a portfolio of low-skilled 

activities tailored to people with disabilities, (3) a non-profit legal form, (4) a similar regulatory 

environment, and (5) the same governmental legal accreditation, namely “Beschutte Werkplaats”. All 

sheltered workshops are also categorised under the same (NACE-BEL) activity code, “88995 – 

Beschutte and Sociale werkplaatsen” – which categorises firms based on their economic and 

production activities. These similarities justify our assumption that these organisations share the same 

production frontier. Consequently, we assume that differences in efficiency are caused by managerial 

decisions, such as strategic orientation (translated into weightings in DEA calculations). This is in line 

with Crucke and Knockaert (2016), who used the same population in their study for homogeneity 

reasons. 

This study makes use of a unique dataset collected by the Flemish Department for Work and Social 

Economy (WSE). It comprises the full population of 55 Flemish sheltered workshops and is longitudinal, 

with 542 observations from 2004 to 2013.1 As such, this paper responds to scholarly calls to go beyond 

small case studies and to construct large-scale longitudinal databases (Gulland 2011; Battilana and Lee 

2014; Dacin et al. 2011). The Flemish WSE Department collected detailed information annually on the 

composition of the workforce across different groups of employees (regular and target employees). In 

addition, we collected all available financial data from annual accounts, and interviewed experts in 

government, sector organisations and sheltered workshops to develop a deeper understanding of the 

sector. 

Selection and Measurement of Input and Output Variables 

Since input/output selection is a key issue in the calculation of DEA efficiency, it is important to develop 

a relevant model (Gutiérrez-Nieto et al. 2007; Martínez-Campillo et al. 2016). To identify a relevant 

model, we examined the efficiency literature in the fields of strategic management (e.g. Banker and 

Natarajan 2008; Chen et al. 2015) and microfinance institutions (e.g. Basharat et al. 2015; Gutiérrez-

Nieto et al. 2009; Martínez-Campillo et al. 2016). These typically adopt a so-called ACE input model 

based on assets (A), costs (C) and employees (E). Assets represent physical capital inputs and 

employees reflect human capital inputs, while cost inputs reflect general operating costs. We opted 

for two outputs representing social (S) and economic (E) respectively. Thus, the ACE-SE model is a 

specification that includes three inputs (assets, costs and employees) and two outputs (social and 

economic). 
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Description of Variables 

Under this ACE-SE model approach, variables are required to represent the inputs used by 

organisations to achieve social and economic efficiency (Martínez-Campillo et al. 2016). To translate 

this model into the setting of Flemish sheltered workshops and to understand better how these inputs 

are necessary to achieve social and economic goals, we conducted interviews with field experts. In 

consultation with these experts and in line with the literature, we used three inputs: fixed tangible 

assets, contingent and operating costs. These inputs reflected the capital, costs and labour used by 

sheltered workshops to maintain their social and economic outputs measured by the number of 

employees with disabilities, and economic outputs measured by turnover. 

Input Variables 

Fixed tangible assets represent an organisation’s physical operational assets, or property, plant and 

equipment. These items are considered as long-term investments essential to the day-to-day running 

of the sheltered workshops, and are therefore crucial to both economic and social missions. It is 

through investments in fixed tangible assets that these organisations ensure and create employment 

for their target employees. Using fixed tangible assets as a proxy for assets or capital input is consistent 

with other studies that have used fixed tangible assets as an input into their DEA calculations (e.g. 

Halkos and Tzeremes 2010; Rodríguez-Pérez et al. 2011). 

Contingent is a sector-specific, labour-related variable. It represents the maximum annual number of 

subsidised employment places for target employees accredited by the government in each sheltered 

workshop. Although the social enterprises are free to determine their own contingent, and thus to 

employ fewer or more target employees than their contingent, the subsidies received are limited to 

their allocated contingent in terms of their actual employment of target employees. Hence, contingent 

is an important determinant of the employment opportunities offered by the sheltered workshop, and 

is thus an input into achieving its social and economic objectives. Managers of sheltered workshops 

whom we interviewed generally agreed on the importance of contingent as a determinant of their 

social and economic goals.  

Operating costs represents expenses relating to operations, including all personnel expenses, 

depreciation, cost of goods sold, rent and utilities. These expenses are associated with the day-to-day 

running of the sheltered workshops, and are thus inputs into realising their economic activities and 

employing people with disabilities. Many other studies have used operating costs as an input variable 

in DEA models to assess efficiency (e.g. Basharat et al. 2015; Gutiérrez-Nieto et al. 2007, 2009). 
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Output Variables 

Revenue is a classical measure for assessing economic output in DEA studies (see Chen et al. 2015; 

Basharat et al. 2015; Gutiérrez-Nieto et al. 2009). Revenue is income received by sheltered workshops 

from their normal economic activities, usually from the sale of goods and services to customers. 

Number of disadvantaged employees is used to operationalise the social output of sheltered 

workshops. This is in line with Ebrahim and Rangan (2010) and Crucke and Decramer (2016), who argue 

that WISE offering jobs to disadvantaged people may express their social performance in terms of the 

number of people they hire. This measure is justified since the central social mission of these 

organisations is the social and professional integration of disadvantaged workers through 

employment. Whenever feasible, these workers eventually pass through into the regular market, but 

only a very small proportion are able to do so.  

Descriptive statistics of the inputs and outputs are provided in Table 1.2 This table indicates that the 

sheltered workshops have a contingent of 255 target employees, and employ an average of 260 people 

with disabilities; thus, they employ more people with disabilities than their contingent, on average. 

------------------------------- 
Insert Table 1 about here 
------------------------------- 

Results 

Efficiency Scores: Overall, Social, and Economic Performance 

This section applies the BoD weighting method to performance analysis of Flemish sheltered 

workshops, using the relative weighting restriction 
1−𝑝

𝑝
≤

𝑢1

𝑢2
≤

𝑝

1−𝑝
 with p = 0.8. This weighting scheme 

derives from a survey conducted in 2016 (n = 34, representing a response rate of 62 per cent of the 

full population) which asked the sheltered workshops to allocate 100 points between their social and 

economic missions. This procedure generates a weighting scheme that complies with a limited expert 

consensus, but still deals with the remaining uncertainty using the BoD logic. According to the survey 

scores, the points allocated to each mission varied between 20 and 80 (with a mean of 51 points and 

a standard deviation of 12). 

To gain additional insights into the dual objectives, social and economic efficiency scores were 

calculated in addition to overall efficiency. This was done by forcing a zero weighting for social and 

economic outputs in turn. Hence, we obtained efficiency scores from three different weighting 

schemes, resulting in scores for overall efficiency (ACE-SE model), economic efficiency (ACE-E model) 

and social efficiency (ACE-S model). Table 2 shows the descriptive statistics for these three models. As 

previously mentioned, DEA provides a benchmark against which organisations can be compared, 
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where an efficiency of 100 per cent represents what is technically feasible. These relative efficiencies 

are thus closely related to the concept of competitive advantage, which occurs when an organisation 

is able to outperform its competitors (Chen et al. 2015). Regarding the total period, sheltered 

workshops performed at an acceptable overall efficiency level of 91.52 per cent. This indicates that 

they generated only 8.48 per cent less than the maximum, technically feasible level. The Flemish 

sheltered workshops achieved significantly lower economic than social efficiency: 67.90 per cent 

versus 85.78 per cent, on average. Given their inputs, it is thus technically feasible for sheltered 

workshops to improve their social efficiency by 14.22 per cent and economic efficiency by 32.10 per 

cent, on average. In summary, sheltered workshops have more opportunity to improve overall 

efficiency by enhancing economic efficiency. 

------------------------------- 
Insert Table 2 about here 
------------------------------- 

To examine the potential evolution of performance, we mapped average overall, social and economic 

efficiencies over time (see Figure 1a). Although average overall efficiency remained consistent, social 

and economic efficiency were more dynamic over time. The dynamics of these efficiency scores can 

be linked to two sub-periods, namely the financial crisis from 2007 until 2011, and a period 

characterised by uncertainty in policy relating to subsidies from 2011 to 2013. During the financial 

crisis, these organisations’ economic efficiency dropped by five per cent, while their social efficiency 

improved slightly by three per cent, on average. Besides a general revival of the Belgian economy, the 

period between 2011 and 2013 was also characterised by considerable uncertainty in the institutional 

context of the Flemish social economy. The sector was preparing itself for a new decree (Maatwerk 

Decree) which would change the institutional context, and especially subsidy schemes for sheltered 

workshops. The aim of this decree was to professionalise the social sector and to make the social 

economy more self-financing. Therefore, sheltered workshops needed to comply with new 

requirements and to become more self-financing. During this period of uncertainty in regulations and 

subsidies, sheltered workshops faced growing pressure from the government to become more 

business-like. In response to the more favorable economy together with higher a regulative 

uncertainty, they increased their economic efficiency by six per cent, but this pressure seemed to 

erode their social efficiency, which dropped by five per cent. 

------------------------------- 
Insert Figure 1 about here 

------------------------------- 

Comparing the Top-, Mid- and Bottom-Quartile Performers 

To understand these observations in more detail, we divided the population into three groups, namely 

top-, mid- and bottom-quartile performers (see Figures 1b, 1c and 1d).3 These groups were conditioned 
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on the average overall performance during the study period. The top-quartile performers consisted of 

13 organisations that achieved the highest overall efficiency on average over all years; the bottom-

quartile performers consisted of 13 organisations that achieved the lowest overall efficiency on 

average; and the mid quartile comprised 29 organisations positioned in the mid quartiles in terms of 

overall efficiency on average. Focusing on these quartiles enabled us to track how these groups 

behaved over time to maintain their relative performance during the sub-periods. 

------------------------------- 
Insert Table 3 about here 
------------------------------- 

 

Table 3 illustrates that the top quartile achieved higher social and economic efficiencies than the mid 

and bottom quartiles.4 This indicates that the top performers had a competitive advantage over the 

other sheltered workshops on all dimensions. In comparison with the top performers, the bottom 

performers were less successful in adhering to both types of goal simultaneously, as their overall 

efficiency was 13.77 per cent lower than the top quartile, on average. More strikingly, the bottom 

quartile arrived at an economic efficiency of only 55.98 per cent, on average. It was thus technically 

feasible for the bottom quartile to improve its economic efficiency by 44.02 per cent. Nevertheless, at 

the end of the period of observation, their economic efficiency had increased only slightly over time, 

to 60 per cent, compared with the top performers’ economic efficiency of 82.6 per cent (see Figures 

1b and 1d). 

Weighting Allocation to Social and Economic Efficiency: Analysing Strategic Orientation 

The weightings allocated to economic versus social objectives are proxies for the attention allocated 

to each objective, and thus for strategic priority (Cherchye 2001). Differences in weighting allocations 

may indicate social enterprises’ differing strategic orientations to social and economic missions 

(Stevens et al. 2015b). In Figure 2, we compare the magnitude of the relative weightings of economic 

(
𝑢2

𝑢1+𝑢2
) versus social objectives (

𝑢1

𝑢1+𝑢2
) for the top-, mid- and bottom-quartile performers in overall 

efficiency. 

------------------------------- 
Insert Figure 2 about here 

------------------------------- 
 
Figure 2 illustrates that the top performers systematically allocated higher weightings to economic 

performance than the low and mid quartiles. Hence, the relatively large overall competitive advantage 

of top performers (13.77 per cent over the bottom and 6.49 per cent over the mid quartiles, on 

average) can be attributed to their greater systematic attention to economic efficiency. This also 
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translates into the fact that top performers had a larger competitive advantage from an economic 

point of view (22.99 per cent over the bottom quartile and 10.41 per cent over the mid quartiles, on 

average), than from a social point of view (10.63 per cent over bottom performers and 5.68 per cent 

over the mid quartiles). 

Furthermore, there was a downward trend in the weightings allocated to economic objectives by all 

three groups during the financial crisis. However, in contrast to the bottom and mid quartiles, those in 

the top quartile were able to maintain their levels of economic efficiency, and thus did not sacrifice 

economic efficiency to improve social efficiency (see Figures 1b, 1c and 1d). For instance, the economic 

efficiency of the bottom and mid quartiles dropped by more than five per cent during the crisis, while 

their social efficiency remained fairly constant. 

After the crisis, the top-, mid- and bottom-quartile sheltered workshops increased their economic 

orientation during the period of institutional uncertainty and economic revival. Uncertainty about 

subsidies for the social economy forced organisations to increase their economic orientation to ensure 

sustainability. Consequently, the top-, mid- and bottom-quartile organisations improved their 

economic efficiency at the expense of social efficiency (see Figures 1b, 1c and 1d). Notably, figure 2 

shows that after 2011 the bottom performers were increasing their economic orientation more than 

the top and mid quartiles. Nevertheless, as they had more room for improvement compared to the 

other organizations (i.e. lower economic efficiency) (Belu, 2009; Cherchye et al., 2013), they were more 

likely to improve their economic efficiency with a lower deterioration of their social efficiency (see 

figure 1). Future research efforts could investigate in more detail the reasons behind and the difference 

between shifts in weights. 

We performed several robustness tests to ensure the accuracy of our findings and to check whether 

top performers might appear to be efficient even if they performed well only on a single output. First, 

we ran two additional analyses using alternative weighting schemes for 
1−𝑝

𝑝
≤

𝑢1

𝑢2
≤

𝑝

1−𝑝
, namely with 

no weighting restrictions (p = 0) and equal weightings (p = 0.5). Recall that we used p = 0.8 in the 

reported analysis to increase realism and to show how weighting restrictions can be technically 

imposed. The correlations between the efficiency scores for p = 0.8 and p = 0 or p = 0.5 were high 

(> 0.82) and significant at a p-value level of < 1% (see Appendix, Table A). Hence, analyses using these 

alternative weighting schemes generated similar results to those reported above. This indicates that 

all-round performing firms were not at a disadvantage compared with firms with purely social or 

economic efficiency. Moreover, the top performers were good all-round performing firms that 

achieved high social and economic efficiency. 
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Discussion and Contributions to the Literature 

The main purpose of this study is to propose DEA as a new performance measurement approach for 

social enterprises that addresses the methodological issues of existing performance tools. Through our 

discussion of the DEA methodology and its application in the context of WISE companies, we make 

several contributions to the social entrepreneurship literature. 

DEA and Social Enterprises: Performance Measurement and Strategic Orientation 

The first contribution is associated with providing a novel methodology for measuring the performance 

of social enterprises. There has been lively debate in the literature about how to measure the 

performance of organisations pursuing multiple goals (Ebrahim and Rangan 2014; Gulland 2011). 

Unfortunately, current research on this topic fails to propose a methodology that can handle the 

complexities of performance measurement of social enterprises. Besides the general advantages of 

DEA, using this performance technique also offers several unique benefits for the performance 

measurement of social enterprises. 

First, DEA allows for the aggregation of multiple outputs expressed in different measurement units. 

Irrespective of how social performance is measured, DEA generates efficiency scores for overall, social 

and economic efficiency which are easy to compare and interpret. As a result, the BoD technique in 

DEA is more suited than current tools to reflecting the achievement of social and economic objectives 

in composite indicators.  

Second, the DEA technique is characterised by the BoD property. Optimal weighting schemes between 

different types of performance are derived from data for each firm individually; thus, inefficiencies 

cannot be due to unfavourable weightings. Furthermore, these weightings act as proxies for the 

relative attention allocated to each type of performance. This is a strong argument in favour of using 

DEA in the context of social enterprises. Social enterprises have a continuum of possibilities, with 

varying weights attributed to social and economic missions for which reliable information is often 

unavailable. Hence, DEA enables the social, economic and overall performance of social enterprises to 

be quantified and reported in a consistent and comparable manner while capturing their complexity. 

Furthermore, the resulting BoD weightings of DEA proxy the strategic orientation of social enterprises 

between social and economic objectives, as these weightings capture their relative priority (Cherchye 

et al. 2007b). They may therefore be a useful topology for social enterprises, since these organisations 

are confronted by a tension between social and economic objectives, and attending to them is a matter 

of relative priority (Stevens et al. 2015).5 In calculating these weightings over time, DEA provides a 

dynamic perspective on the strategic orientation of social enterprises toward social and economic 

objectives. Researchers should pay specific attention to weighting restrictions when using DEA for the 
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performance measurement of social enterprises.6 Whereas weightings may vary between 0 and 100 

per cent, there is a trade-off between mathematical optimisation and practical relevance. Indeed, 

previous research has pointed out the inherent difficulty that weightings can take unreasonable values 

(e.g. Cherchye et al. 2007a). Therefore, a proper weighting scheme requires the opinion of experts 

with a broad knowledge of the context to be incorporated. Using such insights generates weightings 

that are practically relevant but deal with the remaining uncertainty using the BoD method (Melyn and 

Moesen 1991). 

In short, DEA provides two outputs for social enterprises which are highly relevant for researchers and 

institutions, namely (i) a performance measure for social, economic and overall efficiency, and (ii) 

weighting schemes as proxies for the strategic orientations of social enterprises. This novel 

methodology for measuring the performance of social enterprises allows for composite indicators 

(overall efficiency) and the weighting of single indicators (social and economic efficiency). 

Extending the Concept of Mission Drift in Social Enterprises 

Our application of DEA in the context of sheltered workshops highlights some interesting findings that 

contribute to the literature on mission drift in social enterprises. Our empirical analysis of the overall, 

economic and social performance of social enterprises suggests that they may face different types of 

mission drift. 

Analysis of the bottom performers shows that they did not succeed in increasing their performance 

over time, even though they had the largest room for improvement (especially in their economic 

performance). This finding is peculiar, as one would expect bottom performers to increase their focus 

on economic objectives (Sullivan 2010). Indeed, Ketchen and Palmer (1999) argue that low economic 

performance creates a context in which organisations must first deal with their weak economic 

situation. The weighting allocation to the economic objectives of bottom performers was consistently 

lower over time than for top performers, suggesting that these social enterprises face the risk of 

mission lock-in (Copestake 2007). The phenomenon of mission lock-in can be explained by the threat-

rigidity theory, which suggests that low performance may result in increased rigidity rather than a 

change in the strategic orientation of the organisation (Staw et al. 1981). Weak performers 

systematically devote too much attention to their social mission, whereas they need to redirect their 

attention to their economic mission to achieve long-term sustainability ( Young et al., 2012).  

Further analysis of the dynamics of performance and weighting allocations to social and economic 

objectives over time provides more detailed insights into how firms respond to specific environmental 

circumstances. We observe that social enterprises gradually increased their attention to social aspects 

during the financial crisis of 2007–2011. This suggests that social enterprises may have faced “reverse” 
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mission drift during this period, as they increased their emphasis on their social missions. In the case 

of bottom performers, this reverse mission drift resulted in a decrease in economic efficiency, but this 

decrease was not compensated for by an increase in social efficiency. In the case of top performers, 

we find that they maintained high overall efficiency by compensating for deteriorating economic 

efficiency with stronger social efficiency. This behaviour of the top performers corresponds with the 

argument that social enterprises will divert attention toward their social mission once they have 

achieved high economic performance (Copestake 2007). High economic performance frees resources 

that can be allocated to strengthening social performance (Battilana et al. 2015), underpinning the 

view that transactional linkages may exist between social and economic objectives (Murphy and 

Coombes 2009). This also resonates with Bruneel et al.’s (2016) finding that social enterprises may face 

a hierarchy in balancing their social and economic goals. They must sequence their attention allocation 

between social and economic missions, giving priority to goals associated with long-term sustainability 

(i.e. economic). 

However, our empirical analysis shows that the social enterprises responded differently during the 

period 2011–2013. Top-, mid- and bottom-quartile performers redirected their attention from the 

social to the economic, reflecting more a case of classic “mission drift”. This period was characterised 

by a significant level of institutional uncertainty induced by new policy. The government would 

eventually adopt a new mechanism to determine the subsidies allocated to each sheltered workshop 

from 2015 onwards. This was part of a new policy that aimed to increase economic awareness in social 

enterprises and push them to become more business-like. In practice, this new policy measure implied 

that subsidies for sheltered workshops would decrease and that they would have to place greater 

reliance on income generated from commercial activities. Consequently, policy measures supporting 

the trend toward commercialisation and professionalisation of the social economy might be a potential 

cause of mission drift in social enterprises. 

Ethical Implications of our Study for Social Enterprises and Policy 

Taken together, the application of DEA as a novel methodology for measuring performance and the 

strategic orientation of social enterprises sheds new light on mission drift in social enterprises and 

leads to interesting ethical considerations. The literature cautions that social enterprises should 

beware of overemphasising commercial objectives, as this may negatively affect their realisation of 

social objectives. Social enterprises should therefore try to prevent mission drift in order to maintain 

a balance between social and economic goals (Ramus and Vaccaro 2014). 

However, our empirical results show that placing stronger emphasis on economic objectives does not 

necessarily decrease social performance. On the contrary, the more economically-oriented social 
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enterprises in our sample achieved superior economic and social performance compared with social 

enterprises that placed stronger emphasis on social objectives. In line with empirical work in the 

microfinance sector (see Mersland and Strøm 2010), this finding counters the fear that more 

economically-oriented social enterprises will drift away from their social missions. Social and economic 

value creation appear to be closely related, and achieving economic performance generates resources 

that can, in turn, be employed to strengthen social performance (Dacin et al. 2010, 2011). In other 

words, pursuing economic efficiency may be seen as an enabler of social mission (Wilson and Post 

2013). In social entrepreneurship, there is a dominant view that social performance is in competition 

with economic performance and creates ethical challenges, such as a struggle to balance social and 

economic goals (Markman et al. 2016). Indeed, prioritising economic goals draws attention away from 

pro-social values (Ramus and Vaccaro 2014). Our results suggest that, from an ethical perspective, 

being economically-oriented as a social enterprise does not necessarily imply “bad behaviour”, and 

being socially-oriented does not necessarily mean that the social enterprise is behaving morally. 

In contrast, our analysis indicates that social enterprises with a stronger social orientation fail to 

achieve high social efficiency, compared with social enterprises that are more commercially oriented, 

while at the same time jeopardising firm sustainability due to their low economic efficiency. This 

resonates with previous research that has shown that overemphasis on a social mission may result in 

losing sight of commercial viability, ultimately contributing to organisational failure (Tracey et al. 

2011). Our findings suggest that a stronger orientation toward the economic reflects “good” 

behaviour, as this results in higher economic and social performance, whereas the resistance of social 

enterprises to the general trend to become more business-like seems to reflect “bad” behaviour. This 

finding sheds new light on ethical issues in the context of social entrepreneurship. Traditionally, ethical 

issues relate to adhering to the organisation’s economic mission at the expense of efforts to realise its 

social mission. Our study shows that lack of a commercial “attitude” may be more harmful to social 

enterprises than initially expected. Despite a stronger strategic orientation toward the social, bottom 

performers achieve lower overall, economic and social performance. Indeed, a lack of individualistic 

entrepreneurial drive results in a “frail entrepreneurial profile”, which may equally underlie potential 

ethical issues (Bacq et al. 2014). Moreover, WISE companies receive subsidies to help them realise 

their social mission to employ workers from disadvantaged groups. The low social, economic and 

overall efficiency of more socially-oriented WISE companies indicates that the subsidies do not have a 

leveraging effect in realising their social mission. 

Since performance measurement may play a role in policy decisions, the importance of accurate 

performance tools for governments cannot be underestimated. It is widely acknowledged that 

governments share a vision of a more effective social sector (Hart and Haughton 2007). As a 
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consequence, governments are increasingly implementing institutional reforms that are drastically 

changing the environment in which social enterprises operate (Wellens and Jegers 2014). In particular, 

these waves of reforms are believed to be putting social enterprises under pressure to become 

business-like. Governments should therefore be conscious that they may have an indirect influence on 

the objectives set by social enterprises (Defourny and Nyssens 2008). 

Using DEA to measure the social, economic and overall performance of social enterprises might 

provide guidance for governments on evaluating the impact of their policies. DEA allows governments 

to determine empirically whether individual social enterprises are operating efficiently. As a result, 

governments might develop more tailored support programmes for social enterprises at risk of reverse 

mission drift (i.e. top performers) and mission lock-in (i.e. bottom performers). Such tailored support 

programmes should benefit individual social enterprises and the social sector as a whole, since both 

social and economic efficiency in the sector will be pushed upwards. However, governments should 

also be aware of the effect of their policy measures on mission drift in social enterprises. Our results 

show that sheltered workshops, as a group, placed stronger emphasis on their economic objectives in 

response to institutional uncertainty generated by new policy pushing social enterprises to become 

more business-like (see Maatwerk Decree). 

Furthermore, DEA allows governments to distinguish between efficient and inefficient social 

enterprises. Rather than subsidisation being driven by political objectives, which may result in 

allocation inefficiencies (Bergström 2000), our proposed performance measurement method may help 

governments to allocate their available resources as efficiently as possible . The efficiency scores 

provided by DEA will enable them to analyse which funds are making a difference, and whether it might 

be better to reallocate available funds to other social enterprises. Therefore, performance 

measurement using DEA might be used to publicly legitimise their allocation decisions (Ebrahim and 

Rangan 2014). Investors in social enterprises might also build on our methodology to guide their 

decision-making processes.7 Business angels and venture capitalists are investing increasingly in social 

enterprises, and the balance of social and economic objectives is key to their investment decisions. 

Specifically, investors will only back social enterprises if they can achieve sufficient economic 

sustainability to enable them to fulfil their ethical role in society (Scarlata and Alemany 2011). 

Employing DEA will allow investors in social enterprises to examine and monitor the performance and 

strategic orientation of potential investment opportunities as well as existing portfolio companies. 

Areas for Future Research 

Our study opens up several avenues for future research. First, DEA provides a significant opportunity 

for social entrepreneurship scholars to apply this straightforward technique in further empirical 
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research on the performance of social enterprises. For example, in the strategic management field, it 

is often crucial to seek explanations of firms’ efficiency (Chen et al. 2015). A two-stage approach offers 

a technique for performing such analyses. In the first stage, DEA models calculate the efficiency scores 

of firms in the sample. In the second stage, the efficiency scores obtained in the first stage are 

regressed on a collection of explanatory variables (e.g. Sun and Stuebs 2013; Basharat et al. 2015). 

Thus, DEA provides researchers with a methodology to approach the performance of social enterprises 

and to identify the determinants of social, economic and overall efficiency.  

Our study is a first step in employing DEA analysis as a measurement methodology for the performance 

of social enterprises. Since the basic assumption implies that the organizations under study should 

belong to one frontier, the use of just one production frontier will lead to erroneous results if there is 

a mixture of production functions in the sample (i.e. heterogeneous groups in the sample). 

Nevertheless, the DEA methodology can also be applied for measuring the performance of firms across 

different groups (see, for example, O’Donell et al., 2008, who present a metafrontier framework). 

Furthermore, whereas our study starts from the overall performance of social enterprises, future 

studies might examine this in further detail by, for example, focusing primarily on social or economic 

performance. This might open new areas of more detailed research on the behaviour of social 

enterprises across different groups, for example by using social or economic performance as a point 

of departure. 

Second, future research might employ the weightings of social and economic efficiency generated by 

the DEA methodology to analyse mission drift in social enterprises in greater detail. This would require 

the use of longitudinal datasets, as mission drift can be captured by shifts in the weightings of social 

and economic efficiency. Using the two-stage approach (Chen et al. 2015), these weightings can be 

used as dependent variables and regressed against potential sources of mission drift. For example, 

future studies might examine how firm-level factors, such as changes in the composition of the 

management team or board of directors, influence changes in the weightings. Similarly, researchers 

might study how changes in policy and support instruments for social enterprises affect their attention 

allocation along the social–economic continuum over time. In addition, the BoD weightings resulting 

from DEA may be a useful typology for social entrepreneurship activities. In essence, these weightings 

reflect the strategic orientation of the organisation toward social versus economic objectives. 

Consequently, the weightings allow social enterprises to be positioned on the social–economic 

continuum. Furthermore, although our results suggest that a stronger orientation towards the 

economic goals reflects “good” behaviour, it is also important to note that certain social enterprises 
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might be facing poor performance "by construction"1. So adding more commercial orientation may not 

help there. Future research might explore the condition under which organisations can successfully 

change their orientation and subsequently enhance performance.  

Finally, while our study uses DEA in the context of WISE, this methodology might be applied to other 

types of organisation pursuing multiple goals. For example, future research might use the DEA 

methodology to analyse the performance of companies with the goal of environmental performance 

or providing microfinancing (e.g. Martínez-Campillo et al. 2016). Existing research on mission drift 

analyses this primarily in the context of social enterprises, such as abandoning a social mission in favour 

of an economic mission (Battilana et al. 2012; Mair et al. 2015). However, companies in the regular 

economy are also increasingly being pushed to take account of non-economic objectives and address 

social and environmental goals (Wellens and Jegers 2014; Eikenberry and Kluver 2004). Whereas 

existing research focuses mainly on the economic performance of regular companies, future research 

might use the DEA methodology to study the extent to which they successfully realise such non-

economic objectives. As society is imposing non-economic objectives, regular companies are also 

becoming more hybrid in nature as they shift away from a pure for-profit orientation. As a result, 

regular companies must increasingly pay attention to issues relating to social and environmental 

sustainability. This, in turn, may put pressure on their commitment to accomplishing their dominant 

economic mission. Future studies might therefore apply the DEA methodology, and more specifically 

the weighting allocation between economic and non-economic objectives, to examine potential 

mission drift in regular companies. 

Conclusion 

This study enhances our understanding of performance measurement and challenges the generally 

accepted view of mission drift in social enterprises. Specifically, empirical analysis of the overall, 

economic and social performance of top- and bottom-performing social enterprises suggests that 

social enterprises may face different types of mission drift. On the one hand, top performers are 

confronted with “reverse” mission drift: they will pay attention to the social once they have achieved 

high economic performance. On the other hand, bottom performers are confronted with mission 

“lock-in”: they systematically allocate too much attention to the social. This study therefore underpins 

the view that transactional linkages may exist between social and economic objectives, and that social 

enterprises may need to sequence their attention allocation between the social and the economic in 

order to prioritise goals associated with firm sustainability.  

                                                           

1 We thank an anonymous reviewer for raising this point 
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Tables and Figures 

 

Table 1: Descriptions of variables (before normalisation) 

 

 

 Table 2: Efficiency scores 

 

 

 

 

 

 

 

 

Table 3: Top-, mid- and bottom-quartile performers 

 

 

 

 

 

 

 Outputs Inputs  

 Return FTE target 
employees 

Tangible fixed 
assets 

Contingent Operating 
costs 

Mean 5,331,246 259.18 4,582,147 254.35 10,222,110 
Std. Dev. 7,006,569 262.56 4,625,650 244.05 11,522,670 
25th percentile 1,617,109 111.65 1,354,660 113.00 3,784,477 
Median 3,175,306 197.71 3,278,177 189.00 6,768,372 
75th percentile 6,579,774 288.78 6,152,530 294.50 12,075,730 
Min 163,313 26.80 95,192 29.00 768,729 
Max 52,331,418 1,515.00 26,769,600 1,348.00 82,250,970 

No. of observations 542 542 542 542 542 

 Estimated models: 

 Overall 
efficiency 

Social 
efficiency 

Economic 
efficiency 

Mean 0.9152 0.8578 0.6790 
Std. Dev. 0.0646 0.0814 0.1698 

25th percentile  0.8682 0.7987 0.5670 

Median  0.9199 0.8545 0.6649 

75th percentile 0.9729 0.9168 0.7942 

Min 0.6952 0.5835 0.2213 

Max 1 1 1 

Fully efficient DMU 98 47 32 

No. of observations 542 542 542 

Descriptive statistics 

 Top performer Mid performer Bottom performer 

Return 6,934,840 5,830,15 2,913,11 
FTE target employees 261.97 297.22 180.62 

Tangible fixed assets 3,956,11 5,416,067 3,468,79 

Contingent 243.44 289.30 194.12 

Operating costs 11,592,894 11,368,199 6,715,81 

Overall efficiency 0.9829 0.9180 0.8452 

Social efficiency 0.9137 0.8569 0.8074 

Economic efficiency 0.7897 0.6856 0.5598 
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Figure 1: Efficiency scores 

 

 

Figure 2: Economic orientation 
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Appendix 

Table A: Correlation matrix of overall efficiency with different weighting restrictions 

Weighting scheme P=0.8 P=0 P=0.5 

P=0.8 1.0000   

P=0 0.9825** 1.0000  

P=0.5 0.8975** 0.8230 ** 1.0000 

 

Note: **p<0.01 
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1 To obtain balanced panel data, we limited our study to 2004 and, where possible, missing data were collected 
by contacting the firms or examining online annual accounts (available at: https://www.nbb.be/nl). It proved 
impossible to fill in the missing values for one particular firm. As a consequence, eight observations (for the same 
firm) were lost. Excluding this firm from our analysis did not influence the efficiency scores, so we decided to 
keep it in the dataset. In summary, we had 542 observations of 55 firms over a period of 10 years, with eight 
missing values for one organisation. 
2 In order to get good discriminatory power out of DEA models, several scholars have established rules of thumb 
for the number of inputs and outputs to select and their relation to the number of decision-making units (DMU) 
(Sarkis 2007). The most strict rule is a total number of DMU of twice the product of the number of input and 
output variables. Our model with two inputs, two outputs and 55 DMU satisfies this rule. Imbalances in the 
magnitude of inputs and outputs may also cause issues in DEA models. One of the best ways to avoid such issues 
is to have inputs and outputs of the same or similar magnitude (Sarkis 2007). Therefore, we mean-normalized all 
variables, as commonly applied in the DEA literature (see Cherchye et al. 2007a). 
3 This approach is followed by papers in top journals to sort firms into quartiles by their aggregate performance 
and compare the top, mid and bottom quartiles (e.g., La Porta et al. 1997; Gelb and Strawser 2001). For instance, 
this approach has also been used by La Porta et al. (1997) to compare 49 countries, and by Harrison and Rouse 
(2016) to compare DEA efficiency scores. 
4 According to the Kolmogorov-Smirnoff test, differences in the distribution of top, mid and bottom quartiles 
were significant at a p value < 0.01. 
5 We thank an anonymous reviewer for pointing this out to us. 
6 We thank an anonymous reviewer for pushing our thinking on this point. 
7 We thank an anonymous reviewer for pointing this out to us. 
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