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Summary

Metacommunity studies on lake bacterioplankton
indicate the importance of environmental factors in
structuring communities. Yet most of these studies
cover relatively small spatial scales. We assessed the
relative importance of environmental and spatial
factors in shaping bacterioplankton communities
across a > 6000 km latitudinal range, studying 48
shallow lowland lakes in the tropical, tropicali (iso-
thermal subzone of the tropics) and tundra climate
regions of South America using denaturing gradient

gel electrophoresis. Bacterioplankton community
composition (BCC) differed significantly across
regions. Although a large fraction of the variation in
BCC remained unexplained, the results supported a
consistent significant contribution of local environ-
mental variables and to a lesser extent spatial vari-
ables, irrespective of spatial scale. Upon correction
for space, mainly biotic environmental factors signifi-
cantly explained the variation in BCC. The abundance
of pelagic cladocerans remained particularly signifi-
cant, suggesting grazer effects on bacterioplankton
communities in the studied lakes. These results
confirm that bacterioplankton communities are pre-
dominantly structured by environmental factors, even
over a large-scale latitudinal gradient (6026 km), and
stress the importance of including biotic variables in
studies that aim to understand patterns in BCC.

Introduction

An important goal in ecology is to understand the distri-
bution of organisms and the processes underlying these
distributions. Gaining knowledge about distribution pat-
terns of bacteria is of particular importance because bac-
teria may well comprise the majority of the earth’s
biodiversity and perform processes that are critical to
sustain life on earth. In the past decade, an increasing
amount of research has focused on whether microbial
communities share patterns of distribution and diversity
similar to those of macroscopic organisms and, more spe-
cifically, to what extent they show a biogeographical signal
(e.g. Horner-Devine et al., 2004; Beisner et al., 2006;
Green and Bohannan, 2006; Martiny et al., 2006;
Ramette and Tiedje, 2007b; Van der Gucht et al., 2007;
Hanson et al., 2012; Soininen, 2012). The traditional
hypothesis among microbiologists, ‘Everything is every-
where, but the environment selects’ (Baas-Becking,
1934), presumes ubiquity based on the high dispersal
rates and high local population densities of microorgan-
isms. This hypothesis has been challenged in a number of
studies where it is suggested that at least some microbial
taxa can exhibit geographical isolation and specific distri-
bution patterns (Cho and Tiedje, 2000; Papke et al., 2003;
Whitaker et al., 2003; Ramette and Tiedje, 2007a).
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However, several surveys of bacterial community struc-
ture focusing on similar environments across large geo-
graphical scales have reported environmental gradients
to be more important than geographical distance (a proxy
for dispersion of microorganisms) in shaping community
structure in microbial communities (e.g. Fierer and
Jackson, 2006; Van der Gucht et al., 2007; King et al.,
2010; Redford et al., 2010; De Bie et al., 2012; Wang
et al., 2013).

The relative importance of local environmental and
regional processes in determining community composi-
tion is a key theme in microbial community ecology
(Hanson et al., 2012; Lindström and Langenheder, 2012).
Metacommunity theory provides a framework to under-
stand and investigate the ecological processes underlying
the observed patterns in community composition over
space and time (Leibold, 1998; Chase and Leibold, 2002;
Leibold et al., 2004). Metacommunities are sets of local
communities linked by dispersal of potentially interacting
species (Leibold et al., 2004; Holyoak et al., 2005). Both
local and regional ecological processes can shape the
local community structure within metacommunities
(Leibold et al., 2004). Regional processes emphasize dis-
persal dynamics and include dispersal limitation, neutral
processes and mass effects, while local processes imply
the selection of species by the local abiotic and biotic
conditions, referred to as species sorting (Leibold et al.,
2004). Under the species sorting paradigm, the presence
of a species in a habitat is not limited by dispersal, but
only by the local conditions while dispersal is not so high
that it influences species composition by mass effects
(Leibold, 1998; Chase and Leibold, 2002; Leibold et al.,
2004).

The relative importance of local and regional processes
on metacommunity structure can be assessed by statisti-
cally relating community composition, local environ-
mental conditions, and spatial and historical information.
Because spatial distance often covers gradients in envi-
ronmental conditions, it is important to take into account
the effect of spatially structured environmental variables
when disentangling the relative importance of space and
environment in explaining variation in metacommunity
structure. Variation partitioning (Borcard et al., 1992) has
often been used to provide information about the fraction
of variation in a community dataset explained by purely
spatial signals, purely environmental signals and the com-
bined effect of space and environment (due to spatially
structured environmental variables). Using this method,
field studies have shown that freshwater bacterioplankton
metacommunities are primarily structured by local abiotic
and biotic conditions, including pH, temperature and con-
ductivity, concentrations of dissolved organic carbon
(DOC), nitrogen and phosphorus compounds, lake depth
and lake area, and abundances of zooplankton and

heterotrophic nanoflagellates (e.g. Beisner et al., 2006;
Langenheder and Ragnarsson, 2007; Van der Gucht
et al., 2007; Wu et al., 2007; Logue and Lindström, 2010;
Schiaffino et al., 2011; De Bie et al., 2012; Langenheder
et al., 2012). However, most of the freshwater
bacterioplankton metacommunity studies accounting
explicitly for the relative importance of space, environ-
ment and spatially structured environmental factors using
variation partitioning have been performed over relatively
small spatial scales, except for the study of Van der Gucht
and colleagues (2007) covering a > 2500 km north-south
gradient in Europe and the study of Schiaffino and
colleagues (2011) across a > 2100 km transect from
Argentinean Patagonia to Maritime Antarctica. Both
studies used denaturing gradient gel electrophoresis
(DGGE) to characterize the bacterioplankton community
structure, and while Van der Gucht and colleagues (2007)
observed only a minor impact of spatial distance,
Schiaffino and colleagues (2011) detected that both
spatial and environmental factors control bacterio-
plankton community composition over latitude. Studying
metacommunity processes at larger spatial scales is
rarely done but is key to improve our insight in the scale
dependency of ecological processes underlying observed
metacommunity patterns.

In the present study, we assessed the bacterial com-
munity composition in 48 shallow lakes along a latitudinal
gradient that ranged from the tropics to the near-
Antarctic in South America (5–55°S; c. 6200 km)
(Fig. S1; Table S1) to test for spatial and environmental
correlates of bacterial community composition along a
semi-continental gradient. The lakes were similar in mor-
phology and altitude, varied as much as possible in
trophic state within each climate zone and were sampled
once during the dry season (tropicali and tropical lakes)
or in summer (tundra lakes) between August 2005 and
February 2006. We used a 16S rRNA gene-based fin-
gerprinting technique, DGGE, to determine bacterial
community structure. Fingerprints are banding patterns
where each band is translated to an operational taxo-
nomic unit (OTU). Our specific goals were (i) to analyse
to which degree spatial structure within and among
regions influences bacterial community composition
(BCC); and (ii) to identify the environmental factors that
explain variation in BCC.

Results

Geographical and environmental heterogeneity within
and among climatic regions

Overall, the spatial scales covered within each of the
three climatic regions (tropicali, tropical and tundra) were
relatively comparable (Fig. 1A). Tropicali is an isothermal
subzone in the tropics, which has a smaller annual
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Fig. 1. (A) Mean geographical distance, (B) mean environmental heterogeneity based on 22 abiotic and biotic variables, (C) mean
environmental heterogeneity based on 11 abiotic variables, (D) mean environmental heterogeneity based on 11 biotic variables, (E) mean
Bray–Curtis OTU dissimilarity based on PA and (F) mean Bray–Curtis OTU dissimilarity based on RA among lakes within each climatic region
(tropicali, tropical and tundra), among the tropicali and tropical regions (tropicali versus tropical), tropicali and tundra regions (tropicali versus
tundra), tropical and tundra regions (tropical versus tundra), and among the three regions (three regions) using all within-region (tropicali,
tropical and tundra) or among-region (two regions, three regions) pairwise comparisons. Boxes represent ± standard error, whiskers represent
± standard deviation.
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temperature range than the tropical zone. Within each
climatic region, the mean geographical distance among
lakes ranged from 114 km (tropicali region), 164 km (tropi-
cal) to 287 km (tundra) (Fig. 1A). Mean geographical dis-
tance between the tropicali and tropical lakes was
1735 km, between the tropicali and tundra lakes 6026 km,
and between the tropical and tundra lakes 4330 km
(Fig. 1A). Mean geographical distance between the
tropicali, tropical and tundra lakes was 3500 km (Fig. 1A).
Within the three climatic regions (tropicali, tropical and
tundra), mean environmental heterogeneity among lakes
and the variability in this heterogeneity were comparable
(Fig. 1B), also when analysing the abiotic data (Fig. 1C)
and biotic data (Fig. 1D) separately. The level of environ-
mental heterogeneity among lakes did not show a ten-
dency towards an increase with increasing spatial scale,
as mean environmental heterogeneity among lakes of two
regions, and among lakes of the three regions, were
similar to the mean within-region environmental heteroge-
neity (Fig. 1B–D).

Bacterial community similarity among and within
climatic regions

A total of 70 different OTUs were detected from the 48
study lakes. Sixty-four OTUs were recorded in the tropicali
lakes, 59 in the tropical lakes and 61 in the tundra lakes.
The total number of OTUs found in one lake ranged from

8 to 26. Within each of the three climatic regions (tropicali,
tropical and tundra), there was a relatively high mean
Bray–Curtis dissimilarity among lakes, with high variability
in dissimilarity within regions for both presence-absence
(Fig. 1E) and relative abundance data (RA; Fig. 1F).
Mean Bray–Curtis dissimilarities tended to be comparable
for the three climatic regions and over higher spatial
scales (Fig. 1E and F). OTU richness did not differ
significantly among climatic regions [one-way analysis of
variance (ANOVA), P = 0.0792], but there was a main
effect of climatic region on Shannon diversity (one-way
ANOVA: P = 0.0053) and Pielou evenness (one-way
ANOVA: P = 0.0012) (Fig. 2). The tropicali lakes had a
significantly lower Shannon diversity compared with the
tropical [Tukey honestly significant difference (HSD)
test: P = 0.0471] and tundra lakes (Tukey HSD test:
P = 0.00689) (Fig. 2). Similarly, the tropicali lakes had a
significantly lower Pielou evenness compared with the
tropical (Tukey HSD test: P = 0.00204) and tundra lakes
(Tukey HSD test: P = 0.0155) (Fig. 2). Although 76% of
the OTUs were found in all three geographical regions,
there was a significant overall differentiation in BCC
between the regions, as shown by the results of re-
dundancy analysis (RDA) and permutational multivariate
analysis of variance (perMANOVA) (P < 0.05; Table 1),
both based on RA and presence-absence data (PA). RDA
and perMANOVA between individual regions revealed sig-
nificant differences in BCC between tropical and tropicali
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Table 1. P-values (in italic) and adjusted R2-values (between brackets, in %) of the comparisons of similarity in BCC with RDA (Hellinger-
transformed) and perMANOVA (Bray–Curtis distance) between the different climatic regions based on RA and PA.

Compared regions

RA PA

RDA perMANOVA RDA perMANOVA

Three regions 0.001 (6.3%) 0.0002 (8.6%) 0.001 (4.7%) 0.0002 (7.7%)
Tropical-tropicali 0.001 (2.2%) 0.0272 (2.9%) 0.008 (1.8%) 0.0306 (2.9%)
Tropical-tundra 0.001 (4.7%) 0.0003 (8.6%) 0.002 (3.4%) 0.0019 (6.7%)
Tropicali-tundra 0.001 (6.7%) 0.0002 (10.5%) 0.001 (5.4%) 0.00001 (9.9%)
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lakes, between tropical and tundra lakes, and between
tropicali and tundra lakes (P < 0.05; Table 1).

The results of the similarity percentage (SIMPER)
analyses of RA identifying the OTUs that contribute most
strongly to the dissimilarity between the geographical
regions are given in Table S2; parts of these bands were
excised and sequenced. Bacterioplankton communities in
tropicali lakes differed from those of the other lakes
mainly because of higher relative abundance of a
member of Synechococcus (DGGE 51.0), a member of
the Alphaproteobacteria (DGGE 34.8), a member of the
Betaproteobacteria (DGGE 52.2) and a member of the
Actinobacteria (DGGE 53.4). In the lakes situated in
the tropical region, we found a higher average abun-
dance of a member of the Actinobacteria (DGGE 62.4)
and a member of the Betaproteobacteria (DGGE 28.7),
and a lower abundance of members of the genus
Synechococcus (DGGE 41.0, 51.0). The samples taken
in tundra lakes distinguished themselves from the other
samples by a higher average relative abundance of a
member of the genus Flavobacterium (DGGE 70.6) and
of Acinetobacter lwoffii (DGGE 36.3). Some species
exhibited a relative decrease in abundance from north to
south (DGGE 53.4, 77.0, 34.8, 52.2, 78.1, 46.8) or from
south to north (DGGE 70.6, 36.3).

Relative importance of environmental and
spatial variables

When considering the three regions together, variation
partitioning between the selected environmental and
spatial variables on RA revealed that pure spatial vari-
ables (i.e. after the removal of environment-related varia-
tion in space) explained 3% (2% on PA) of the total
variance in BCC, while pure environmental variables
explained 7% (3%), and a common environment-region
effect explained 8% (6%) of the total variance (R2-
adjusted; Fig. 3A; Fig. S3A). A large amount of variation
(82% and 89% respectively) remained unexplained.
Based on RA, the environmental variables that signifi-
cantly contributed to explain the overall BCC patterns
after correction for the spatial effect were total phospho-
rus concentration, pH and abundances of pelagic
cladocerans (Table 2). When based on PA, only the abun-
dances of pelagic cladocerans contributed significantly to
the pure environmental signal (Table 2). Abundances of
pelagic cladocerans were significantly affected by climatic
region (one-way ANOVA: P = 0.032), being significantly
higher in the tundra region than in the tropical region
(Tukey HSD test: P = 0.025) (Fig. S2).

Tropicali and tropical zones. Restricting our analysis to
the tropicali and tropical regions, environmental and
spatial variables together explained over 20% (10% on

PA) of the total variance in BCC (Fig. 3B; Fig. S3B). Pure
spatial variables did not explain a significant part of the
total variance in BCC, while pure environmental variables
explained 11% (6%), and a common environment-region
effect explained 8% (5%) of the total variance. The envi-
ronmental variables that significantly explained the BCC
patterns after correcting for space based on RA were
abundances of pelagic cladocerans, conductivity and
Secchi depth (Table 2). For PA, only abundances of
pelagic cladocerans and conductivity contributed signifi-
cantly to the pure environmental signal (Table 2).

Tropicali zone. Pure spatial variables did not explain a
significant part of the total variation in BCC, while 8% (7%)
of the total variance was explained by pure environmental
variables, and 19% (9%) by a common effect (Fig. 3C;
Fig. S3C). However, 69% (82%) of the variation remained
unexplained. For both relative abundance and PA, none
of the selected environmental variables significantly
explained the BCC pattern when corrected for spatial
structure (Table 2).

Tropical zone. After removal of environment-related vari-
ation, space explained 7% (5% on PA) of the variation in
the data (Fig. 3D; Fig. S3D). Of the total variance, 20%
(10%) was explained by pure environmental variables,
and 0% (3%) was explained by a combined effect
of space and environment. Abundance of pelagic
cladocerans was the only factor that significantly contrib-
uted to the pure environmental signal (Table 2).

Tundra zone. After removal of environment-related vari-
ation, space no longer explained any variation in the data
(Fig. 3E; Fig. S3E). Of the total variance, 23% (11%) was
explained by pure environmental variables, and 5% (4%)
was explained by a combined effect of space and envi-
ronment. The environmental variables that significantly
contributed to the pure environmental signal were chloro-
phyll a concentration (RA and PA) and abundances of
cyclopoid copepods (relative abundance) (Table 2).

Influence of abiotic and biotic variables on the combined
effect of space and environment. Partitioning the varia-
tion in BCC based on three sets of explanatory variables
(abiotic, biotic and spatial variables) showed that the com-
bined effects of space and environment (Fig. 3; Fig. S3)
were predominantly due to spatially related abiotic vari-
ables (Figs S3 and S4). For the three regions together
(Fig. S4A), the tropicali and tropical zone (Fig. S4B) and
the tropical zone (Fig. S4D), and for the RA of the tropicali
zone (Fig. S4C) and the Tundra zone (Fig. S4E), 2.8–
5.8% of the total variation was explained by a combined

Latitudinal trends in bacterioplankton structure 5
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effect of abiotic and spatial variables, against 0–1.9% by
a combined effect of biotic and spatial variables.

Discussion

The present survey of shallow lakes along a latitudinal
gradient in South America shows that the bacterio-
plankton community composition (BCC) differs signifi-
cantly among the tundra, tropical and tropicali climate
zones included in the study, despite that 76% of the
OTUs were found in all three geographical regions. Sig-
nificant latitudinal variation in BCC within similar habitats
has been observed before for soil communities (Fierer
and Jackson, 2006), marine benthic bacteria (Zinger
et al., 2011) and freshwater bacterioplankton (Yannarell
and Triplett, 2005; Van der Gucht et al., 2007; Schiaffino
et al., 2011), but not for marine bacterioplankton

(Pommier et al., 2007; Zinger et al., 2011). Similarly to
our results, Schiaffino and colleagues (2011) and Van
der Gucht and colleagues (2007) observed that a rela-
tively high percentage of the OTUs were present in all
sampled regions (60% and 85%, respectively, against
76% in the present study). In our study, the dominant
discriminating taxa belonged to common phylo-
genetic groups of freshwater bacteria, including the
Betaproteobacteria and Actinobacteria (Allgaier and
Grossart, 2006; Niu et al., 2011). However, because of
the short sequence length, higher-resolution conclusions
cannot be drawn.

In previous studies, the latitudinal variation in BCC has
been mainly linked to variations in local environmental
factors (Yannarell and Triplett, 2005; Fierer and Jackson,
2006; Van der Gucht et al., 2007; Schiaffino et al., 2011)
and landscape characteristics (Yannarell and Triplett,
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2005), but also to geographical distance (Schiaffino et al.,
2011; Zinger et al., 2011). In the present study, variation
partitioning indicates that the variation in BCC over the
whole latitudinal gradient is due to local environmental
factors (3–7%), spatially related environmental factors
(6–8%) and to a lesser extent space (2–3%). A large part
of the variation (82–89%) could not be explained by the
variables measured, suggesting that other factors such as
unmeasured environmental variables and landscape
characteristics could impact the variation in BCC. It is
important to keep in mind that the BCC was characterized
by DGGE, a fingerprint technique that has limitations in
describing compositional patterns. DGGE is known to
detect the most abundant taxa while ignoring the less
abundant and rare taxa (Muyzer and Smalla, 1998;
Duarte et al., 2012). This technique gives therefore
incomplete information on bacterial biogeography. The
patterns observed in this study should thus be interpreted
to indicate that, even at the large spatial scales consid-
ered, the relative importance of the dominant species of
the bacterioplankton communities are influenced by envi-
ronmental conditions rather than space. However, our
study does not allow to make strong inferences on rare
species.

Not only at the largest spatial scale (from the tropicali to
tundra region), but also on smaller spatial scales (tropicali
and tropical region) and within the three climatic zones,
the bacterioplankton community composition was to a
larger extent determined by local environmental condi-
tions than by spatial factors. The observed importance of
local factors is in accordance with previous studies

on freshwater bacterioplankton (Beisner et al., 2006;
Langenheder and Ragnarsson, 2007; Van der Gucht
et al., 2007; Wu et al., 2007; Logue and Lindström, 2010;
De Bie et al., 2012; Langenheder et al., 2012) and indi-
cates that the freshwater bacterioplankton community
structure is thus mainly the result of selection by local
environmental conditions (species sorting; Chase and
Leibold, 2003, Leibold et al., 2004), while regional pro-
cesses such as dispersal limitation or mass effects are of
less importance. In metacommunity datasets, such an
environmental signal may be the result of a direct effect of
the measured environmental variables or affected by
environmental variables that are strongly correlated with
the measured variables.

In the present dataset, both biotic and abiotic environ-
mental variables were important in explaining variation in
BCC, but it is remarkable that when correcting for spatial
effects, mainly biotic variables (abundances of pelagic
cladocerans, abundances of cyclopoid copepods, chloro-
phyll a concentrations) remained significant. The impor-
tance of biotic variables in structuring freshwater
bacterioplankton communities has been shown before
(e.g. Langenheder and Jurgens, 2001; Jardillier et al.,
2004; Van der Gucht et al., 2007; Verreydt et al., 2012),
with significant associations of bacterioplankton abun-
dance and community composition with phytoplankton
community composition (e.g. Allgaier and Grossart, 2006;
Niu et al., 2011), macrophyte abundance (e.g. Wu et al.,
2007; Ng et al., 2010) and densities of antagonists includ-
ing lytic bacterial viruses, bacterivorous protists and zoo-
plankton (e.g. Sanders et al., 1989; Jurgens et al., 1994;

Table 2. Overview of the environmental variables significant in explaining the variation in BCC without (marginal effect) and with (conditional
effect) correction for spatial effects, for the different regions and BCC data types (relative abundance and PA).

Region

BCC
data
type

Significant environmental variables

E (marginal effect) E/S (conditional effect)

Three regions RA Temperature, conductivity, abundances of pelagic
cladocerans, pH, total phosphorus and NO3 + NO2

concentrations

Total phosphorus concentration, pH, abundances of
pelagic cladocerans

PA Temperature, abundances of pelagic cladocerans,
conductivity, NO3 + NO2 and total phosphorus
concentrations

Abundances of pelagic cladocerans

Tropicali +
tropical

RA Conductivity, abundances of pelagic cladocerans, Secchi
depth, temperature

Abundances of pelagic cladocerans, Secchi depth,
conductivity

PA DOC, temperature, abundances of pelagic cladocerans,
conductivity

Abundances of pelagic cladocerans, conductivity

Tropicali RA DOC, depth, pH /
PA DOC, pH /

Tropical RA Abundances of pelagic cladocerans, Secchi depth,
conductivity

Abundances of pelagic cladocerans

PA Abundances of pelagic cladocerans, Secchi depth, total
phosphorus concentration

Abundances of pelagic cladocerans

Tundra RA Chlorophyll a concentration, abundances of cyclopoid
copepods, conductivity

Chlorophyll a concentration, abundances of cyclopoid
copepods

PA Chlorophyll a concentration, pH Chlorophyll a concentration

E, uncorrected environmental effect; E/S, environmental effect corrected for spatial signal; PA, presence-absence data.
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Yoshida et al., 2001; Weinbauer et al., 2007; Lymer et al.,
2008; Pradeep Ram et al., 2014). Additionally, it has been
shown that processes affecting biotic variables can indi-
rectly affect BCC through trophic cascades (Verreydt
et al., 2012). Such indirect effects may either reflect direct
interactions (e.g. competition and predation) or a strong
impact of the biota on abiotic environmental conditions
(Verreydt et al., 2012). In the present study, abundances
of pelagic cladocerans significantly explained variation in
BCC both in the combined dataset and within the tropical
region, while abundances of cyclopoid copepods signifi-
cantly explained variation in BCC within the tundra
region. It is well established that predators of bacteria,
such as many cladocerans, ciliates and heterotrophic
nanoflagellates, or predators on bacterivores, such as
cyclopoid copepods, may directly or indirectly have
strong effects on bacterial production, abundance and
community composition (Jurgens and Jeppesen, 2000;
Pernthaler, 2005). In the present study, the impact of the
higher trophic level is a key environmental driver that
remains significant in explaining variation in BCC when
exploring pure environmental effects. This is an important
observation, given that many studies on BCC in natural
freshwater systems do not quantify biomass or other
characteristics of zooplankton and other antagonists.
Most studies that do show an effect of antagonists either
involved surveys that explicitly monitored these (e.g. Van
der Gucht et al., 2007; De Bie et al., 2012) or involved
experiments that specifically tested for such effects under
standardized conditions (reviewed in Pernthaler, 2005).
Based on our data, we cannot determine whether pelagic
cladocerans and cyclopoid copepods influenced BCC
directly through predation or indirectly through nutrient
regeneration or predation on bacterivores. Because the
abundances of ciliates or flagellates – important
bacterivores – was not related to BCC, we speculate that
the relation of cladocerans and copepods with BCC was
caused either by direct predation or through nutrient
regeneration rather than through their effect on
bacterivores. Additionally, it is notable that the abundance
of cladocerans is strongly influenced by the fish commu-
nity in the present dataset (Kosten et al., 2009b). Warmer
lakes (tropicali and tropical region) contain higher densi-
ties of omnivorous fish, diminishing the abundances of
cladocerans in these lakes, compared with the tundra
lakes (See Fig. 7 in Kosten et al., 2009b). The influence
of cladocerans on the bacterioplankton could thus be part
of a trophic cascade.

Despite the importance of environmental variables in
our analysis, spatial variables still explained a significant
part of the variation in BCC in the combined dataset and
within the tropical region. Spatial signals may reflect five
different, non-exclusive processes: (i) dispersal limitation
of the bacterial species themselves (Whitaker et al.,

2003), (ii) dispersal limitation of other organisms influenc-
ing BCC, for instance, through trophic cascades (e.g.
dispersal limitation of zooplankton; Verreydt et al., 2012),
(iii) mass effects (source-sink dynamics, with a continu-
ous or substantial influx of organisms that are not self-
maintaining in the target environment; Leibold et al.,
2004), (iv) an influence of unmeasured, spatially struc-
tured environmental variables, or (v) an influence of his-
torical contingency related to the geographic position of
the habitat (cf. priority effects; Fukami et al., 2007; 2010).
Mass effects are unlikely to be of importance in our study
lakes as they would have resulted in a gradually stronger
spatial signal with decreasing spatial scales. Moreover,
no water exchange occurred among the studied lakes,
nor were they connected to a common river. However,
our dataset does not allow us to determine whether the
spatial signal observed is due to dispersal limitation of
the bacteria themselves or whether it reflects the impact
of an unmeasured spatially structured environmental
variable (including dispersal limitation of an antagonist).
Within the tropicali and tundra regions, there was no sig-
nificant spatial signal, suggesting that the distances
covered in these regions (average distance among lakes
is 114 km in the tropicali and 287 km in the tundra
region) do not intrinsically result in dispersal limitation in
bacterioplankton, at least at the taxon resolution used in
this study. However, within the tropical region (average
distance among lakes is 164 km), 5–7% of the variation
in BCC was significantly explained by space, but the
underlying processes are unclear.

In most of our data subsets, there was also a relatively
high combined effect of space and environment in
explaining the variation in BCC, especially within the
tropicali region (9.4–18.5%), indicating the importance of
spatially structured environmental variables in bacterio-
plankton community datasets. Of the environmental vari-
ables that significantly explained the variation in BCC
based on forward selection, several abiotic variables
(temperature, nutrient concentrations, pH and conductiv-
ity) were spatially structured and not significant any more
after correcting for space, whereas the biotic variables
(abundances of pelagic cladocerans and cyclopoid
copepods, chlorophyll a concentrations) remained signifi-
cant in explaining the variation in BCC after correcting for
space. The combined effect of space and environment in
our dataset was thus mainly the result of abiotic variables.
This was confirmed by a variation partitioning using three
sets of explanatory variables (abiotic, biotic and spatial
variables), showing that 2.8–5.8% of the total variation
was explained by a combined effect of abiotic and spatial
variables, against 0–1.9% by a combined effect of biotic
and spatial variables.

Even though a significant part of the variation in BCC in
our datasets could be explained by environmental and/or
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spatial variables included in our analyses, the largest
proportion of the variation in BCC (69–89%) remained
unexplained. This large fraction of unexplained variance
is a recurrent pattern in studies of bacterial meta-
communities and of metacommunities in general. This
may be due, among others, to unmeasured environmental
variables, random and temporal variability, chaotic
dynamics (Beninca et al., 2008), priority effects (e.g.
Fukami et al., 2007; Fukami et al., 2010) and evolutionary
dynamics (Loeuille and Leibold, 2008; Urban et al., 2008;
Turcotte et al., 2012).

There was, moreover, a large variation in the fraction of
unexplained variance among our data subsets. The unex-
plained variation was highest at the larger spatial scales
(three or two regions combined) and when using PA, and
lowest when looking at RA within individual climatic
regions. A higher fraction of explained variation over
smaller spatial scales was also observed by Van der
Gucht and colleagues (2007), although the environmental
variables determined in their study at a small spatial scale
differed from those measured at the larger spatial scale.
In the present study, the same environmental factors were
subjected to forward selection for our different data
subsets, and while less (and different) variables were
significant within individual regions compared with the
larger scale datasets, these variables could explain a
larger fraction of the variation in BCC. This might reflect
that the environmental and community variation is less
complex over smaller than larger spatial scales and can
be more accurately caught in a subset of measured envi-
ronmental variables. Additionally, the pattern of a
decrease in the amount of explained variation in BCC may
reflect geographic differences in the way environmental
drivers impact species occurrences. If environmental
drivers structure species occurrence in different ways in
different regions, for instance through complex interac-
tions with other environmental drivers, this adds to the
noise in the aggregated dataset.

We performed our statistical analyses both on
presence-absence and RA. PA give more weight to rare
species, whereas RA represent community structure and
give more weight to the dominant species. In this study,
communities tended to be more similar based on PA com-
pared with RA (Fig. 1E and F), indicating that the variation
in community structure among lakes was not only due to
changes in species composition, but also to changes in
the relative abundance of species. Partitioning of the vari-
ation in community structure explained by environmental
and spatial variables showed that within each dataset, the
relative importance of environmental, spatial and spatially
related environmental variables for the explained variation
was similar when based on relative abundance and PA,
although the total variation explained was always lower
when based on PA. A larger proportion of the total varia-

tion in community structure could be explained by envi-
ronment and space when based on RA (17.5–30.8% of
the total variation explained) than when based on PA
(10.9–18.5% of the total variation explained). This sug-
gests strong effects of environment and space on the
abundances of dominant species, e.g. through strong
preferences for specific habitats. The possible explana-
tion for the lower amount of explained variation in the PA
is that there are more chance effects involved in the
detection of relatively rare species, which adds to the
unexplained variation component.

Among the three climatic regions studied (tropicali,
tropical and tundra), there was a difference in the relative
contribution of space and environment to the variation in
BCC and in the environmental variables significantly
explaining this variation. However, one should be cautious
in comparing these results as such, as the samples were
snapshots in time and the identity and importance of the
environmental drivers can fluctuate over time. To assess
whether the observed patterns along the latitude gradient
are general, there is a need for replicated studies on
freshwater bacterioplankton community structure over
latitudinal gradients. The same holds for the patterns in
diversity observed along the studied latitudinal gradient.
The presence of a latitudinal diversity gradient in bacteria
is still an open question (Soininen, 2012), and while three
studies on marine bacterioplankton reported gradients in
diversity over latitude (Pommier et al., 2007; Fuhrman
et al., 2008; Schattenhofer et al., 2009), studies on soil
bacteria (Fierer and Jackson, 2006) and freshwater
bacterioplankton (Humbert et al., 2009) failed to find such
a gradient. In our study, there was no significant difference
in bacterioplankton OTU richness over latitude, but both
Shannon diversity and Pielou evenness were significantly
lower in the tropicali lakes (5.37°S to 6.39°S) compared
with the tropical lakes (19.48°S to 22.50°S) and tundra
lakes (49.41°S to 54.63°S). Tropical and tundra lakes had
thus a more even bacterioplankton community compared
with the tropicali lakes. Latitudinal gradients in evenness
have been studied for several organisms, resulting in
positive, negative and non-significant relationships
depending on the organism group and the evenness
index, with different potential explanations of the
observed patterns including the impact of disturbance,
productivity and biotic interactions (reviewed in Willig
et al., 2003). Based on our results, we cannot determine
why tropicali lakes have relatively more dominating
species. The tropicali climate zone is characterized by a
smaller annual temperature range than the tropical zone,
and is likely more stable in terms of environmental condi-
tions, with a higher productivity.

In conclusion, our results confirm the importance of
species sorting by local environmental conditions in
shaping bacterioplankton communities of shallow lakes.
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Even over the large-scale latitudinal gradient studied,
which covered 6026 km, the impact of spatial drivers was
limited. Moreover, our results emphasize the importance
of biotic variables in structuring bacterioplankton
metacommunities. Non-inclusion of biotic variables may
result in an artificially low environmental signal and a
potentially inflated signal of space. The recurrent large
proportion of unexplained variation in bacterioplankton
community structure indicates that further attention is
needed on alternative potential metacommunity-shaping
processes, which may include eco-evolutionary dynamics
and priority effects, and on alternative approaches to
address these processes.

Experimental procedures

Selection and sampling of lakes

The lakes sampled are a subset of the South American Lake
Gradient Analysis lakes (Kosten et al., 2009a). Forty-eight
shallow lakes, located in South America, were sampled and
grouped in three categories based on the prevailing climate
characteristics (monthly precipitation and temperature) fol-
lowing the Köppen climate classification system (Köppen,
1936), digitized by Leemans and Cramer (1991): the tropicali
(19 lakes), tropical (19 lakes) and tundra (10 lakes) zone (see
Fig. S1 and Table S1 for the geographical location). Tropicali
is an isothermal subzone in the tropics, which has a smaller
annual temperature range than the tropical zone. The lakes
were selected to resemble one another as closely as possible
in morphology and altitude and to vary as much as possible
in trophic state within each climate zone. None of the studied
lakes were connected to each other. For a detailed descrip-
tion of the sampled lakes, we refer to Kosten and colleagues
(2009a).

Each lake was sampled once during the dry season
(tropicali and tropical lakes) or in summer (tundra lakes)
between August 2005 and February 2006 by the same team.
To integrate spatial variability within each lake, water was
collected at 20 randomly selected locations per lake and
pooled into one sample. To obtain DNA samples of bacteria,
5 l of the pooled sample were fractionated using a mesh of
20 μm, separating bacteria that were free living or attached to
small seston particles from organisms attached to large
seston particles. The small fraction was then filtered on a
0.2 μm MF-Millipore MCE filter and the filters then stored at
–80°C until further analysis. Abiotic local environmental vari-
ables measured were transparency (Secchi disc and Sneller
depth), pH, temperature, conductivity, concentrations of
DOC, nitrate and nitrite, ammonium, soluble reactive phos-
phorus, total phosphorus, suspended solids and mean lake
depth. Sneller depth is the deepest point under water (in
centimetres) at which a Secchi disc, lowered in a gray poly-
vinyl chloride (PVC) tube (8 cm diameter) filled with lake
water, can be seen (van de Meutter et al., 2005) and has
been devised for shallow ponds. Biotic variables determined
were chlorophyll a concentration, the biomass and abun-
dance of phytoplankton, pelagic cladocerans, rotifers,
calanoids and cyclopoid copepods, the abundances of flag-
ellates and ciliates, and the percentage of lake surface

covered by floating plants, emergent vegetation and sub-
merged vegetation. Details on the sampling design and
methods are given in Kosten and colleagues (2009a). Abun-
dances of flagellates and ciliates were estimated by direct
counts at 1000× magnification with an epifluorescence micro-
scope (Olympus BX60). Water samples were filtered over a
black polycarbonate membrane (pore size 0.8 μm, Millipore)
and stained with 4′,6-diamidino-2-phenylindole (5 μg ml−1

final concentration, 5 min incubation) following Porter and
Feig (1980). At least 50 random fields per slide were counted.
Heterotrophic nanoflagellate and ciliate biomasses were esti-
mated based on measurements of cell dimension, geometric
formulae to determine volume (Massana et al., 1997)
and published conversion factors. For heterotrophic
nanoflagellate, we used a conversion factor of 220 fg C μm−3

(Borsheim and Bratbak, 1987); for ciliates, a conversion
factor of 0.19 pg C μm−3 (Putt and Stoecker, 1989) was used.

DNA extraction and polymerase chain reaction

DNA was extracted directly using the bead-beating method
concomitantly with phenol extraction and ethanol precipita-
tion (Zwart et al., 1998). Following extraction, the DNA was
purified on a Wizard column (Promega, Madison, WI, USA)
according to the manufacturer’s instructions. For DGGE
analysis, a short 16S rDNA fragment was amplified with
eubacterial primers 357F-GC-clamp (5′-CGCCCGCCGCG
CCCCGCGCCCGGCCCGCCGCCCCCGCCCCCCTACGGG
AGGCAGCAG-3′) and 518R (5′-ATTACCGCGGCTGCTGG-
3′). The polymerase chain reaction (PCR) was carried out in
a T1-thermocycler (Biometra). Each mixture (50 μl) contained
5 μl of template DNA, each primer at a final concentration of
0.5 μM, each deoxynucleosidetriphosphate at a concentra-
tion of 200 μM, 1.5 mM MgCl2, 20 ng of bovine serum
albumin, 5 μl of 10× PCR buffer [100 mM Tris-HCl (pH 9),
500 mM KCl], 2.5 U of Taq DNA polymerase (Ampli-Taq,
Perkin Elmer) and sterile water (Sigma). After incubation for
5 min at 94°C, a touchdown PCR was performed using 20
cycles consisting of denaturation at 94°C for 1 min, annealing
starting at 65°C (the temperature was reduced by 0.5°C for
every cycle until the touchdown temperature of 56°C was
reached) for 1 min and primer extension at 72°C for 1 min.
Five additional cycles were carried out at an annealing tem-
perature of 55°C, followed by a final elongation step for
10 min at 72°C. The presence of PCR products and their
concentration were determined by analysing 5 μl of product
on 1% (w/v) agarose gels, stained with ethidium bromide and
compared with a molecular weight marker (Smartladder;
Eurogentec).

DGGE analysis

PCR products obtained with primers 357FGC and 518R were
analysed on a 35–70% denaturant DGGE gel as described
earlier (Van der Gucht et al., 2001). DGGE gels were stained
with ethidium bromide and photographed on a UV transillu-
mination table (302 nm) with a CCD camera. The 98 samples
were analysed on nine parallel DGGE gels. As standards, we
used a mixture of DNA from nine clones, obtained from a
clone library of the 16S rRNA genes from Lake Visvijver
(Belgium). On every gel, three standard lanes were analysed
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in parallel to the samples. Because these bands are expected
to be formed at the same denaturant concentration in the gel,
their position was used to compare the patterns formed in
different gels. Digitized DGGE images were analysed using
the software package BIONUMERICS 1.5 (Applied Maths
BVBA, Kortrijk, Belgium). The software performs a density
profile through each lane, detects the bands and calculates
the relative contribution of each band to the total band signal
in the lane after applying a rolling disk as background sub-
traction. Bands occupying the same position in the different
lanes of the gel were first identified by the program and then
visually checked. A matrix was compiled based upon the
relative contribution of individual bands to the total band
signal in each lane.

Sequencing and identification of excised DGGE bands

To retrieve phylogenetic information on the DGGE bands,
bands of interest were excised and sequenced. Selection of
these bands of interest was based on two criteria: (i) within
samples, bands with relatively high fluorescence levels (and
thus high DNA concentrations) were selected, and (ii) across
all samples, it was taken care that the OTU-diversity within
the total dataset was covered, so that for each OTU present
in the dataset multiple bands were selected if possible.
Nucleotide sequences of these DGGE bands were obtained
by direct sequencing of DNA from excised DGGE bands as
described in Van der Gucht and colleagues (2001). Sequenc-
ing was performed with the ABI-Prism sequencing kit
(PE-Biosystems) using the primer R519 (5′-GTATTACCG
CGGCTGCTG-3′) and an automated sequencer (ABI-Prism
377). Sequences were identified using BLAST (Basic Local
Alignment Search Tool) (Altschul et al., 1990) against
GenBank and EMBL sequences.

Data analysis

Dataset compilation. Bacterial community structure was
based on DGGE. DGGE bands with different positions along
the sample lanes in the gel are considered different OTUs.
The relative contribution of the band to the total band signal
in a sample lane is used as an approximation of the relative
abundance of the OTU in that sample. A dataset of 22 envi-
ronmental variables was compiled from the original 42 envi-
ronmental parameters based on three selection criteria: (i)
strength of correlation among variables based on Spearman
rank correlation coefficients and principal component analy-
sis (PCA), (ii) known or presumed importance of variables for
bacterioplankton in shallow lake systems based on previous
knowledge (e.g. pH, DOC, densities of heterotrophic
nanoflagellates) and (iii) the fact that we wanted to retain the
diversity in abiotic as well as biotic variable types within our
selection (different organism groups for biotic variables, dif-
ferent nutrient types and physical parameters for abiotic vari-
ables). Spearman rank correlations coefficients were used
to detect the most highly correlated variables (correlation
coefficient > 0.75) and were calculated between the
untransformed environmental variables using STATISTICA,
version 12 (StatSoft). PCA was performed on standardized
environmental variables using the function rda from the
R-package vegan in R 3.0.1 (R Core Team, 2013). The 22

selected variables were depth, temperature, in vivo chloro-
phyll a concentration, Secchi depth, pH, conductivity, concen-
trations of DOC, nitrate and nitrite, ammonium, soluble
reactive phosphorus and total phosphorus, suspended
solids, percentage of lake surface covered by floating plants,
emergent vegetation and submerged vegetation, absolute
abundances of calanoid copepods, cyclopoid copepods,
rotifers, pelagic cladocerans, flagellates and ciliates.

The datasets containing the 22 environmental variables,
geographical coordinates and bacterial taxon data (relative
abundances) of the 48 lakes were reorganized into five
subsets based on climatic regions: three separate datasets
were made for the tropicali, tropical and tundra region, one
dataset contained the data from the tropicali + tropical
regions and one dataset contained all data from the three
climatic regions (three regions).

Geographical distance and environmental heterogene-
ity. Within each individual climatic region, for each pairwise
combination of climatic regions and for the three climatic
regions combined, pairwise geographical distances between
lakes were calculated using the function rdist.earth from the
R-package fields in R 3.0.1. Within the three individual cli-
matic regions (tropicali, tropical and tundra), all pairwise cal-
culations among lakes of the region were taken into account.
For the pairwise comparisons of climatic regions (tropicali
versus tropical, tropicali versus tundra, tropical versus
tundra) and for the dataset containing the three climatic
regions, only the distances between lakes of different climatic
regions were taken into account.

Within each individual climatic region, for each pairwise
combination of climatic regions and for the three climatic
regions combined, pairwise environmental distances
between lakes were calculated using the Euclidean distances
of the standardized environmental data. Distances were
based on the selected 22 environmental variables (see
above), and separately on the 11 selected abiotic variables
and the 11 selected biotic variables. Variables were stand-
ardized using the z-score (mean of 0 and standard deviation
of 1) for each dataset and subset separately, and Euclidean
distances were calculated using the function dist from the
R-package stats. Within the three climatic regions tropicali,
tropical and tundra, all pairwise calculations among lakes
were taken into account. For the pairwise comparisons of
climatic regions (tropicali versus tropical, tropicali versus
tundra, tropical versus tundra) and for the dataset containing
the three climatic regions, only the Euclidean distances
between lakes of different climatic regions were taken into
account.

Bacterial community structure within and among climatic
region. To test whether BCC was significantly affected by
climatic region (tropicali, tropical and tundra), RDA and
perMANOVA were performed on relative abundance and PA.
RDA was performed on Hellinger-transformed species data,
followed by a permutation test (10 000 permutations), using
the functions rda and anova.cca of the R-package vegan
(Oksanen et al., 2013). PerMANOVA was performed on
Bray–Curtis community similarity data using the function
adonis (10 000 permutations) of the same R-package.
Analyses were performed on the total dataset (three regions
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combined) and on the three pairwise combinations of cli-
matic regions. To identify which OTUs were significantly dis-
criminating among the climate zones, SIMPER analysis
(Clarke, 1993) was used on the arcsine-transformed relative
abundance values using PRIMER. Within-region dissimilar-
ity in BCC among lakes was assessed by calculating all
pairwise Bray–Curtis dissimilarities among lakes within each
of the three climatic regions (tropicali, tropical and tundra)
using the function bcdist of the R-package ecodist. Among-
region Bray–Curtis dissimilarities were calculated between
tropicali and tropical lakes, tropicali and tundra lakes, tropi-
cal and tundra lakes, and between lakes of the three differ-
ent climatic regions in the same way, and again only
comparisons between lakes of different regions were taken
into account. Species richness (number of OTUs), Shannon
diversity [exp(–Σ pi ln pi), with pi the relative abundance of
species i] and Pielou evenness (Shannon diversity divided
by species richness) were calculated for each of the three
climatic regions based on the RA. The Pielou evenness is a
relative measure of community evenness, independent of
diversity (Jost, 2010). Effects of climatic region on the three
diversity indices were analysed by one-way ANOVA followed
by a Tukey HSD post-hoc test in STATISTICA version 12
(StatSoft) after testing for normality and homogeneity of
variances using the Shapiro–Wilk test and Levene’s test
respectively.

Variation partitioning. To get insight into the relative impor-
tance of environmental and spatial variables in explaining the
variation in BCC, we assessed the relative contribution of
environment (E), space (S), their combined effect (E∩S) and
their conditional effects (E/S and S/E) on community variation
through variation partitioning (Borcard et al., 1992). For each
dataset (tropicali, tropical, tundra, tropicali + tropical and the
three regions together), variation partitioning was performed
on Hellinger-transformed relative abundance and presence-
absence BCC data. For each of the four datasets, unique
environmental and spatial models were constructed a priori
following the procedure described below, and this separately
for the relative abundance and PA. Environmental and spatial
models are sets of environmental and spatial variables,
respectively, that significantly explain (part of the) variation in
the BCC.

To construct the environmental models (E), forward selec-
tion (Blanchet et al., 2008) was applied to the z-score-
transformed 22 environmental variables using the function
forward.sel from the R-package packfor with a threshold
P-value of 0.05. Variables significantly contributing to the
model were retained for variation partitioning. Before forward
selection, we explored the presence of collinearities among
the non-transformed 22 variables by computing variance
inflation factors (VIFs) using the function vif.cca from the
R-package vegan. VIFs were in almost all cases < 10. The
spatial models (S) were constructed based on the original
latitude and longitude data and Moran’s eigenvector maps
(MEM) eigenvectors. MEM eigenvectors were constructed
based on the latitude and longitude of the lakes (Borcard and
Legendre, 2002; Borcard et al., 2004; Peres-Neto et al.,
2006) by the following procedure: a Euclidean distance
matrix was constructed from the latitudes and longitudes, and
the matrix was truncated using a truncation distance of four

times the maximum value of the minimum spanning tree of
the Euclidean distance matrix. Based on this truncated dis-
tance matrix, principal coordinates were calculated using the
function cmdscale of the R-package stats. Only principal
coordinate eigenvectors with positive eigenvalues were
retained. A forward selection procedure (Blanchet et al.,
2008) was applied to the spatial dataset containing the prin-
cipal coordinate eigenvectors with positive eigenvalues (i.e.
MEM eigenvectors), and the original latitude and longitude
data using the function forward.sel from the R-package
packfor. The threshold to stop forward selection was the
adjusted R2-value of the spatial RDA model. The spatial vari-
ables retained by this forward selection were used as spatial
model during variation partitioning.

Variation partitioning of the BCC was performed using the
function varpart from the R-package vegan, the Hellinger-
transformed species data, the forward-selected environmen-
tal variables and the forward-selected spatial variables. To
assess whether the conditional environmental component
(E/S, the pure environmental component without spatial
effects) and conditional spatial component (S/E, the pure
spatial component without environmental effects) contributed
significantly to the model, the significant contribution of each
conditional fraction in explaining the variation in community
composition was tested with a permutation test (9999 permu-
tations) using the functions rda and anova.cca of the
R-package vegan. To assess which of the selected environ-
mental variables contributed significantly to the conditional
environmental model (E/S), a permutation test (9999 permu-
tations) was performed using the function anova.cca by terms
of the R-package vegan.

To get insight into the contribution of abiotic and biotic
variables on the spatially related environmental signal (E∩S),
we performed variation partitioning on the relative abundance
and PA of the BCC using three sets of explanatory variables:
abiotic, biotic and spatial variables. The abiotic and biotic sets
contained each 11 of the 22 selected environmental variables
(see above). The construction of the abiotic (A), biotic (B) and
spatial (S) model was performed using forward selection
as described above. Variation partitioning using the three
explanatory models, assessment of the significance level of
the conditional components [A/(BuS); B/(AuS), S/(AuB)] by
RDA and assessment of the variables significantly contribut-
ing to the conditional models was performed as described
above.
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Fig. S1. Geographical location of the lakes sampled in South
America for which bacterioplankton community composition
has been characterized, with indication of the prevailing
climate following the Köppen (1936) classification. Tropicali is
an isothermal subzone in the tropics, which has a smaller
annual temperature range than the tropical zone. See
Table S1 for the geographical coordinates.
Fig. S2. Mean abundance of pelagic cladocerans within
each of the climatic regions: tropicali (n = 19), tropical
(n = 19) and tundra (n = 10). Boxes represent ± standard
error, whiskers represent ± standard deviation. Different
letter codes represent significantly different groups at
P < 0.05.
Fig. S3. Variation partitioning of the bacterial community
composition based on two sets of explanatory variables
(environment and space). R2-adjusted values are given for
(A) the three regions analysed together, (B) the regions
tropicali and tropical together, (C) tropicali (n = 19), (D) tropi-
cal (n = 19), (E) tundra (n = 10). Asterisks indicate percent-
ages explaining a statistically significant part of the variation
(*P < 0.05; **P < 0.01). Environmental variables selected by
forward selection in the environmental model are given below
the Venn diagram. Variables that remained significant after
correcting for space are given in bold and the significance
level is indicated by asterisks (*P < 0.05; **P < 0.01).
Cond = conductivity; DOC = concentration of dissolved
organic carbon; Secc = Secchi depth; T° = temperature; Tot
P = total phosphorus concentration; NO3 + NO2 = concen-
tration of nitrates and nitrites; Chl a = concentration of chlo-
rophyll a; Clad = abundances of pelagic cladocerans;
Cop = abundances of cyclopoid copepods.
Fig. S4. Variation partitioning of the bacterial community
composition based on three sets of explanatory variables
(abiotic, biotic and spatial variabels). R2-adjusted values are
given for (A) the three regions analysed together, (B) the
regions tropicali and tropical together, (C) tropicali (n = 19),
(D) tropical (n = 19), (E) tundra (n = 10). Asterisks indicate
percentages explaining a statistically significant part of the
variation (.P < 0.07, *P < 0.05; **P < 0.01). Environmental
variables selected by forward selection in the abiotic and
biotic models are given below the Venn diagram. Variables
that remained significant after correcting for space and the
other environmental set of variables (biotic or abiotic respec-
tively) are given in bold and the significance level is indicated
by asterisks (*P < 0.05; **P < 0.01). Cond = conductivity;
DOC = concentration of dissolved organic carbon;
Secc = Secchi depth; T° = temperature; Tot P = total phos-
phorus concentration; NO3 + NO2 = concentration of nitrates
and nitrites; Chl a = concentration of chlorophyll a;
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Clad = abundances of pelagic cladocerans; Cop = abun-
dances of cyclopoid copepods.
Table S1. Geographical coordinates of the 48 lakes for
which the bacterioplankton community composition was
characterized in this study.
Table S2. Discriminating taxa determined using SIMPER
analysis. Differences (< and >) in average abundances of

taxa contributing to dissimilarities between geographical
regions. A cut-off of a cumulative percentage dissimilarity of
90% was applied. ‘Unidentified’ designates sequences with
no matching record, a low percentage identity or a match with
a sequence of an unidentified organism based on the BLAST
search algorithm.
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